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Abstract

This thesis consists of three essays on household finance and banking.

The first chapter, co-authored with Alberto Polo and Quynh-Anh Vo from the
bank of England, examines the role of menus of contracts in the UK mortgage mar-
ket. Using data from the UK mortgage market and a structural model of screening
with endogenous menus, I quantify the impact of asymmetric information on equilib-
rium contracts and welfare. I show that when lenders screen borrowers using a menu,
they generate a contractual externality by making the composition of their competi-
tors’ borrowers worse. Counterfactual simulations of a social planner problem show
that, because of the externality, there is too much screening along the loan-to-value
dimension. The deadweight loss, expressed in borrower utility, is equivalent to an
interest rate increase of 30-60 basis points (a 15-30 percent increase) on all loans.

The second chapter theoretically analyses the interaction between competition and
adverse selection in markets where menus are used. Using a discrete choice approach
to model competition, I characterise the unique pure strategy Nash equilibrium in a
contract theory model with adverse selection and imperfect competition. I highlight
a novel contractual externality leading to a welfare trade-off between competition
and adverse selection. Lowering competition lowers concerns of losing market shares;
this can improve welfare by giving lenders more flexibility on how to use contract
terms and prices to sort borrowers efficiently. It also lowers lenders’ incentives to
implement socially inefficient strategies that rely on taking advantage of their com-
petitors’ menus to attract only low-cost borrowers (cream-skimming). However, low
competition also allows lenders to apply high mark-ups, reducing borrowers’ utility.
When the externality is high, lowering competition leads to a Pareto improvement.

The third chapter theoretically studies the impact of designing lender-specific cap-
ital regulation regimes. To that end, I build a novel model of banking in which setting
individualized capital requirements allows to better deal with each lender’s excessive
lending behaviour. However, creating different capital requirements also increases
lenders’ fixed cost of understanding and interpreting the regulation. Changes in the
fixed cost endogenously affect the market structure and bank interest rate markups.
Those changes feed back into lenders’ incentives to over-lend. Due to this general
equilibrium effect, I show that increasing capital requirement heterogeneity can in-
crease the friction it was designed to reduce. Motivated by this theoretical result,
I develop a sufficient statistic approach to empirically assess the impact of capital

requirement complexity on welfare.



Contents

1 Screening using a menu of contracts: a structural model for lending
markets
1.1 Introduction. . . . . . . . . . .. L
1.2 Literature Review . . . .. . . .. . o
1.3 Institutional Setting, Data, and Motivating Evidence . . . . . . . . ..
1.3.1 Imstitutional setting . . . . .. .. ... ... ... ... ..
1.32 Data . .. ...
1.3.3 Motivating evidence . . . . .. .. ... ... ...
1.4 Model Setup . . . . . . .. e
1.4.1  General Considerations . . . . ... ... ... .. .......
1.4.2 Overview of the Model . . . . . . . ... .. ... ... .....
1.4.3 Discussion about the model’s assumptions . . . . . .. .. ...
Demand . . . .. ...
Supply . .. e e
1.4.4 Overview of the methodology . . . . . ... ... ... .. ...
1.5 Identification and Estimation . . . . . .. ... ... ... ... ...,
1.5.1 Econometrician information set and parametric assumptions
1.5.2 Step 1: Demand . . .. ... ... ... L.
Identification of the product choice parameters . . . . .. . ..
Identification of loan amount choice parameters . . ... ...
1.5.3 Step 2: Default probabilities . . . .. ... ... ... .....
1.5.4 Step 3: Supply . . . . . . ..
1.6 Estimation Results . . . . ... ... .. . L.
1.6.1 Demandresults . . . .. .. .. ... oL
1.6.2 Default results . . . .. .. ... o L
1.6.3 Marginal costs and fixed cost results . . . . . .. ... ... ..
1.7 Counterfactual Analysis . . . . . .. .. ... ... ... ...
1.7.1  Product and interest rate distortions . . .. ... .. ... ..
Graphical intuition from Rothschild and Stiglitz (1976)
Product distortions: conceptual framework . . ... ... ...
Product distortions: results . . . . . ... ..o

Interest rate distortions: conceptual framework . . . . .. . ..



Contents

Interest rate distortions: results . . . . . .. .. ... 54

Summary of the results and economic interpretation . . . . . . 55

1.7.2  Screening externality . . . .. .. ... ... ... ... ... 56
Graphical intuition from Rothschild and Stiglitz (1976) . . .. 56
Quantitative analysis . . . . . . . . ... ... .. 56

Summary of the results and economic interpretation . . . . . . 58

1.7.3 Ban on High LTV products . . . . ... ... ... .. ..... 59

1.8 Conclusion . . . . . . .. e 61

Screening using a menu of contracts in imperfectly competitive and

adversely selected markets 63

2.1 Introduction . . . . . . . . .. L 64

2.2 Literature Review . . . . . . . . ... 69

2.3 Model Set-up . . . . . L 70

2.3.1 General considerations . . . . .. ... Lo L. 70

2.3.2 BOITOWETS . . . . . v v vt ittt e e 71

Choice of contract and bank . . . . . ... ... 000 71

Possible micro-foundation borrowers’ indirect utility . . . . . . 73

233 Lenders . . . . . ... 74

2.4 Optimal Menu Design . . . . . ... ... . oo 75

2.4.1 Contracts when ; observable . . . ... ... ... ...... 76

2.4.2 Contracts when ; unobservable . . . ... ... ... ..... 77

Simplifying the maximization problem . . . . . ... ... ... 7

Solving Lenders’ Problem . . . . . .. .. ... ... ...... 80

2.5 Equilibrium . . . .. ..o 82

2.5.1 Existence and Uniqueness . . . . . . .. ... ... ....... 82

2.6 Analysis of the Equilibrium Contracts . . . . . ... ... ... .... 83

2.6.1 Positive Analysis of the Equilibrium Contracts . . . .. .. .. 83
Normative Analysis: Screening Externality and Pareto Improve-

ment ... oL Lo 85

2.6.2 Policy Interventions . . . . .. .. .. Lo L. 90

Policy experiment 1: Effect of changes in capital requirements . 91

Policy experiment 2: Effect of the UK mortgage guarantee

scheme (Guarantee of high LTV loans) . . ... ... 92
2.7 Conclusion . . . . .. . .. . . e 94
Regulation complexity in the banking market 95
3.1 Imtroduction . . . . . . . . ... L 96
3.2 Baseline Model . . . . .. .. 98

3.2.1 Borrowers . . . . . . .. e e 99



Contents 7

3.22 Investors-Banks . . . . . ... ... 99
3.2.3 Introducing Capital Requirement Complexity . . . . . . .. .. 102

3.3 Functional form assumptions . . . ... ... ... .. ... ... .. 103
3.4 Model Analysis . . . . . .. 105
3.4.1 Banks’ FOC. . . . . . .. ... 105
3.4.2 Entry and exit conditions at equilibrium . . . . . ... ... .. 105
3.4.3 Equilibrium . . . . ... o 106

3.5 Welfare . . . . . . . 109
3.6 Sufficient Statistic . . . . ... oL oo 110
3.7 Conclusion . . . . . . 111
A Chapter 1 Figures 121
A1 Figures . . . . oL 121
B Chapter 1 Table 125
B.1 Tables . . . . . oo 125
B.1.1 Descriptive statistics . . . . . . ... ... oL 125
B.1.2 Estimation Results . . . . . . . ... ... ... ... ... 127
B.1.3 Counterfactual Results . . . . . .. .. ... ... ... 130

C Chapter 1 Appendix 133
C.1 Model . ..o o 133
C.1.1 BOITOWErS . . . . . v i et e e e e e e e e 133
Choice of contract and bank . . . . ... ..o 133

Choosing to enter the borrowing market . . . .. ... . ... 136

C.1.2 Default . ... ... 137
Default from borrowers’ point of view . . . .. ... ... ... 137

Borrowers’ default from lenders’ point of view . . . ... . .. 138

C.1.3 Lenders . . . . . . . o e 140
Banks’ behaviour . . .. ... 0o oo 140

Discussion about the supply model assumptions . . ... ... 142

C.2 Demand CES form . . . .. ... ... .. ... 144
C.2.1 1 characteristic . . . . . . . . . . . 144

C.3 Nested logit . . . . . . . . 145
C.4 Imperfect Information about acceptance and rejections . . . . . . .. 145
C.5 Micro-foundation borrowers * utility mortgage market . . . . . . . .. 146
C.5.1 Indirect utility functional form micro foundation . . . . .. .. 146
C.5.2 Derivation of the Demand system . . . . ... ... ... ... 147

C.6 Proof screening . . . . . . . . . ... 147

C.7 Nested logit extention . . . . .. ... .. ... ... ... ... .... 148



Contents

C.8 Derivation Present Value of Lending . . . . . .. .. .. ... ..... 149
C.9 Product introduction and exclusion incentives . . . .. .. .. .. .. 151
C.10 Formal analysis of the model . . . . .. ... ... ... ... .... 153
C.11 Screening Externality . . . . . . . .. ... o oo 158
C.11.1 Logit Identification Intuition . . . . ... ... ... ... ... 163
Linear approximation of the model . . . . . . . ... ... ... 164
Including Loan demand . . . . . ... ... ... 165
C.12 Unobserved Choice set . . . . . . . . . .. it 166
C.13 Estimation Procedures . . . . . . . .. .. . . Lo oo 167
C.13.1 Estimation of the marginal costs (Integrating Over approach) 167
C.13.2 Solving for counter rates for the fixed cost estimation . .. .. 169
C.13.3 Menu Adjustment Costs: Dynamic approach . . . .. ... .. 171
C.14 Perfect information Benchmark . . . . ... ... ... ... ..... 172
C.15 Empirical model . . . . . . ..o 173
Chapter 2 Appendix 175
D.1 Micro foundation demand . . . . . .. ... ... ... ... ... ... 175
D.2 Demand CES form . . . . . ... ... ... .. ... ... ....... 176
D.2.1 Conditions for collateralized debt to be the optimal contract . 177
D.3 Derivation Present Value of lending . . . ... .. ... ... ..... 178
D4 Lemmas . . . . . . ..o 180
D.5 Existence and Uniqueness . . . . . . . . .. .. ... .. ... 183
D.6 Participation constraint binding . . . . ... ... ... ... .. 185
D.6.1 When the low and high WTP participation constraint is bind-
ing: Monopoly case. . . . . . . .. ... oo 186
D.7 Poof propositions . . . . . ... 187
Chapter 3 Appendix 189
E.1 Microfoundation Complexity . . . .. ... .. .. ... ... .. 189
E.2 Model with period 1 complexity cost . . . . ... ... ... ... ... 190
E.3 Simple model sol . . . . ... ... ... ..o 191
E.4 Solving the model . . . . . . .. ..o 191
E.5 Sufficient Statistic . . . . . . ... oo o 193
E.5.1 Borrowers . . . . . .. o e 193
E52 Firms . . . . . . e 193
Eb3 Banks . . ... Lo 193
E.5.4 Equilibrium . . .. ..o oo 195
E.55 Welfare . . . . . . . 195
E.5.6 Sufficient Statistic . . . . .. ... o o 0oL 196

E.5.7 Extension: add entry and exit of banks . . . .. ... ... .. 196



List of Figures

1.1 Revealed preference approach . . . . . . ... ... ... .. ...... 26
1.2 Tdentification strategy dy —do = p*(BY —BE) ... ... ... ... 37
1.3 Acceptance and rejection identification treat . . . . . . . . ... .. .. 38
1.4 Distribution of WTP for LTV for the full population . . . . . .. ... 44

1.5 Distribution of price elasticity for the discrete choice regression for the

full population . . . . . . ... 45
1.6 The perfect information, perfect competition contracts (c1,c2) are not

incentive compatible. The high default borrower prefers co to ¢;. . . . 49
1.7 The perfect information, perfect competition contracts are not incen-

tive compatible. Solution (i): Leverage distortions. . . . ... ... .. 50
1.8 The perfect information, perfect competition contracts are not incen-

tive compatible. Solution (ii): Interest rate distortions. . . . . . . . .. 50

1.9 Product shares, data vs perfect information- perfect competition bench-

1.10 Interest rate decomposition by LTV . . . . ... ... ... .. ... 55

1.11 Cross-subsidization is a Pareto improvement when the number of high
default borrower is low. . . . . . . ... Lo 57

1.12 Cross-subsidization is not possible because a competitor can take ad-
vantage of the cross-subsidy to attract the most profitable borrowers
(cream-skimming). . . . . . ... ... L 57

1.13 Data and social planner simulation distribution of the equilibrium in-

terest rate and LTV distribution. . . . .. ... ... ... ... ... 58
2.1 Equilibrium regions . . . . . . .. ..o 83
2.2 Equilibrium regions when adverse selection decreases . . . . . . .. .. 86
2.3 Paretoset . . . . . . L 89
2.4 Pareto set when adverse selection decreases . . . . .. ... .. .. .. 90

A.1.1Extract of the Menu of contracts offered by HSBC in January 2023
Source: HSBC’s website . . . . . . . . .. ... ... ... 121
A.1.2Average number of advertised mortgage products for BtL, FtB and

Remortgage Source: Moneyfacts and Bank of England’s calculations 122



10

List of Figures

A.1.3Extract of the Menu of contracts offered by Barclays 17/01/2022 Source:
Barclays” website . . . . ... oo 122

A.1.4Percentage of mortgages in arrears by LTV at origination Source:
PSDO01-PSDO07 . . . . . o o 123

A.1.58hare of mortgages that asked for a payment deferral in 2020 Source:

BoE survey, authors’ own calculations . . . ... ... ... ...... 123
C.11.8creening externality . . . . . . . . . . . .. . 159
C.11.Pooling deviation: perfect competition (c=1 =0) . ... ... ..... 163

C.11.Rooling deviation: close to perfect competition (0 — ) . . . . . . .. 164



11

List of Tables

B.1 Summary Statistics for 2018 . . . . . . . ... L 125
B.2 Regression LTV on borrowers’ characteristics . . . . . ... ... ... 126

B.3 Mortgage Holiday take up and arrears. A mortgage holiday is a pay-

ment deferral (up to 6 month) . . . . . ... ... Lo 126
B.4 Most common product characteristics . . . .. ... ... ... ... 126
B.5 Mixed logit (Origination: 2018) . . . . . . ... ... ... ... .... 127
B.6 Coeflicient heterogeneity . . . . . . . .. ... oL 127
B.7 WTP and elasticity heterogeneity . . . . . . .. .. .. ... ... ... 128
B.8 Loan Demand (Origination: 2018) . . . .. .. ... ... ... .... 128
B.9 Default regression (mortgage originated in 2018) . . . . ... ... .. 129
B.10 Marginal costs regression (LTV > 70) . . ... ... ... ... .... 130
B.11 Fixed cost results . . . . . . . .. Lo o 130
B.12 Product distortion (80+ LTV loans) . . . . . ... ... ... ..... 131
B.13 LTV distortion perfect competition perfect information benchmark

(704 LTV loans) . . . . . . o v vt e 131
B.14 Interest rate decomposition (70-80+ LTV loans) . .. ... .. .. .. 131

B.15 Intest rate decomposition (804 LTV loans) . . . ... ... ... ... 131






13

Chapter 1

Screening using a menu of
contracts: a structural model for

lending markets
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1.1 Introduction

Menus of contracts are widely used in financial markets. For instance, mortgage
borrowers often have the choice between fixed or flexible interest rates, high or low
loan-to-value (LTV) ratios, and different combinations of interest rates and fees. A
leading explanation is that lenders offer menus to make borrowers reveal their private
information through their choices (i.e., screening). For example, if high LTV contracts
are more valuable to high-default borrowers, lenders can make them self-select into
a high-interest rate high LTV contract. However, in that case, low-default borrowers
get a lower LTV than high-default borrowers, which is not necessarily what would
happen in the first best. By screening borrowers, lenders can thus restore perfect
information pricing, but this may come at the cost of distortions in other contract
terms.

The theoretical literature has highlighted that pooling contracts cannot be offered
in competitive markets even when pooling is a Pareto improvement over screening (see
for instance Rothschild and Stiglitz (1976) and Lester et al. (2019)). This is because
lenders could take advantage of their competitors’ pooling contracts attracting safer
and more profitable borrowers without having to distort their contract terms — such
as LTV — too much.! Yet, how large this issue is in practice, and more generally, how
adverse selection impacts contract terms and welfare, is still an open question (see
Einav, Finkelstein, and Mahoney (2021) for a literature review). Quantifying the
impact of adverse selection on contract terms requires determining what contracts
would be offered if there were no adverse selection (“first best”) or the ones offered
by a social planner who internalizes that deviating from pooling may be inefficient
(“second best”). This is, however, challenging as those situations are not observed in
the data.

In this paper, we quantify the impact of asymmetric information on contract terms
and welfare using the first structural model of screening for default probabilities. We
use our structural model to simulate the contracts that would be offered in the first
and second-best cases. By comparing the simulated contracts to the ones in the data,
we assess the extent to which contracts are distorted and quantify the welfare loss.
To flexibly capture screening incentives, we develop a supply and demand model with
imperfect competition and allow borrowers to have private information about their
default probabilities and their preferences over each contract characteristic. We iden-
tify and estimate the model parameters using administrative data on lenders’ menus,

1. In Rothschild and Stiglitz (1976) the pure strategy equilibrium does not exist in that case
because there is also a profitable pooling deviation when all lenders screen. Papers such as Lester

et al. (2019) characterize the mixed strategy equilibrium and show that lenders cannot cross-subsidize
— and thus pool — when competition is high enough.
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borrowers’ contract choices and defaults in the United Kingdom (UK) mortgage mar-
ket for first-time buyers from 2015 to 2019.

A key challenge when identifying screening incentives comes from the fact that
the difference in the default probability of borrowers choosing different contracts can
be due to the causal impact of contract terms (i.e., burden of payment or moral
hazard) rather than borrowers’ type (i.e., adverse selection). Indeed, even identical
borrowers, once they choose contracts with different interest rates, can have different
default probabilities simply because they have to pay a different amount each month.
We propose a novel approach to disentangle moral hazard from adverse selection. We
use the fact that borrowers’ choices of contract (i.e., adverse selection) are a function
of the interest rate spread between products in the menu, while how hard it is to repay
a loan (i.e., burden of payment or moral hazard) only depends on the interest rate of
the contract chosen. As a result, exogenous variation in the interest rate of high LTV
loans can be used to identify adverse selection as it changes the type of borrowers
that chose low LTV loans while keeping the burden of payment channel constant.
We show how to implement this idea formally within a structural model using an
instrumental variable approach based on contract-specific capital requirements.

We deliver three new empirical results. First, we find that the LTV ratio is
used together with interest rates to screen borrowers along their default probability.
Lenders set their LTV pricing schedule such that high-default borrowers chose a
higher LTV-higher interest rate contract relative to low-default borrowers. Screening
works because high-default borrowers — who also tend to be less price elastic> —
have a higher “willingness to pay” for LTV. That is high default borrowers are more
reluctant to provide a higher down payment for each pound they borrow (i.e., they
have a higher marginal rate of substitution of interest rate for LTV). We also find
that other contract characteristics (fees and the type of rate) are used to screen as
well.

Second, using counterfactual simulations, we show, that maintaining incentives
to self-select requires distorting contract terms away from their perfect information
value. In the data 50 percent of borrowers (those with a lower default probability)
choose contracts with an LTV between 70 and 85 percent. However, under perfect
information, those borrowers — as well as most other borrowers — would have ob-
tained an LTV above 85 percent and bought a bigger house. Thus, contracts with an
LTV between 70 and 85 percent are introduced primarily to screen borrowers rather
than to cater to their preferences. We also find that because of screening, the interest
rate on 95 percent LTV loans is lower by 70 basis points (bps) relative to what those
borrowers would have gotten under perfect information.

2. The correlation between default and price elasticity is consistent with risky borrowers internal-

izing the probability that their application is rejected and thus behaving as if they had higher search
costs (see Agarwal et al. (2020) for empirical evidence).
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Finally, by comparing the menu in the data to the one offered by an information-
ally constrained social planner, we isolate the effect of the contractual externality and
show that there is excessive screening. If a lender were to offer the social planner’s
pooling contracts, its competitors could take advantage of it by introducing a contract
with a lower rate and an LTV just below the ones currently offered, thereby attract-
ing a high proportion of low-cost-high price elasticity borrowers. This deviation from
pooling is inefficient as lenders do not internalize that how low the LTV must be is a
function of their competitors’ contracts. A lower bound of the deadweight loss gen-
erated by this externality is equivalent to the utility loss caused by a 30 bps interest
rate increase on all loans.?

Our findings imply that, as maximum leverage is the dominant screening device
in this market, regulations affecting LTV can have an unintended effect on banks’
incentives and ability to screen borrowers. Common examples of such policies are bans
on high LTV products, high LTV mortgage guarantee schemes, or LTV-specific capital
requirements (see the IMF’s Global Macroprudential Policy Instruments database).
To analyse these unintended effects, we provide a policy simulation of a ban on
high LTV mortgages. We find that the cost of that policy is equivalent to a 30 bps
increase in interest rates and that the cost is underestimated by a factor of three
when not considering screening. The rationale is that the high LTV ban will move
high default-low price elastic borrowers to lower LTV, and screening incentives push
the safer borrowers into new and cheaper products but with characteristics that do
not match those of perfect information products.

Overall, our results show that screening is an important force in the UK mort-
gage market and that the associated contractual externality is costly. This suggests
there is room for Pareto improving policy interventions. As shown in the theoretical
companion paper Taburet (2022), lowering competition, increasing the capital re-
quirement on low LTV in a low-competition environment, or banning the use of lower
LTV products could reduce the impact of the contractual externality by preventing
cream-skimming deviations to occur.

We deliver our empirical results thanks to two methodological innovations. One
is related to how to formally implement our novel identification strategy for screen-
ing within a structural model, the other is related to how to develop and solve the
structural model of screening.

Our identification strategy relies on recovering the correlations between borrowers’
preferences and default probabilities. This is a key statistic for screening as it tells
whether borrowers that are more reluctant to, let us say, borrow at low LTV are
also more likely to default. Formally, we assume that borrowers’ utility is linear in

3. Considering an average loan size of £200,000 and a 25-year maturity, this corresponds to a £25

monthly increase in borrowing expenses for all borrowers. In practice, this cost is borne by a third
of borrowers and is thus equivalent to a £75 monthly increase.
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contract terms and decompose the choice of contract into two equations: a product
choice and a quantity choice (discrete-continuous demand system). We employ a
two-step approach. First, we use a revealed preference in the spirit of Nevo (2001) to
recover moments of the distribution of borrowers’ ex-ante unobservable preferences
from contract product choice (interest rate type, LTV, lender and fees) and loan
size choice data. Our identification leverages the idea that if a borrower chooses a
contract with a maximum LTV of 90 percent while they had access to a contract
with a maximum LTV of 95 percent for an interest rate increase of, say, 100 bps,
it must be that their willingness to pay for this LTV increase is lower than 100
bps. In the second step, we build a measure of the average preference of borrowers
choosing a given contract and compare the default of groups of borrowers that chose
the same contract but have different average preferences. By comparing borrowers
that chose the same contract, we fix moral hazard and burden of payment. We
show that the variation in our preference measure comes from changes in the spread
between contract prices or new contract introduction or withdrawal. Our measure of
contract-level average preferences can thus be instrumented using a weighted average
of lenders’ product-specific cost shifters. The instruments affect the spread between
interest rates and, thus, the average type of borrower choosing a contract. We then
use the demand and default parameters together with formulas derived from the
lenders’ profit maximization problem to back out the marginal costs of originating
mortgage products and the fixed cost of changing menus.

The challenges of our identification strategy are the following. In the first step,
our measures of borrowers’ preferences need to be correctly identified. In the second
step, variations in the average preferences of borrowers choosing a given contract need
to be uncorrelated with borrower characteristics (e.g., soft information) or economic
conditions unobserved by the econometrician.

The endogeneity concerns in the first step are addressed using standard ap-
proaches. We mitigate the endogeneity problem from omitted product characteristics
by instrumenting for interest rates using predetermined risk weight as a cost shifter
as in Benetton (2018). We deal with unobserved rejection of mortgage applications
based on soft information using a consideration set approach (see Crawford, Griffith,
Iaria, et al. (2021)). We deal with the selection on unobservables in the loan size re-
gression by allowing for the product choice and loan size parameters to be correlated
similarly to K. Train (1986). Finally, we use product fixed effects in our specification
of preferences over contract characteristics to recover the component of preferences
that is a function of expected default but is not contaminated by moral hazard or
burden of payment incentives. This component is used as an independent variable in
the second step.

To address the endogeneity concern in the second step, we instrument borrower
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average LTV preference using a weighted measure of product-specific risk weights
and minimum capital requirements as a product-specific cost shifter. Risk weights
are pre-determined and vary over time across lenders and mortgages with different
maximum LTVs. Minimum capital requirements vary over time and across lenders.
Both have been extensively used as an instrument for interest rates (e.g., Aiyar et
al. (2014), Benetton (2018), Robles-Garcia (2019)). Our instrument is relevant as it
affects the spread between interest rates and, thus the type of borrower choosing a
given contract. We control for unobserved characteristics that are common among
products (lender shocks) and those that are common across lenders (market shocks).
Thus, given the absence of individual-based pricing in the UK (see Benetton (2018)),
the exclusion restriction requires that our cost shifter is not correlated with economic
shocks affecting borrower types differently, and with acceptance and rejection rules
based on characteristics unobserved by the econometrician only. It is plausible that
the endogeneity from mortgage application rejections based on soft information is not
fully addressed, as lenders can update their acceptance and rejection criteria following
a product cost shock. In that case, our results should be interpreted as a lower bound
on adverse selection as lenders are likely to become stricter to mitigate the increase
in the cost of lending.

The second methodological contribution of the paper comes from using methods
and results from the theoretical literature on screening to solve for the equilibrium
contracts in the counterfactual simulations. The simulations are needed to provide an
economic interpretation to our model parameters — such as the correlation between
preferences and default. The key challenges are that (i) equilibria in selection markets
are difficult to characterize and are often fraught with nonexistence, and (ii) the
computational burden associated with structural model simulations is high when
more than one product characteristic is endogenised.

Our approach to solve for the equilibrium contracts is based on three innova-
tions. First, we simplify the analysis of contract distortions using the perfect in-
formation case as a benchmark in our first counterfactual exercise. This framework
eliminates both the existence and computational burden concerns. We further con-
struct a model-based and analytically tractable decomposition of the equilibrium
interest rate observed in the data into a perfect information competitive interest rate,
a perfect information-imperfect competition markup, and an asymmetric information
discount or premium.

Second, as in the companion paper Taburet (2022), we show that the contractual
externality can be measured by setting the social planner problem similarly to a
monopoly screening model. Monopoly models are convenient as they do not feature
the non-existence result of Rothschild and Stiglitz (1976). Formally, we consider the

hypothetical case in which each lender becomes a monopolist and borrowers’ outside
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option is their utility in the competitive equilibrium. The outside option constraint
is made to focus on Pareto improvements. The monopoly assumption keeps the
asymmetric information but eliminates the externality by preventing borrowers from
moving from one bank to another. This formulation of the social planner problem is
convenient as it does not feature the non-existence of equilibrium (see, for instance,
Taburet (2022)). It also allows us to focus exclusively on the screening externality
by preventing an increase in welfare generated by a better allocation of borrowers to
cheaper banks.

Finally, as in Wollmann (2018), we discretise the product choice set to reduce
the computational burden of the counterfactual simulations for our policy analysis
counterfactual. We innovate by introducing random fixed costs of designing a new
menu. The latter assumption makes the estimation tractable and also disciplines the
counterfactual simulations of LTV bans by assigning a probability to each potential

market outcome.?

The rest of the paper is structured as follows. In section we provide a literature
review. In section 2.3, we describe the institutional features of the UK mortgage
market, outline the data used, and conduct a descriptive analysis to motivate the
modelling assumptions. In section 2.4, we present the structural model. Section 2.6
discusses the identification strategy and estimation procedure. In section 1.6, we

analyse the estimation results and the counterfactual experiment outcomes.

1.2 Literature Review

This paper contributes to the empirical literature on price discrimination, the litera-
ture on adverse selection and the empirical literature on credit markets.

The recent empirical literature on price discrimination is mainly structural and is
theoretically grounded in the seminal monopoly model of Mussa and Rosen (1978).°
As such, the empirical literature studies how product prices and product distortions
(generally along one dimension such as quality) react to changes in the economic
environment. Recent examples include Crawford, Shcherbakov, and Shum (2019),
which uses a demand and supply structural model with endogenous quality and price
to study quality and price distortions in the cable television market, and Benetton,
Gavazza, and Surico (2021), which examines the impact of a funding policy in the
mortgage market using a structural model with endogenous product fees and rate.
Our paper is closely related to Wollmann (2018), which analyses the impact of mergers

4. This approach also helps in the estimation of the fixed cost as it allows using the sufficient set ap-
proach (Crawford, Griffith, Iaria, et al. (2021)) to avoid having to compute all potential combinations

of product introduction and withdrawal.
5. See Busse and Rysman (2005) for a reduced-form empirical analysis.
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using a model of product entry and exit for the car market. To the best of our
knowledge, Wollmann (2018) is one of the first to propose a supply and demand
structural model that endogenizes more than two variables for product characteristics.
Our paper builds on the numerical method developed in Wollmann (2018)° to solve
for endogenous contracts and extend it to an empirical model of banking with adverse
selection.

The study of the impact of adverse selection on market outcomes is well established
in the literature. On the theory side, the seminal references are Akerlof (1978) for a
model with single-product firms and endogenous prices and Rothschild and Stiglitz
(1976) in which firms design and offer menus. Akerlof (1978) shows that adverse
selection can lead to a market breakdown. Rothschild and Stiglitz (1976) document
that a (pure strategy) equilibrium may not exist in the perfect competition setting. To
overcome the non-existence result, the literature has developed equilibrium concept
refinements, such as that in Riley (1979), Bisin and Gottardi (2006) or Wilson (1980).”
Alternatively, the literature introduces modelling changes to be able to solve for an
equilibrium. For instance, Guerrieri, Shimer, and Wright (2010) assume that the
principal can match one borrower at most. Finally, allowing banks to play mixed
strategies can resolve the non-existence problem (see Dasgupta and Maskin (1986)
for a proof that a mixed strategy equilibrium exists). However, solving for a mixed
strategy equilibrium is computationally demanding (see Lester et al. (2019) or Farinha
Luz (2017)), and as such, the properties of screening models are still understudied.
Our model is based on a companion paper Taburet (2022) that analyses the properties
of a screening model (existence and uniqueness of the equilibrium) that features the
logit demand form used in this paper. In this paper, we adapt the theoretical literature
modelling to bring a screening model to the data to measure the impact of the market
inefficiencies studied in the theoretical literature.

A large empirical literature tests whether or not adverse selection and screening
occur in practice. They do so using reduced-form approaches. The most common
identification strategy in the screening literature is to directly compare the default
of observationally equivalent borrowers that chose different contracts (Chiappori and
Salanie (2000)). However, this correlation can be due to the causal effect of con-
tact terms (moral hazard or burden of payment) rather than borrower unobservable
attributes (adverse selection). To mitigate this concern, Hertzberg, Liberman, and
Paravisini (2018) exploits a natural experiment to compare the default of borrowers
that chose the same contract before and after a new product was introduced in the
menu. Our approach has three advantages relative to the existing literature. First, it

6. As discussed more in depth in the estimation section, Wollmann (2018) relies on discretizing
products and iterating on firms’ best-response function.

7. The two first equilibrium concepts restore the existence of the screening equilibrium, while the
third one restores the pooling equilibrium.
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relies on weaker identifying assumptions than the positive correlation test literature
(Chiappori and Salanie (2000)). Second, it uses variation in interest rates and is thus
applicable to a wide variety of setups. In contrast, the literature such as Hertzberg,
Liberman, and Paravisini (2018) relies on the analysis of lenders that just started
using menus or the use of experimental data (Karlan and Zinman (2009)). Finally, it
is implemented within a structural model, which allows answering a wider range of
questions by doing counterfactual simulations.

Another empirical method to test adverse selection has been developed in Einav,
Finkelstein, and Cullen (2010) and is called a cost curve test. It has been mainly used
in the public economics literature as it allows using the cost curve estimates as part
of a sufficient statistic for welfare. This test consists of using data on expected costs
and prices and identifying whether the cost is upward-sloping (adverse selection) or
downward-sloping (advantageous selection) with respect to prices. The main identi-
fying assumptions are that the marginal cost curve is monotone and that the change
in prices used for the identification affects product choices but not moral hazard.®
Landais et al. (2021) and DeFusco, Tang, and Yannelis (2022) are recent examples
of empirical applications of this method to labour market insurance and consumer
credit, respectively. The sufficient statistics literature requires detailed data on the
cost of products and has focused on situations in which menu offers are fixed and
thus do not endogenize the product offering. Given those considerations, we use a
structural approach instead. However, our paper shares with this literature the idea
of relying on revealed preferences in the demand estimation instead of modelling the
underlying process that is driving choices. In this way, our results are robust to the
underlying model that drives borrowers’ expectations, for instance.

Similar to the sufficient statistics literature, structural frameworks in the adverse
selection literature are based on theoretical models such as Akerlof (1978). They
focus on a situation in which the product is fixed but prices are not (see Einav,
Finkelstein, and Mahoney (2021) for a recent literature review). As a result, this lit-
erature mainly studies the effect of adverse selection on prices, quantities and welfare
but has neglected its impact on product offerings. A recent example of this literature
is Crawford, Pavanini, and Schivardi (2018). The paper studies the interaction be-
tween competition and adverse selection in the business lending market. A notable
exception is Handel, Hendel, and Whinston (2015), which uses a perfect competition
structural model based on Rothschild and Stiglitz (1976) to study health insurance
policies. The model allows for menus to be composed of at most two products with
their coverage exogenously fixed to 90 and 60 percent actuarial values. Because equi-
libria in competitive markets are difficult to characterize and are often fraught with

8. This assumption is harder to satisfy in credit markets — in which the cost variable is default

— relative to insurance markets — in which the relevant cost is the number of claims made. Indeed,
in credit markets, default is directly affected by prices as a result of the burden of payment.
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nonexistence, Handel, Hendel, and Whinston (2015) uses Riley (1979) equilibrium
concepts, which forces the screening equilibrium to happen. Our approach allows us
to avoid the use of equilibrium concept refinements, relax the perfect competition
assumption and endogenize both the contract terms and the menu size. By doing so,
we fit the credit market structure and more flexibly capture incentives to pool (or,
more generally, to cross-subsidize) or screen borrowers. The competition assumption
is important given recent theoretical and empirical papers’ have shown that the ef-
fects of asymmetric information on prices and contract terms — via, for instance, the
ability to pool borrowers — depends on the market structure itself.

This paper is also related to the literature analysing consumers’ and lenders’
behaviours in retail financial markets. This topic has been an important one in
economics in recent years. Several papers have focused on the demand side and doc-
umented limited search, mistakes, and inertia (Coen, Kashyap, and Rostom (2021),
Agarwal, Ben-David, and Yao (2017), Andersen et al. (2020)). Other papers have
taken a more structural approach to look at how lenders may gain from borrowers’
choice frictions (Buchak et al. (2018)) or at the effects that, for example, capital
or broker regulations have had on market outcomes and welfare (Benetton (2018),
Robles-Garcia (2019)). Our paper contributes to this literature by studying screening
in the context of credit markets. It builds on the framework in Benetton (2018) and
Crawford, Pavanini, and Schivardi (2018) and further includes unobserved borrowers’
preferences over contract characteristics, adverse or positive selection and endogenous

menus of contracts.

1.3 Institutional Setting, Data, and Motivating Evidence

This section describes the key institutional features of the market and the data used
in this paper. It then provides suggestive evidence that screening is an important

driver of the UK mortgage market contracts offering.

1.3.1 Institutional setting

Market features: While mortgage markets are important credit markets in most
countries, their institutional features vary (Campbell (2013)). The UK mortgage
market differs from other mortgage markets — such as that in the US, for instance
— along three dimensions.

First, lenders do not offer long-term fixed rate contracts in the UK market. In-
stead, borrowers can fix the interest rate for a given number of years (typically two,
three, or five). After that period, the “teaser rate” is reset to a generally significantly

higher and flexible “follow on rate”. Coupled with the fact that contracts feature

9. For instance, Lester et al. (2019) and Crawford, Pavanini, and Schivardi (2018).
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high early repayment charges — which typically account for 5 or 10 percent of the
outstanding loan — refinancing around the time when the teaser rate period ends is
very frequent in this market (Cloyne et al. (2019)).

Second, the interest rate of a contract advertised by a given bank on its website
or other platforms is the one paid by every borrower choosing that contract. This is
because minimal negotiation takes place between borrowers and lenders, and banks
do not practice individual-based pricing.' However, while pricing is independent
of borrowers’ characteristics, banks may reject loan applications based on individual
characteristics. This approach is common in other markets (credit cards, hedge funds)
or online platforms."!

Finally, the UK mortgage market is very concentrated. The “big six” lenders
account for approximately 75% of mortgage origination. The number of active banks

is stable over time, even during times of financial disturbance such as during the
COVID-19 pandemic.

Loan contracts: As illustrated in Figure A.1.1, a borrower who is willing to
take on a mortgage from a particular bank in the UK can choose from a menu of
standardized loan contracts.

The pricing of those contracts is primarily based on product characteristics such
as lender name, rate type, maximum LTV and fees. Indeed, using a linear regression
of rate on product characteristics, we show — consistent with other papers on the
UK mortgage market (Benetton (2018), Robles-Garcia (2019)) — that 90 percent of
the price variation is explained by interacting time dummies with lender dummies,
rate type, maximum LTV and fees dummies. The remaining variation is independent
of the characteristics of the borrowers choosing the contract.

Conditional on those product characteristics, borrowers can borrow as much as
they want and can freely choose the maturity within some bounds without any impact
on the interest rate.

While the contract pricing is independent of borrowers’ characteristics, a bank can
choose to reject a borrower’s loan application based on their observable characteristics
(e.g., income, age, credit score). As we do not observe loan applications or the criteria
used by banks, we will build our empirical strategy considering this limitation.

10. The search platform Moneyfacts reports: “A personal Annual Percentage Rate is what you will
pay. For a mortgage this will be the same as the advertised APR, as with a mortgage you can either
have it or you can’t. If you can have the mortgage, the rate doesn’t change depending on your credit
score, which it may do with a credit card or a loan.” See Leanne Macardle, ”What is an APR?”
Moneyfacts, https://moneyfacts.co.uk/guides/credit-cards/ what-is-an-apr240211/.

11. This can be rationalized by the fixed cost of negotiation being high compared to the size of
loans in the consumer market compared to the firm market.
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Based on those facts, we thus define as a loan contract the object (L, X, r) where L
is the loan size, X is a vector containing other contract characteristics (lender dummy,
maturity, rate type, maximum LTV and fees), and r is the interest rate on the loan.

Following the vocabulary in the industrial organisation literature, we also refer to
the vector of characteristics (X) as a product, r as the product’s price, and L as the

quantity of that product being bought.'?

1.3.2 Data

We use the Product Sales Database 001 (hereafter, PSD 001). The data are collected
quarterly by the Financial Conduct Authority (FCA) and contain contract-level in-
formation about households’ mortgage choices and detailed information on mortgage
origination characteristics for the universe of residential mortgages in the UK. The
dataset is available to restricted members of staff and associated researchers at the
FCA or the Bank of England.

We merge the data with PSD 007 containing the credit events on mortgages.
We use arrears as a measure of default, which is defined as being 90 or more days
delinquent on monthly payments.

In this paper, we focus on the years 2015 to the end of 2022. During this pe-
riod, we observe for each mortgage origination details on the loan (interest rate, loan
amount, initial fixed period, maturity, lender, fees), the borrower (income, age), and
the property (value, location). The estimation is done excluding the COVID-19 pe-
riod as the policies implemented during that time may confound the identification.
However, we provide stylized facts about default and product offers during that pe-
riod. We focus on the first-time buyer market to abstract from preexisting lending
relationships between lender and borrower.

The structural estimation is done using 2018 data (See table B.1 in Appendix B
for the data summary statistics). For that year, we observe 847,000 first-time buyer
contracts, of which almost 90% are mortgages with initial fixed periods of two, three,
or five years. The average interest rate is 2.5 percentage points, and the average
origination fee is £503. The average loan is almost £165,000 with an LTV of 80
%, a loan-to-income of 4.6, and an average maturity of 29 years. Borrowers are, on
average, 31 years old and have an annual income of £36,000.

We supplement the data with a survey on credit events during the COVID-19
period and 2015-2018 surveys on capital requirements policies at the bank-product

level .

12. This vocabulary is relevant here as the vast majority of the contract price does not depend on
the loan size.
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1.3.3 Motivating evidence

This section discusses descriptive patterns about banks’ menus. We also provide sug-
gestive evidence that screening is feasible in this market as borrowers’ (observable)

characteristics are correlated with contract choices and default.

Variation in product offering: As shown in Figure A.1.2, the number of prod-
ucts varies over time and across market participants. In particular, first-time buyers
shopping for 90% LTV contracts faced on average two different options at each bank
in 2010, six options before the COVID-19 crisis and only one or no options during
the peak of the COVID-19 period. Menu sizes are larger at 75% LTV. Indeed, the
average menu contains 6 alternative contracts at 75% LTV in 2010 and during the
COVID-19 period but 16 in 2017. Typically, in 2017 the average bank offers at 75%
LTV the option of fixing the rate for 0, 2, 3 or 5 years and proposes three levels of fees
(0, 750, 1500). A higher level of fee is associated with a lower rate. Considering all
combinations of fixed rates and fees for all LTV levels offered starting from 60% LTV
(i.e., 60, 65, ..., 90, 95), we find that, on average, only 40 percent of those products
are offered by the average bank.

This empirical result motivates the fact that the number of products needs to be

endogenized in the model.

Sorting on observables: As suggestive evidence that borrowers with differ-
ent characteristics tend to select different products, we regress borrowers’ observable
characteristics on LTV dummies (see table B.2).

We document that — compared to borrowers choosing 75% LTV contracts —
borrowers choosing 95% LTV contracts are on average 1.5 years younger, earn 7,400
net pounds less a year, and are 20 percent more likely to be part of a couple.

This correlation between LTV and borrowers’ characteristics can be the result
of borrowers’ self-selection or the fact that banks may decline the loan applications
of riskier borrowers for a high LTV loan. As banks generally offer high LTV loans
only to safer borrowers, it is likely that the income and age gap between high and
low LTV loans would be higher absent banks’ rejection behaviour. Making borrowers

self-select (on observable characteristics) using LTV is thus feasible.
Sorting on default: As suggestive evidence that borrowers that choose different

products have different default behaviour, we regress default on borrower and contract

characteristics (see table B.3):

Default; = 8X; + ¢ (1.1)
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Default; is equal to 1 if borrower i has been in arrears by the end of 2019, andX;
includes borrower i’s contract terms (lender, LTV, rate, fees, teaser period, mortgage
term) and borrower i’s characteristics (age, income, location of the house, number of
applicants, time at which the contract has been taken).

We document that 1.2 percent of the loans originated in 2018 had defaulted by
2020. The default probability on 85-95% LTV loans is 1.4 percent, while the average
for 75-85% LTV loans is 0.8 percent. We excluded the COVID-19 period as a payment
deferral (mortgage holiday) policy was implemented to help borrowers facing financial
difficulties.

Using a baseline default of 1.2%, the regression of default on product and bor-
rowers’ characteristics implies that a 100 bps increase in rate is associated with a 50
percent increase in default probability; the default probability of a 5-year fixed rate
contract is 40 percent lower than that of flexible rate contracts; the default probabil-
ity of a zero fee contract is 30 percent lower than contracts with fees of 1,000; and
borrowers whose income is one standard deviation lower (16,000) are 16 percent more
likely to default.

In Figure A.1.4, we plot the share or mortgages that are in arrears as a function
of the LTV at origination. The average arrears is 1.2 percent. Loans with an LTV
bellow 75 percent are twice as less likely to be in arrears than loan with an LTV above
90 percent. This can for instance be due to the causal impact of borrowers type (i.e.,
adverse selection) or to the causal impact of contract terms (i.e., moral hazard or
burden of payment).

As a complementary study, we use a proprietary survey from the bank of England
made during the COVID-19 period. According to the survey, 25 percent of borrowers
asked for a mortgage holiday. As illustrated by Figure A.1.4, the amount of loans
benefiting from the policy was 60 percent higher than the average for high LTV loans
and 30 percent higher for small banks. Of these loans, 6 percent of those originated
before the 2008 financial crisis had defaulted by 2020. Those two facts illustrate that,
while the baseline default probabilities may be small in normal times, they become
large during an economic crisis. For this reason, the default probability estimated in
this regression and in the structural model may not reflect banks’ actual expected
default probabilities. Consequently, we do a sensitivity analysis based on default
probabilities in the structural model.

Those results, together with the one on borrowers’ choice of contract — and given
that pricing is independent of borrowers’ income — provides suggestive evidence of ad-
verse selection along the income dimension. Indeed, we documented that low-income

borrowers are more likely to choose high LTV contracts and are more likely to default.

Need for a structural model: To further understand the impact of screening
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on equilibrium quantities, one needs to compare the observed equilibrium contracts’
terms to a counterfactual in which there is no private information. Given the difficulty
of finding the right counterfactual in the data, we build a structural framework to
rely on simulations instead. The following sections discuss the model assumptions
and our identification strategy. Our modeling approach and identification strategy
also allow us to look at selection on unobservable borrowers’ characteristics, take care
of the bias generated by the rejection of mortgage applications, and disentangle moral

hazard or burden of payment from adverse selection in the default regression.

1.4 Model Setup

For each month t, we read the data through the lens of the model of supply and
demand described in this section. To simplify the notation, we drop the index t on
the variables except when necessary.

Sections 1.4.1 and 1.4.2 provide a general overview of the setup and the equations
that will be used to both identify the model parameters and solve for the counterfac-
tual simulations.

An interested reader can look at Appendix C.1 for an in-depth discussion about
the modelling assumptions. Appendix C.9 provides an analysis of the model product

introduction incentives and the contractual externality.

1.4.1 General Considerations

We consider a T-period model (T' € N, T > 1) with two groups of agents: borrowers
and lenders. We also refer to the second group as banks. There are n potential bor-
rowers (n € N, n > 1) indexed by i. There is a finite number of banks indexed by b.

We denote B as the set of banks.

Definition of contracts and products: Banks offer a menu of contracts. Based
on the UK institutional features, we define as a loan contract the object (L, X, r)
where L is the loan size, X is a vector containing other contract characteristics (lender
dummy, rate type, maximum LTV and fees) and r is the interest rate on the loan.
Following the IO literature vocabulary, we also refer to the vector of characteristics
(X) as a product, r as the product price, and L as the quantity of that product being
bought. We index a product by the subscript c. We denote Py, as the set of products
(c) available to borrower i at bank b.!> We denote by M, := {(Xw,7eh)}eep,, the
menu of products offered to borrower i at bank b. We drop the b or i index in M
and P to refer to the market menu (M; := UMy, and P; := UpPy) or the bank menu
(My := u; My, and Py := U;Py,). Cp := card(B,) is the number of products sold by

13. Each combination of product characteristics (X) is a one-to-one mapping to a natural number.
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bank b.

Key features: The following considerations formally summarize the key features
of the UK mortgage market as discussed in section 2.3:

(i) Each bank b posts a menu of products M, that is visible to everyone.

(ii) Bank b may reject borrower i’s mortgage application, so the menu available
to borrower i at bank b M;, may be smaller than Mj.

(iii) Each bank b offers a finite number of products (Cy := card(F)).

(iv) For each product c € Py, there exists a contract (L, X, r.) for any loan amount
L € [a,b] « RT (see Figures A.1.1 and A.1.3).

(v) The pricing (r) of contract (L, X,r) depends on product characteristics (X)
and not on the loan size L or maturity (see Robles-Garcia (2019), Benetton (2018)
or Benetton, Gavazza, and Surico (2021)).

Features (iv) and (v) justify our definition of a product as a bundle of charac-
teristics (X). While facts (i)—(v) can all arise endogenously from an optimal contract
design (see the appendix in Taburet (2022)), in this paper, we take facts (iv) and (v)

as given.

Timing: At the beginning of period t, each borrower decides whether or not to
enter the credit market. Conditional on participation, a borrower chooses one loan
contract from one lender.

Loan ¢ matures in m, periods with t <t + m, < T +t. A borrower may default

on his loans.

Heterogeneity: Borrowers have heterogeneous characteristics (age, income, sav-
ings, risk aversion), which translates into borrowers having different preferences over
the characteristics of loan contracts and banks. As a result, each lender may have
market power over borrowers. Borrowers also have heterogeneous default probabili-

ties.

Information structure: There is asymmetric information in the economy: lenders
do not perfectly observe borrowers’ types (i.e., their preference, some of their char-
acteristics and default probabilities). Whenever profitable and feasible, they use a

menu of contracts to make borrowers self-select.

1.4.2 Overview of the Model

Our model is based on the following demand and supply maximization problems.
Borrowers choose the bank and contract among its individual specific set that max-

imizes its indirect utility. Lenders maximize their expected profits. Lenders do not
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perfectly observe borrowers’ characteristics but know the characteristics’ distribution.

Formally, for each period t we have:

Borrower i: contract ¢ and lender b choice

contract terms and price Loan demand Default probability
— - N %
(ci, bi) = argmaxpep, cep,, 1 {Vi( Xebs Teb s Li(Xep, rep, di(Xep,rep)),  di(Xewsren) )}
Indirect utility
(1.2)
Lender b: menu offering M
marginal cost of lending
— F(M> Mbt—l) F F

My < argmaxgys ¢, p,,} E[Z Lesbi)=(eb)y NPV (Teb; dicp, mcep )= — g + B e

“e Expected NPV if i chooses cb ~

Fixed cost of changing menu

(1.3)

Menus have the form My = {(Xe,7eb)}ee1,c,], With Cp being the number of
contracts in the menu. Pj, is the subset of the menu M, available to borrower i at
bank b. B; is the subset of banks that are considered by borrower i.

Mp;_1 is the menu offered by bank b in the previous period.

Bgr ef/[b is a random variable modelling product-specific introduction or withdrawal
fixed costs.

The expectation in equation 1.3 is conditional on the lender information set. The
information set contains contract terms and prices, and observable borrower charac-

teristics. Lenders know that borrowers behave according to problem 1.2.

1.4.3 Discussion about the model’s assumptions

Any model simplifies the reality of focusing on a given economic phenomenon. In our
structural model, we use consider borrowers’ participation in the mortgage market as
given. On the supply side, we do not endogenize the house price upon default and do
not model dynamic considerations in order to be able to model screening incentives in
more detail. The counterfactual simulations thus consider that those elements — as
well as unobserved product characteristics (captured by product-lender fixed effects)

— remain constant.

Demand

Savings: As we do not observe savings, we cannot explicitly model the constraints
on the level of down payment (d) a borrower can provide. We address this issue by

modelling borrowers’ choice of both LTV and the loan size and relying on a revealed
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preference approach to recover the demand parameters. Indeed, using the definition

of LTV, we get: LTV := cw% <d=1L- lzg‘T/V. In the situation in which a bor-

rower is constrained by their savings (s;) when selecting their level of down payment,

their loan demand function is: L;(LTV) = s;7 EEF/V Where s; is a parameter to be

recovered using choice data. Our specification of the demand allows capturing this

situation.

Rejection of mortgage application: In borrowers’ maximisation problem
(1.2), we allow for the menu available to each borrower (Pj,) to be different as a result
of rejections of borrowers’ applications for a particular contract. The modelling of the
choice of product is general enough to encompass the case in which borrowers have or
do not have perfect knowledge of which applications would be successful and which
would not. We favour the perfect information case interpretation as this case can be
justified by the heavy use of brokers in this market. The imperfect information case

is discussed in Appendix (C.4).

Borrowers’ participation in the mortgage market: As shown in Andersen et
al. (2021) and Benetton, Gavazza, and Surico (2021), borrowers’ entry decision in the
mortgage market is very inelastic to loan prices and characteristics.'* Furthermore,
Robles-Garcia (2019) and Benetton (2018) show that the level of competition is high
in the UK mortgage market, making it unlikely that banks will be able to extract
the full surplus from borrowers. This motivates the assumption of taking borrowers’
participation as given and the use of a static demand model.

In appendix C.7, we derive a nested logit version of the model in which borrow-
ers actively choose to participate or not participate in the mortgage market. This
extension yields a closed-form formula for the expected utility of participating in the
market V;, which can then be estimated. This modelling is convenient as it makes
the logit coefficient independent of the assumptions on the set of potential mortgage

buyers that did not enter the market.

Supply

In this section, we discuss how our assumptions affect the interpretation of the supply

parameters.

Collateral: Our NPV parametrization is derived in Appendix D.3 from a model

in which banks do not recover anything following borrowers’ default. This assumption

14. They estimate the entry decision in regular time, as opposed to a financial crisis. But it seems
that even during the COVID-19 crisis, the number of borrowers did not drop on average.
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does not affect the demand estimation as we do not explicitly model the cost of
default and instead rely on a revealed preference approach. However, it affects the
interpretation of the marginal cost of lending parameter that is recovered in the
estimation section. To provide intuition for how to interpret the results given our
assumption about collateral, let us introduce the following notation. Upon default,
the mortgage originator can seize the lender’s house and get min{d - %, rL}. L is
the loan size, r the interest rate, ﬁ is the house value at the origination date, and
0 is the ratio of the house price upon default over the one at origination. Default
happens with probability d. If ¢ is not equal to zero, the estimated marginal cost
we recover will capture the average loss given default conditional on LTV E[mc —
min{d - 1, 7}d|LTV]. Given our identification strategy, we cannot identify ¢ and
mec separately. However, we discuss how one could do so using an integrating over
approach in Appendix C.13.1.

Finally, although the use of collateral has been taken as given rather than derived
from a first principle, conditions for collateralized debt to be the optimal contract is
in Appendix D.2.1.

Static model of supply: The supply model used in this paper is static, as each
period lenders maximize the expected profits generated by current lending activities
only. This consideration is justified by the demand also being static. Static demand
is heavily used in the literature and is a good approximation for mortgage markets
as recent studies show that borrowers’ entry and exit decisions — and thus their
decisions on when to borrow — are almost never affected by mortgage prices and
product offerings (Andersen et al. (2021) and Benetton, Gavazza, and Surico (2021)).
However, the use of the fixed cost function in the lenders’ problem creates a dynamic
relationship between current and past maximization problems and makes the use of
a dynamic model natural.

The static supply approach can nonetheless be justified by the following consider-
ations. First, our static modeling can be written as the hurdle rate approach, which is
a good approximation of firms’ product-offering decisions according to recent surveys
(see Wollmann (2018)). The hurdle rate approach assumes that firms choose to offer
a set of products such that, for any other feasible set, the expected ratio of the added
profits to added sunk costs does not exceed a set number (the hurdle rate).

Second, the only parameter affected by a dynamic modeling approach is the fixed
cost function, which is not an object of interest of our analysis. Indeed, the marginal
costs are not affected as they are identified from a model optimality condition that
depends on the number of products being fixed. The counterfactual experiment is
not affected by the use of the static model as long as the relationship between current

and expected profits in the counterfactual experiment remains the same as in the
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data. The static estimation affects the economic interpretation of the size of the fixed
cost. As a complementary approach, we show in Appendix C.13.3 how methods used
in the dynamic demand estimation literature could be used in a dynamic version
of our model to estimate the supply parameters. However, the dynamic estimation
increases the computational burden of counterfactual experiments to the point where

the counterfactual model would not be solvable with the current methods available.

1.4.4 Overview of the methodology

We parameterize the indirect utility (V), the loan demand (L) and the default prob-
ability (d) functions of the problem (1.3). In the identification exercise, we recover
the parameter value using choice and default data.

In our parametrization, we acknowledge that the parameters of the indirect util-
ity, the loan demand and the default probability are correlated as they derive from
the same maximization problem. In particular, we allow for the utility derived from
a given contract to be a function of borrower default probability. We provide a sum-
mary of our methodology in the following paragraphs. An in-depth discussion of the
indirect utility (V) and loan demand (L) assumptions and their derivation is provided
in Appendix C.1.1. We discuss the default probability functional form in Appendix
C.1.2.

Preferences: Following the tradition in the IO literature, we use a hedonic
demand system a la Lancaster (1966). That is, the utility derived from a contract at
a given bank reflects the sum of the characteristics (e.g., LTV, loan amount, branch
network) of that contract-bank.

Given the UK mortgage structure discussed in the previous section, we decompose
the choice of contract into two equations: a product choice and a quantity choice. The
choice of product-bank is based on a logit model (discrete choice). The choice of the
borrowing amount is continuous and is modelled by a linear regression (continuous
choice). This modelling is called a discrete-continuous demand system in the IO
literature (see, for instance, Hanemann (1984) or K. Train (1986) for a discussion of
the micro-foundation of that class of model).

Instead of specifying the demand system in a reduced-form way (as in Crawford,
Pavanini, and Schivardi (2018) for instance) or fully specifying the maximization
problem (see appendix C.5.1), we instead use a method developed in the discrete-
continuous demand system literature. That is, we first parametrize the indirect utility
function of borrowers at the optimal loan size for a given choice of product. We then
derive the loan demand and product choice using optimality conditions: the borrower
chooses the product ¢ that maximizes its indirect utility, and the optimal loan size

functional form is derived using Roys’ identity.
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In the following paragraph, we discuss the parametrization in light of the discrete-
continuous literature. For those that are sceptical about the discrete-continuous ap-
proach, the same functional form used in this paper can be derived using a reduced
form approach assuming that the default function, the log loan demand (1.3) are
linear in their arguments, that borrowers’ utility function in linear in contract terms
and assuming that how borrower value contract terms is a linear function of the loan
demand and default (see equation (1.5) bellow and the associated discussion).

In addition to being theoretically grounded, the approach taken in this paper
has two advantages. First, it allows for mitigating the selection bias in the estima-
tion (discussed in section 2.6 and in Table B.8). Indeed, since the choice of loan
amount and contract derives from the same utility maximization problem, the de-
mand system’s coefficients should be correlated. As shown in (K. Train (1986)), this
correlation can create selection bias in the quantity regression. This happen if, for
instance, someone with a high unobserved propensity to borrow may also compare
products more intensively (i.e., a higher unobserved price elasticity). Comparing the
average loan size of a similar contract price differently thus captures the direct effect
of the rate on loan demand but also the fact that borrowers with a high propensity
to borrow tend to choose cheaper contracts. In our empirical exercise, we show that
this method doubles the size of some product characteristic coefficients (Table B.8).

Second, this semi-reduced-form approach avoids having to explicitly model the
underlying heterogeneity and actions in the structural model. As a result, the es-
timation relies on revealed preferences only and is robust to the underlying model
driving borrowers’ expectations or the borrower being credit-constrained due to an
income multiplied for instance. This approach is traditional in the empirical literature
on adverse selection (see, Chetty and Finkelstein (2013), Landais et al. (2020)).

We innovate with respect to the literature by generalizing the utility functional
form used in K. Train (1986). This is done for two reasons (see Appendix C.1.1 for
the derivations and the equation below for the indirect utility). First, the traditional
functional form may not be adapted to financial markets. Indeed, applied directly,
it implicitly implies that the bigger the loan size, the more utility one derives from
the loan product. This assumption might not be true in the lending market as a high
LTV makes the borrower put less of his own money into the house. It then forces the
borrower to borrow more to buy the same house, and the costs in terms of reduced
consumption in the future may be too high.

The second reason for the departure from K. Train (1986) is purely technical.
As shown in the next paragraph, our assumption allows a classic linear logit model
and linear loan size demand functions with correlated parameters. This simplifies the
estimation through reduced computation time and also simplifies the counterfactual

analysis via both reduced computation time and the uniqueness of the interest rate
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equilibrium. As mentioned in Wollmann (2018) and Einav, Finkelstein, and Mahoney
(2021), those technical limitations are central issues when it comes to the counterfac-

tual estimation.

Key parametrization: One of the key parametrization is the indirect utility
(Vi(e,b)) and the expected default probability given the borrower information set
(Eldic|Z]):

unobserved contract characteristics  borrower’s characteristics

Vi(e,b) = BievXep + tieprep + Eeb + uD; + € +Eich; Eich ~ EV
(1.4)
With : (5@'067 aicb) = fcb(chver) + MDz + 51137 BZP ~ N(Oa 0(21) (15)
Containsg[dicbﬂf]
and E[dzcb|I'LB] = ﬂdi(chyrcb) + VdiDi + PIZd + eiEd
—_—

borrower’s private information about default probability

(1.6)

The main objects of interest for screening in equations (1.5) and (1.6) are the
correlations between default probabilities and borrowers’ characteristics (D;), and
the correlations between borrowers’ unobserved preferences heterogeneity (@P ) and
the private information about borrower baseline default probability (PI;). This is
relevant because when preferences (B, iep) are heterogeneous, banks can influence
the average characteristic (D) and preference (3F) of borrowers choosing a given
product'® by changing their contract menus. For instance, high default borrowers find
it relatively more costly to provide a high level of down payments for each additional
unit they borrow, then low LTV contracts attract unobservably safer borrowers and
can be offered at a lower price. An in-depth discussion of the model parameters is
provided in section 2.6 and in Appendix C.1.

Once the demand and supply parameters estimated, we then parametrize the net
present value of lending (NPV) and the fixed cost (F) functions. We use the model
optimality conditions together with data on menus offered and estimated demand
parameters to recover the supply parameters. The supply model assumptions are
discussed in section C.1.3.

The identification and estimation of the model parameters are discussed in section
2.6.

In the counterfactual simulations, we change fundamental parameters, such as
the information set of lenders and use the maximization problem, to recover the new

15. Given that banks do not offer a different price based on D; in the UK, observable characteristics
also drive the menu design.
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equilibrium. The counterfactual section 1.7 presents the main empirical results and
also provides a graphical illustration of the main mechanism at play. A more general

analysis is provided in Appendices C.9, C.10 and C.11.

1.5 Identification and Estimation

This section discusses the identification and estimation of the model parame-
ters defined in section 2.4. Recall that D; is the vector of borrower i’s observable
characteristics, I';.p is a vector of parameters driving how borrower i values the char-
acteristics and the price of contract ¢ at bank b, and M; is the set of contract menus
offered to borrower i. The parameters to be identified are: (i) the moments of the
distribution of the product and loan demand elasticity conditional on borrowers’ ob-
servable characteristics (E[L';|Ds, Mi, 1 choose cb], V[L'i|Di, My, i choose ¢b)); (ii)
how borrowers’ default probabilities vary with contract terms (Bd), with observable
borrowers’ characteristics (v?), and with borrowers’ demand elasticities (p?); and
(iii) the lender-product-specific unobservable marginal costs of lending (mcg), and
the lender-specific fixed costs of introducing or withdrawing a new type of contract
in their menu (Fp).

We collect all the parameters into the vector © := (0P, 0% ©%) where OF :=
(©F,0%) denotes the demand parameters related to the product demand (©F) and
the loan demand (©). ©7 contains the default parameters (3%, 1%, p?) and ©° the
supply ones (mc, F). The elements of ©F and © are defined in the relevant sections.
Each following section — demand (section 1.5.2), default (section 1.5.3), and supply
(section 1.5.4) — focuses on the identification and estimation of their respective ©

element.

1.5.1 Econometrician information set and parametric assumptions

Econometrician information set: The econometrician observes each borrower i’s
choice of contract (¢;, b;), their characteristics (D;), the amount borrowed (L., ), the
set of banks operating in the market (B) and the price and characteristics of each
product c offered by each bank b if borrower i were to choose it M := (X, Tep)cbep-
The econometrician also observes whether borrower i defaulted on their mortgage
contract before 2020 (d;.,;) and the origination date of the loan (¢;).

Some of the product and borrower characteristics are observed by banks but not
by the econometrician. When necessary, we denote the observable characteristics with
a superscript o and the unobservable characteristics (by the econometrician only) by

the superscript u.

16. There is no i index as the pricing is independent of i in the UK mortgage market.
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The econometrician does not perfectly observe the subset of menus available to
each borrower i (M; < M). In particular, borrowers’ loan applications and banks’
rejections of the applications are not observed.

The econometrician information set is defined as ZF := {M, (D;, S Pip, ¢i, bi, Lic;b, » dic;; )i }
where SPy, is the subset of the (indexes) contract available to each borrower i. We
discuss how SPj, is constructed and how it affects the identification in the relevant
section. For convenience, we introduce the econometrician information set prior to

the borrower’s choice of contract: ZE5 := {M, (D;, SPy);}.

1.5.2 Step 1: Demand

In this first step, we use contract choice data to identify and estimate borrowers’ het-
erogeneous demand elasticities. We thus capture banks’ ability to screen borrowers
along their outside option. For instance, lenders can benefit from screening if bor-
rowers that tend to choose high LTV contracts also tend to compare less intensively
products across banks and are thus less price elastic.

The demand parameters (©F, ©1) are identified and estimated using the cross
section for a given month. We first provide an overview of the identification and

estimation process and challenges before explaining them in detail.

Identification of the product choice parameters

In this section, we describe the identification strategy and the estimation approach for
the parameters driving borrowers’ choice of product (i.e., the choice of a combination
of LTV, maturity, fixed rate, fees) and bank. Borrowers’ choice is based on a mixed
logit model (see Nevo (2001) for a supply and demand approach based on a mixed

logit demand model in the cereal industry).

Product choice equation: Given the parametric assumptions on the indirect
utility, the loan demand and the default regression discussed in depth in Appendix
C.1, the probability of borrower i choosing contract ¢ at bank b can be written as the

following (mixed) logit model. It allows identifying the indirect utility parameters
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(Vi(e, b))
Pr(i chooses cb|ZE, 07, 8F) (1.7)
@i(,y)
i=Pr(cb € argmaxyesp, sesp,, ) {BiXey — Ailay + &ay +6mg}|zg’ eF, 8P
Vi(e,b)
u;(c, b . L
= exp(ti(c, b) )N , when €, iid and EV distributed
ZyEB ZxESPiy eXp(ui (:C, y))
with B; := B +viD; + B (1.8)
i i=a+vlD;+af (1.9)
B = (8%, af) ~ N (0,97) (1.10)

where the product demand parameters are denoted O := (8, o, v¥, v, QF | (€) p)-

B; and «; drive how borrower i values product characteristics and prices. We
loosely refer to them as borrowers’ preferences. 3; and «; refer to the part of the
valuation that is not a function of contract terms (i.e., borrower i values product
characteristics and prices according to Biey := Bi + fen(Xeps Tep)). The elements that
do depend on contract terms (i.e., fop(Xep,7ep)) are absorbed by the bank-product
fixed effect &q.

As acknowledged by the notation of equation (1.3) and discussed in section C.1.2,
B; and «; are potentially a function of borrowers’ default probability, the cost of
defaulting — which depends on the loan being recourse or not — or how much the
borrower values housing relative to consumption and how much savings the borrower
has. For instance, high default may be less sensitive to the face value of the debt if
borrowers expect that they will not have to repay it fully upon default (for example,
if the loan is non-recourse).

vl = (WE,ul) are parameters capturing observable heterogeneity in borrowers’
preferences.

BiP is a random coefficient modeling unobserved heterogeneity in borrowers’ pref-
erence. It is a key parameter for screeningas it potentially contains information
about borrower i’s unobserved baseline default probability. 4% also contains borrow-
ers’ characteristics that are unobservable by the econometrician but observable by
banks.!”

The ratio % represents borrower i’s willingness to pay for a characteristic. Indeed,

if a bank proposes a new high LTV contract, borrower i would be happy to take it

(i.e., its utility would increase by taking the contract) as long as the price increase is

17. If the model is misspecified, this term includes the misspecification error terms as well.
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below the borrower’s willingness to pay. Formally, borrowers accept the new contracts
if U(L(LTVa);79, LTV,) = U(L(LTVy);1m1, LTV}) < %(LT‘/Q —LTV}) > (rg —r1).

&ep is a product bank fixed effect. As discussed in Appendix C.1.1, it captures the
part of the average indirect utility that comes from unobserved (by the econometri-
cian) contract characteristics.

€icp 18 the demand shock. As discussed in Appendix C.1.1, it contains borrower i’s
deviations from the average borrowers’ valuation of unobserved product characteris-
tics and bank shocks. We assume that E[Ui_lsicb\ch,rcb, Bi, ;] = 0 so that Jl-_lé‘icb
represents the part of borrowers’ demand that cannot be screened by banks when
they use product characteristics (X, r.) only (cf. proposition 1). The potential iden-
tification threat caused by this assumption is discussed in the following paragraphs.

S Py, is the subset of (indexes of) products available to each borrower at bank b.
We describe how it is constructed in the identification challenges paragraphs. We

denote it S Py, to distinguish it from the actual one, P, used by banks.

The distribution of the interest rate coefficient («;) — or its moments, in our case
— can be identified from banks offering the same product at different interest rates.
The coefficients in front of product characteristics are identified from the pricing
schedule of banks along the relevant dimension (max LTV, fixed rate, maturity, fees).

In the following paragraphs, we discuss — first informally, then formally — how
variables that are unobservable by the econometrician such as borrowers’ character-
istics, product characteristics and preference heterogeneity for those characteristics
and rejection of mortgage application may challenge our identification and how we
address them. The identification is formally discussed in Appendix C.11.1 (for a lin-

earized version of the model) or in Fox et al. (2012) (for a standard mixed logit model).

Overview of the methodology:

Figure 1.1 provides a visual representation of the mixed logit identification strat-
egy and its challenges. For simplicity of the exposition, we set demand shocks (€;qp)
to zero, consider only one bank b, and plot on the (LTV, interest rate) plane the
following objects: borrower i’s indifference curves and bank b’s pricing schedule for
LTV, taking other contract characteristics as constant.

The object of interest is the slope of the pricing schedule curve at borrower i’s
optimal contract choice. The slope provides information about borrower i’s willingness
to pay for LTV (i.e., %) For instance, absent the demand shock €;4, and under a

3

continuous and convex pricing schedule,'® the slope is exactly equal to %lq The

18. In our setup, the pricing schedule is convex.

19. A maximization problem of the utility @;(c,b) with a continuum of product yields that the
willingness to pay is equal to the slope of the pricing schedule at optimum (for an interior solution
and under convexity of the pricing schedule for all valuable product characteristic X).
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intuition is that if a borrower chooses, for instance, a 85% LTV loan while he had
access to a 90% LTV loan for an interest rate increase of 100 bps, it must be that his
willingness to pay for a 5 percent LTV increase is below 100 basis points.

Given that we observe the pricing schedule for each bank and product character-
istic, as well as each borrower choice, we can recover or bound the distribution of
willingness to pay (%) for each contract term from the slope of the pricing schedule
of banks at borrowers’ optimal contract choice. Similarly, we can recover the level of
product demand elasticity (a;) from banks selling similar products at different prices.

The simplifying assumptions made in this overview about the demand shock €,
being equal to zero — that is, the fact that there is a continuum of products and
only one bank — does not affect our identification strategy. The demand shock
distribution is fixed and independent of borrowers’ preferences, so a deconvolution
argument allows to back out the parameters % from their contract choice. Dealing
with discrete choice requires doing an interpolation. For instance, one can use a linear
interpolation of the pricing curve and use the left and right derivatives as bounds.
The logit model is a particular way to construct the pricing schedule and do the
interpolation when there are multiple product characteristics and lenders as well as

a discrete number of products.

Interest rate

Pricing schedule

Product chosen Indifference curve

T
i
| Willingness to Pay
i

LTv* TV
Calculate borrower’s WTP from their choice of product

Calculate borrowers’ price elasticity from banks’ market share for the same products

FIGURE 1.1: Revealed preference approach

The product choice identification presents three main identification challenges.
The first two come from (i) the unobserved contracts’ characteristics (for instance,
marketing expenses) that are potentially correlated with rates or (ii) the correlation
between unobserved preferences for observed and non-observed contract character-
istics (for instance, characteristics arising from both of them depending on default
probabilities). In Figure 1.1, this would mean that the pricing schedule slope is too
flat or too steep as other contract terms move with LTV. The third one is caused
by the (unobserved) rejection of borrowers’ applications based on unobserved vari-
ables by the econometrician but observable by the bank (referred to as consideration

set bias). In Figure 1.1, this means that each point in the pricing schedule slope is
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not actually available to the borrower. This biases the result if the econometrician
wrongly includes in a borrower’s choice set a contract with attractive features—for
instance, a high LTV-—that was in practice not available to the borrower. In our
example, this inclusion tends to downwardly bias the willingness to pay estimates for
LTV to rationalize that the borrower did not choose the high LTV contract.

To deal with the unobserved product characteristics and rejection thresholds, we
use an instrumental variable approach together with bank and product fixed effects.
As in Benetton (2018) or Robles-Garcia (2019), product-specific capital requirements
are used as cost shifters. The consideration set bias is dealt with using a sufficient
set approach, as in Crawford, Griffith, Iaria, et al. (2016). This approach shows that
taking a subset of the menu for which banks’ rejection is independent on variables un-
observed by the econometrician restores the consistency of the estimates. The choice
of subset is subject to the econometrician’s judgment. Since a failure of the sufficient
set correction would lead to a downward bias of the WTP LTV estimates, our main
results about the LTV distortion level and the cost of those distortions should be

interpreted with caution as a lower bound to the true effect.

Identification challenges: Let us now formally discuss the identification chal-
lenges. The main parameters of interest in ©F := (3, a, 7, QF (£4)e) are the mean
coefficients (3, ), the observable heterogeneity coefficient (v') and the variance of
the unobservable heterogeneity component (QF). The coefficients (v') do not need
to have a causal interpretation as we are interested in how lenders can use them as a
proxy for borrowers’ demand elasticity.

Challenge (i): to make the identification threat concerning the mean coefficient
(8, ) salient, let us rewrite as in Nevo (2001), the logit model using the bank-product
fixed effect (0.).2" As shown in Fox et al. (2012), the parameter d. can be identi-
fied from product choice data and then regressed on (X,r) to recover the average
coefficients. In that second step, & are residual terms and can be interpreted as

unobservable product characteristics. By definition, d. is equal to

S = Eiltii(c, )| TF] = BXG, — ara, + Eeb
(S — ~——

Average ef fect ~ Contains: XY

The potential identification threat thus comes from unobserved product char-
acteristics (X%) that are not captured by the bank dummies and correlated with
observed product characteristics’ levels and interest rates (X9, 7). The correlation
can be a result of, for instance, banks promoting a particular product via higher
broker commissions (X)) and passing through the marketing expense to the product

20. Using the bank-product fixed effect also limits the threat that the heterogeneous component
(ei) contains adverse selection information.
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interest rate (r.). This creates a positive correlation between the interest rate of
the product and the unobserved product promotion, which would upwardly bias the
estimates of the interest rate coefficient (—«). To mitigate this concern, we use the
bank fixed effect and instrument rates with a cost shifter, as in Benetton (2018) and
Robles-Garcia (2019). In particular, we exploit the variation in risk-weighted capital
requirements both across lenders and across LTV levels within lender (henceforth
denoted as Z). Our empirical strategy thus controls for differences across lenders that
are common among products (lender shocks) as well as differences across products
that are common across lenders (market shocks).

Challenge (ii): let us now look at the identification threat concerning the variance
of the random coefficients (7). To make the identification threat clear, let us explain
why we impose the assumption about g, being independent and identically EV
distributed in equation (1.7). A more theoretically founded assumption on the error

term would be as follows:
Eich := PTUXY + 5iEicp, With & iid and EV distributed (1.11)

Let us further consider that the unobserved heterogeneity associated with unobserv-
able product characteristics (87%) is correlated with the one associated with ob-
servable product characteristics (ﬁip ). Formally, we assume that, conditional on
(€2, X°,1°), & follows an extreme value distribution with mean peﬁZP Ong,Ql and
draws are independent across borrowers and products. With that assumption, one
can, without loss of generality, normalize &; to 1 for each borrower (in that case, o
will play the same role as 7;). The probability of seeing borrower i choose contract ¢

at bank b is thus

Correlated preferences bias

———
exp(ti(c, b) + "B XG,

ZyeB ZmePiy 6xp(ui (%, y))

Pr(i choose cb|ZE, B, P;) = f )ngPo (872 0F)

The variance that is identified for the 2" element of X9 (denoted x) is thus

gb E :
X 175, B, P,] (1.12)
x

. >

V, = V[BP[ZE, B, P] + V[p* AP

~
Correlated preferences bias

The bias thus comes from a correlation between preferences for observable and

21. This functional form p°BF°XY% arises when error terms (8%, 3F°) are jointly normally dis-

tributed. The variance assumption does not matter as it scales the value of the preferences parameters
by the same amount.
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unobservable product characteristics (ef and e;). The correlation exists if, for in-
stance, more price-elastic borrowers are also pickier about better customer service
quality (an unobserved characteristic). The possibility of correlated preferences has
not been the focus of the literature. Following the IO literature, we assume that
p° = 0 in the main model and thus go back to the assumption written in equation
(1.7). To verify this assumption’s validity, we check whether the random coefficients
associated with the observable product characteristics are correlated. We find that
there is no correlation conditional on observable borrower characteristics. We pro-
vide in Appendix C.11.1 an alternative new methodology to mitigate this concern in
a linearized version of the model.

Challenge (iii): the last concern comes from loan application rejections being un-
observable. This is an issue to the extent that the econometrician cannot reconstruct
the true choice set of borrowers from the choice of observationally equivalent bor-
rowers. This happens if banks reject borrowers’ applications based on information
that is observable by banks but not by the econometrician (for instance, soft infor-
mation or credit history). Following Crawford, Griffith, Iaria, et al. (2021), we show
in Appendix C.12 that the bias results from including in the menu a contract that
borrowers would have chosen if it had been offered to them.?? For instance, wrongly
including a cheap high LTV contract in a menu tends to downwardly bias the will-
ingness to pay for LTV estimates to rationalize that borrowers did not choose the
contract.

As shown in the consideration set literature (see, for instance, Crawford, Griffith,
Iaria, et al. (2021)), this issue can be dealt with by using a subset (denoted SP)
of the contract menus truly available to borrowers. We provide in Appendix C.12
a sketch of the proof, including the case with random coefficients. The random
coefficient inclusion requires the additional assumption that the random coefficient

draws should not affect SP. Formally, the bias can be written as

unobserved rejection bias
~ —_——
exp(;(c,b) — In(m;)
Z.Z‘ESB ZCESPZ 633])(1%(6, $))
ZxESBmB ZceSszPm' €Z'p(fbi(c, b))
Z.Z’EB Zcmei exp(ai (C’ b))

Pr(i choose cb|ZE, p° = 0) = J )dFeo(e; 0)

with : In(m) := In(

)

as In() is equal to 0 when the subset SB ¢ B, SP,; c P,;.
We construct individual subsets of menus in the following way. First, we divide
households into time periods (months) and geographical regions. We assume house-

holds in each group can access all products sold by banks during that period but not

22. This is slightly more general than loan rejections as it includes expected loan rejections as well.
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those sold in other periods. The time restriction accounts for the entry and exit of
products. The geographical restriction mostly affects building societies and smaller
banks because they often have limited coverage across regions.

We then impose additional restrictions. For each product, we select the oldest
households. We then assume a household will not qualify for that product if it is
older than the cutoff value. This restriction is based on a commonly used affordability
criterion.

We also restrict households that received a product from the biggest eight banks
to the menus offered by those banks. This restriction captures the fact that some
borrowers may not consider smaller banks when shopping. Similarly, we consider
that borrowers that received a product from fringe lenders are restricted to menus
offered by those lenders. This is rationalized by large lenders being stricter in terms
of compliance resulting from regulatory oversight. As a result, some some borrowers
— for example, self-employed workers — may only be able to borrow from fringe
banks specialized in lending to them. We also restrict the product maximum LTV
of each contract belonging to a borrower menu to a maximum LTV category just
above and below the chosen product. This limits the concern over a borrower not
having enough of a down payment to select another product category and mitigates
the threat of rejection based on borrower characteristics that are not observable by

the econometrician.

Moments: Denoting the parameter to be estimated using the logit model 6 :=
(8ep, v¥,QF), the product demand parameters (OF := (3, a,v", QF (€4)w)) can be

identified and estimated using the following identification conditions:

ii(c, b))
E[14; choose et |T2,0,p° =0 :j exp(ii(c, dF,»(57.0)  (1.13
Ui choose e V= ) S on Saesn, exn(uita g om0 (113)
E[(Scb - (/Bch - O&?“Cb) ‘IE, 07 Z] =0 (114)
s

The first moment identifies 8, and the second moment allows us to identify the av-
erage preferences (3, ) and the unobservable contract characteristics . Z is the

instrument used for interest rates.

Estimation procedure: The logit model is estimated using a two-step approach,
as in K. E. Train (2009). The parameters of equation (1.13) are estimated using the
simulated maximum likelihood procedure, as in Berry, Levinsohn, and Pakes (1995)
or Nevo (2001). Based on the moment condition (1.14), we use an instrumental vari-

able approach to estimate the interest rate and the product mean coefficients (3, a).
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We replace 6., by the estimated product-bank fixed effect Sd, taken from the first

step. The standard errors are calculated using a bootstrap method.

Identification of loan amount choice parameters

In this section, we describe the identification strategy and the estimation approach
of the loan amount choice. The borrowers’ choice is based on a random coefficient

linear model.

Loan choice equation:

L
ich

In(Liy) = BiXich — @iy + vED; + €
with B; = f + 0% Di + B;¥,
&; =&+ kD + fr,

Bl = (BY.B)) ~ N(0,05)

B; and @&; parameterize the loan demand heterogeneity with respect to product
characteristics and prices. Those parameters are a function of observable and unob-
servable heterogeneity (respectively, v4D; and BZL ).

(BlL) are random coeflicients that are correlated with the product choice coeffi-
cients (BZP ) to capture the fact that the demand and product choice derive from the
same maximization problem (1.2). For the reasons discussed in C.1.1, we consider
that ( iP , BlL ) follows a joint normal distribution with mean zero to address the po-
tential selection bias that can arise in the loan choice equation estimation. It follows
that E[5Y|3F] = TR P where ¥ 5. captures the correlation between AL and gP.2

v parameterizes how the loan demand for a given contract varies with borrowers’
observable characteristics.

As in the product choice equation, the error term eich contains unobserved product
characteristics and deviations from the average loan demand coefficients.

Conditional on the choice of product coefficient ©F being identified, we can iden-
tify ©F := (B,ﬁX ,a, ", %, vl using loan size data. The correlation coefficient X
is identified from variation in incentives to choose a given product (for instance,
changes in the interest rate spread between similar product categories or borrowers
facing different menus). We discuss the identification assumptions of the correlation
coefficients more in detail in the default probability sections as they are the centre
of the default regression analysis. For a given correlation coefficient X, the contract
and borrower characteristics coefficients are identified by comparing the average loan

23. X51 is the product between the covariance matrix and the inverse of the variance of the condi-
tioning variable.
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size of observationally equivalent borrowers that choose contracts that are similar in
all but one dimension — for instance, interest rates. In this section, we focus on how
allowing for correlated coefficients (via ) mitigates the selection bias caused by the
simultaneous decision of loan size and product choice. The endogeneity of interest
rates is dealt with using the same instrumental variable approach as in the product

choice estimation.

Identification challenges: Let us now formally discuss the identification chal-
lenges. The loan choice regression features a selection bias problem. It happens when,
for instance, borrowers with a high unobserved propensity to borrow tend to compare
products more intensively and thus choose cheaper contracts.

This issue is dealt with by explicitly modeling how the selection occurs. Tra-
ditionally, this is done using the structural discrete-continuous approach, as in K.
Train (1986). This approach is developed for the logit model instead of the mixed
logit model (i.e., the random coefficient logit), and we impose the restriction that the
product and quantity parameters are the same (5 = B) As discussed in section 2.3,
we modify the indirect utility functional form used in K. Train (1986) to adapt it to
financial markets. In our setup, the selection bias is thus captured by the correlation
between the random components of the loan demand equation (i.e., BZL) and those of
the product choice equation (87).

Formally, given the model specification and using the fact that the random coef-
ficient variables (37, BZL) follow a multidimensional normal distribution?, as well as
the assumptions that the demand shock (g;,) does not give any information about

the loan size demand, the loan size equation (C.3) can be rewritten as

E[In(Liw)|ZE,i choose cb] = (ﬁ~ +vED) Xiw, — (B + vED)riey + vD; (1.19)
+ E[eF|TE, i choose cb]
sbich

+ E[S5x - B Xieh + X - B - ri + Ser - B |TF, i choose cb]

Selection bias

The above expression formalizes the idea that not controlling for borrowers’ pref-
erences (BZP ) can lead to a bias when borrowers that tend to choose a particular type
of contract consistently have a higher or lower than average demand elasticity (i.e.,
when E[BF|M;, D;,i choose cb] # 0 and % # 0).

> is identified by variation in the average unobserved heterogeneity conditional
on product choice (i.e., variation in E[BF|ZE, i choose cb]) holding contract ¢ at bank

b terms constant. E[BF|Z5,i choose cb] varies with the product characteristics or
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interest rate spread between product ¢ at bank b and the products of its competitors.**

. is thus identified using variation in contract terms and prices other than contract
c at bank b, keeping the terms and prices of contract ¢ at bank b constant.?”

For a given X, the average coefficients (8, a,v) are identified by comparing the
loan size of observationally equivalent borrowers borrowing using contracts that vary
in X and r.

As in the product choice, one might worry that the unobserved product charac-
teristics are being correlated with interest rates. We thus use the same cost shifter

to identify the rate coefficient.

Moments: The loan size demand model can be identified and estimated using

the following identification assumptions:

E[ ich — (,8 + VXD ) Xich — (5 + VTLDi)TZ'Cb —vD; — sz‘ch |I£, Ly, Z,i choose cb] =0

el

(1.20)

where 7 is the instrument used for interest rates and sb;. is the selection bias

correction term defined in equation (1.20).

Estimation procedure: Given consistent estimates for ©F — taken from the
product demand estimation and denoted OF — we construct a consistent estimate of
E[BF|ZE,i choose cb]) by using Bayes’ rule and the estimated preferences coefficients

of equation (1.13) to get

5" Prob(i chooses cb |I]§, er, gr)

. F(BF:QF) (1.21
Prob(i chooses cb |ZE,07F) (8 ) 12

E[ﬁﬂlg,i choose cb] = J
Prob(i chooses cb |ZE, ©F BF) is defined in equation (1.7). Prob(i chooses cb |ZE

is given by integrating Prob(i chooses cb |Z5, 07, B8F) over B¥ using the cumulative
distribution function F(8F;67).

2. BBMTE  choose o - §prTdees IEEOTD parior)  ang

Prob(i chooses cb |IP,@P7 BF ), given by equation (1.7), depends on the spread between con-
tracts only (Ze?;f(;(;(magiz) o m«ﬁXI oml”z)f(Bcha'rc)) ). Prob(i chooses cb |ZE, ©F) is given by
integrating Prob(i chooses cb \IP,@P, /31 ) over ,8

25. Let us consider the menus M and M where M is composed of the same contract as M except that
all product prices, save for the one indexed by cb, increase by a given positive amount. To simplify
the notation, let us assume without loss of generality that Eﬁg“ = Y.z = 0 In that case we have

Ei[In(Lie)|M, D, i choose cb]— Ei[In(Lis)|M, D, i choose cb] = Y5x -E[BF-|M, D, i choose cb] X e —
Y5x -E[BF|M,D,i choose cb] - Xieo. As E[BF -|M, D, i choose cb] # E[BF - |M,D,i choose cb], we
can identify ¥x.

,6F)
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We then use an instrumental variable approach to estimate the loan demand
coefficients 2 based on the moment condition (1.20).

The joint estimation of the product and loan demand is computationally demand-
ing as it would require iterating on the estimate of E[3F|ZE, i choose cb] for each 67
For this reason, we estimate the product and loan demand separately and calculate

the standard errors using a bootstrap method.

1.5.3 Step 2: Default probabilities

This section discusses the identification and estimation procedure of the default pa-
rameters (©%). We present the econometric model, highlight the identification chal-
lenges, and discuss the estimation procedure. The default parameters are identified
and estimated using the cross-sectional variation and the variation in the month of

the mortgage origination.

Borrowers’ default equation: From the micro-foundations presented in Ap-
pendix (C.5), How borrowers value contract terms Iy 1= (b, Bich, Qich, Bicy) might
be a function of the default probabilities. Indeed, risky borrowers might be less sensi-
tive to prices if they expect that they won’t be forced to repay the full face value of the
loan upon default. In that case, a; would be a decreasing function of default. Alter-
natively, instead of being a default function directly, “price elasticity” «; and default
probability d; might be influenced by the same fundamental parameter. For instance,
a borrower with greater financial sophistication might find it less time-consuming to
compare products and thus may end up with a cheaper product. The same borrowers
might be more likely to make better financial decisions in general and thus may have a
lower baseline default rate. For those reasons, we model default probabilities® (d;)
and preferences [';, the following way. Using the superscript o to denote the variable
that is observed by both the econometrician and banks and the superscript u for the
variable observable by banks only, the default model (d;s) for borrower i choosing
contract ¢ at bank b has a default probability is:

26. The logic behind our approach is as follows. The default probability is a function a of monthly
repayment, the cost of defaulting and losing the house, the borrower’s future income profile and the
borrower’s propensity to save. The loan size is an endogenous variable, so we replace it by its function
defined in C.3. We linearize the expression around the contract and borrowers’ characteristics. Then,

we explicitly acknowledge that the choice of contract and loan size depends on default in equation

(C.8).
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Default probability from borrower i point of view:

borrower’s private information
/—’%
dicty = Oti + BY X, r3) + 9Dy + p PI 4 &, (1.22)
Default probability from the econometrician’s point of view:
dzcb = 5t + ﬁd( cbr cb) + VdDO pd iIZb + e?cb (123)
~— ~——

contains: PI* and D¥  contains: fudX¥

d;ep 18 equal to 1 if borrower i has been in arrears by the end of 2019. t; is the
origination date of the mortgage acquired by borrower i, § is the parameter associated
with t. % captures the causal impact of the contract terms (ch,ri;')) on default
probabilities due to moral hazard or burden of payment. rfj} is subindexed by the
origination date as the pricing of product ¢ at bank b may vary with the origination
date.

v parametrizes how the baseline default probability varies with observable bor-
rower characteristics (D;), p? parametrizes how the baseline default probability varies

with unobservable borrower characteristics.
d

el represents, for instance, the characteristics of borrower i (observable by the

lender) that influence default but are not considered by borrowers when they make
their loan decision (i.e., they do not enter I'; and cannot be recovered by banks).

3P, .= E[BFP|ZE, i choose cb] = E[pPI; + vPDYIE, i choose cb] is the estimated
average borrower preference given the menus offered by lenders and the choice of

contract of borrower i, and ﬁip is defined in section 1.5.2.

Conditional on the choice of product coefficients ©F being identified, we can
get an estimate of ﬂ b usmg the procedure defined in section (1.5.2). We can then
identify ©¢ := (84, 6%, v%, p?) using default data. Similar to the selection bias terms in
equation (1.20), the correlation vector p? is identified using variation in incentives to
choose a given product (see footnotes 24 and 25 for a sketch of the proof). Incentives
to choose a product vary with, for instance, changes in the interest rate spread over

2T The mortgage origination coefficient is

time between similar product categories.
identified from the month in which menus do not change. Given p?, the contract and

borrower characteristics coeflicients are identified by comparing the average default

, Prob(i ch b|ZE,0F,8F)
27. Indeed, E[BF|ZE,i choose (| = § 8" ::me(Cl :}ij:ez C‘b ‘PIE =) dF(B7;QF) and
Prob(i chooses cb |IP,®P752 ), given by equation (1.7), depends on the spread between con-
ex Xce—are) . . .
tracts only (L e’;f(ﬂxr P Ll ew((ﬁxm_a”) BX—ar. ))) Prob(i chooses cb |ZE, ©F) is given by

integrating Prob(i chooses cb |Z5, 0T, 8F) over gT.
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of observationally equivalent borrowers that choose contracts that are similar in all
but one dimension — for instance, interest rates.’®
In the following paragraphs, we focus on how banks’ rejection of loan applications

can challenge the identification of p?.

Overview of the methodology: Throughout the example in this section, we
consider that the effect of the origination date on default (4) is known as it can be
recovered from periods in which menus did not change. Without loss of generality,
we set it to zero in this methodology overview.

The p¢ parameters are identified by comparing groups of ex ante observationally
equivalent borrowers that choose the same product at the same price but at a time
when incentives to choose the contract are different. We fix contract terms and price
controls for the impact of moral hazard or burden of payment on default (captured
by B4(X5,, Tfj))/ ). The variation in incentives to choose the contract affects the level of
adverse selection in each group (captured by the average preference parameter Bicb)-

Figure 1.2 provides a visual representation of the identification strategy. We
consider a simple case in which only two products are offered in the mortgage market
and all products are offered by the same bank. We drop the bank index in the
notation and index the contract by ¢ € {1,2}. Contracts are identical in all but
one dimension: contract 1 has a higher maximum LTV. We have two groups of
observationally equivalent borrowers (i.e., D is constant across i). Each borrower
group makes its contract decision in a different period (¢; = 1 for the first group
and t; = 2 for the second). We assume that the price of contract 1 varies with the
origination date t; but the price of contract 2 does not.

Based on the origination date and the contract chosen, borrowers are categorized
into four subgroups. We index each subgroup by g € {1,2,3,4}. We observe the
average default of each subgroup (d,), and we can estimate the average preference (Bg)
of each subgroup using the method presented in section 1.5.2.?Y For simplicity of the
exposition, we consider the case in which the distribution of the borrower’s unobserved
preference (37) is constant across time periods. In figure (1.2), we represent borrower
i’s preferences (37) by the colour of the borrower’s avatar.

In our example, p? is identified by comparing borrowers that choose contract 2 in
period 1 (group g=2) and period 2 (group g=4). In figure 1.2, we illustrate why the
average preference groups 2 and 4 are different. The borrowers in red have a higher

28. Alternatively, given J, the contract coeficients can be recovered from an increase in the interest
rate of all contracts. Variations in the interest rate r., — while keeping the interest rate spreads
constant — keep the incentives to choose a given contract unchanged (E[S]|ZE,i choose c] does not
vary) but change the burden of payment of the borrower (3%.).

29. In this example with two products only, we can identify separately for each period the mean

and the variance of the random variable 8 := [?L% where Brrv is the preference over the max LTV
of the contract. See, for instance, C.11.1 for a proof using the linearized logit.
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willingness to pay (WTP) for LTV compared to the borrowers in green but have a
lower WTP relative to the borrowers in black. As a result, in period 1, when the
interest spread between products is low, the borrowers in red and black choose the
contract with a high LTV (contract 1), but the borrowers in green choose contract 2.
However, when the price of contract 1 becomes too high relative to the price of con-
tract 2, the borrowers in red choose contract 2. This switching changes the average
preference of borrowers choosing each contract (Bgf ) as the borrowers in red have a

higher WTP for LTV relative to borrowers in green but have a lower WTP relative
da—dy 30

to the borrowers in black. We can thus recover pP as p? = P _pr
4 T2

Contract1 Contract2

R=2% R=1.8%

Period 1 ﬂ ﬁ ﬂ ﬂ
t_v_l \_v_l
(du, B0 (d2 BE)

R=2.2% R=1.8%

°

Period 2 ﬂ

A A
(ds,B5) (e D)

g.
E:
g.

FIGURE 1.2: Identification strategy dy — dy = p%(3F — BF)

Two identification challenges are associated with the default model. The first
one (i) comes from the fact that borrowers’ valuation of a contract characteristic is
itself a function of default. Not considering it in our specification, the identification
and estimation of 8L, := E[BF|ZE i choose cb] would bias our default estimates as
the term szb would then include information about both moral hazard (i.e., how
default probabilities vary with contract terms) and adverse selection (i.e., the private
information component of PI;). The second threat (ii) to identification comes from
the possibility that banks, relative to the econometrician, observe a larger set of
borrower characteristics and may design acceptance and rejection rules based on
those variables. This informational issue can bias the p? estimates if banks tend to
change acceptance and rejection rules along with contract terms.

Figure 1.3 gives a visual representation of the threat coming from acceptance and
rejection rules. In Figure 1.3 the borrower in red would like to borrow via contract
2 in period 1, but his application is rejected. In period 2, the acceptance threshold
changes at the same time as the price of contract 1. The borrower in red is accepted

into contract 2, but this is the result of the acceptance threshold rather than the

30. We assume that incentives to choose a given contract vary as a result of a change in the spread
between rates but that a product introduction or exclusion would yield the same outcome.
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price change. The value dy —ds = pd(Bf — BQP ) thus wrongly attributes the default to
the screening behaviour of banks rather than to the rejection policy. This is shown

formally in equation (1.25) in the identification challenges paragraphs.

Contract1 Contract 2

R=2% l R=1.8%
o o
Period 1 T ﬂ «_ Rejectedloan X ﬂ ﬂ
application

(dy, ﬁf) | (da, l?zp)

R=2.2% | R=1.8%
. - Accepted loan A A &
Period 2 T application T ﬂ ﬂ
\_v_l
(s, £ l (,14 )

FIGURE 1.3: Acceptance and rejection identification treat

We deal with potential issues (i) and (ii) the following way. As concern challenge
(i), we use a parametrization of the borrower’s valuation of contract characteristics

in section 1.5.2 so that ﬂ do not contain the part of the valuation that depends

ich
on the moral hazard or burden of payment channels. We deal with challenge (ii)
by controlling for observable borrower characteristics, using product and lender fixed
effects and an instrumental variable (IV) approach for sz We instrument Bz - using
variations in product- and lender-specific capital requirements. Capital requirements
vary at the lender and LTV level. They have been used in many papers such as
Aiyar et al. (2014), Benetton (2018) and Robles-Garcia (2019) as an instrument for
interest rates. Capital requirement decisions can be seen as orthogonal to credit risks
because they are predetermined and are often based in the UK on procedural risk
such as IT systems and organizational structures (see Aiyar et al. (2014) and Bridges
et al. (2014) for evidence). As we want to instrument for exogenous changes in the

interest rate spread between contracts, we build a measure of the spread between

capital requirements.

Identification challenges: Let us now formally discuss the identification chal-
lenges. As in the case of product choice, one might worry that the unobserved product
characteristics are being correlated with interest rates. We thus use the same cost
shifter to identify the rate coeflicient.

The coefficients (v?) do not need to have a causal interpretation as we are inter-
ested in how lenders can use them as a proxy for default rather than the causal effect
of those variables.

The coefficient (p?) associated with the unobserved willingness to pay (3/) must,

however, only be related to screening. As discussed in the above paragraph, two
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potential identification challenges are associated with p?. The first is related to (i)
disentangling moral hazard from adverse selection. The second is related to (ii) the
rejection of loan applications based on unobserved (to the econometrician) borrower
characteristics.

Concerning point (i), because of the specification of preferences BiP and the use
of bank-product fixed effects (£), Bip is uncorrelated with observable and unobserv-
able contract characteristics (X3, X% ). As a result, the coefficient B;zb contains no
information about moral hazard or burden of payment.

Concerning point (ii), the issue comes from the fact that our measure of private
information contains information about borrower characteristics that are observed by
lenders but not by the econometrician (E[PI; + v¥ D¥|ZE, i choose cb]). This is an
issue to the extent that the distribution of E[v” D¥/ZE, i choose cb] can be controlled
both with the menu design and by acceptance and rejection rules. To formalize the
discussion, let us introduce the cutoff for the rejection rule used by bank b for contract
c. We denote it (D%) and assume that borrower characteristic DY must be above
_gb for the borrower to be accepted into a given contract. Our private information

measure can thus be written as

Ei[BF|1ZE i choose cb, DY) = E;[PL|ZE,i choose cb] + v E;[DYTE i choose cb, DY)

(1.24)
~ Plig,+v"D"(M) + vP D" (D)
(. ~- ~ N———
Vary with menus only  Vary with rejection rules only
(1.25)

where D"(M) + ﬁ“(Dé‘b) is a linear approximation of the function D(M, DY) :=
E;[D¥ZE,i choose cb, D%] around an arbitrary cutoff rule and menus.

Equation (1.25) illustrates that the use of E;[8F|ZE,i choose cb] in regression
(1.23) creates an endogeneity issue when banks change their screening behavior using
contracts (for instance, by changing the spread RS) together with their acceptance
and rejection rule (DY).%!

To limit this concern, we use bank fixed effects, control for the mortgage origina-
tion date, and use a new instrument for our measure E; [,Bf |ZE i choose cb, ng]- We
instrument E; [BP|ZE, i choose cb, D%] using changes in the spread between capital
requirements. Such changes affect the spread between interest rates and, thus, as

31. Changes in acceptance and rejection rules only are irrelevant as E;[8F|ZE,i choose cb, D]

varies with banks’ pricing schedules. This point is not reflected by the linear approximation of
E;[D*IE,i choose cb, DY%].
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illustrated in figure 1.2, the type of borrower choosing a given contract. As capi-
tal requirements vary across lenders and mortgages with different maximum LTVs,
our empirical strategy thus controls for differences across acceptance and rejection
rules that are common among products (lender shocks) and differences across prod-
ucts that are common across lenders (market shocks).*” As shown in Benetton
(2018), capital requirements levels are exogenous and correlated to rates. Conse-
quently, the capital requirements spread is thus exogenous as well and correlated
with E;[8F|ZE,i choose cb, DY].

This is a variation in the incentives to choose a contract that is plausibly uncor-
related with the bank’s acceptance and rejection rule. Formally, denoting Z as the
instrument, and using the linear approximation in equation (1.25), the identification
assumption is thus

E[d;e, — 0t; — B p rfz};)' — 4Dy — Pl + VPEU(M) |ZE i choose cb, Z] = 0

-

ng

d

€ich

(1.26)

Estimation procedure: Given a consistent estimate for ©F — taken from the
product demand estimation — we construct a consistent estimate for E[8F|ZE, i choose cb])
using the procedure defined in section 1.5.2.

We then use an instrumental variable approach to estimate the loan demand
coefficients ©%, based on the moment condition (1.26).

As in section 1.5.2, the joint estimation of the demand and default parame-
ters is computationally demanding as it would require iterating on the estimate
E[BP|ZE,i choose cb] for each §F. For this reason, we estimate the product and
loan demand parameters separately and calculate the standard errors using a boot-

strap method.

1.5.4 Step 3: Supply

In this section, we describe the identification and the estimation approach for the
supply parameters (©°): the marginal costs of lending and the fixed cost of designing
a new product.

Conditional on the demand and default parameters being identified and estimated,

the supply parameters are identified and estimated using the cross-sectional variation.

32. Alternatively, the IV approach could exploit the timing of a bank-specific internal rate-based
approval as an exogenous variation in the interest rate spread between products. However, the
internal rate-based model mostly happens around 2010, period in which the PSD data feature less
information about contract characteristics.
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Parametric assumption NPV: NPV, is the net present value of lending to
borrower i via contract ¢ at bank b. The derivation of the formula is in Appendix
(D.3). As in Benetton (2018) and Crawford, Pavanini, and Schivardi (2018), we
consider that banks are risk neutral and that all borrowers refinance at the end of

the teaser rate period, and we approximate the NPV by:
NPVie := Li(c,b) - [(1 = dicy)rety — meep] Fop (1.27)

where L;(c, b) is borrower i’s loan demand conditional on choosing contract ¢ at bank
b (defined in equation C.3), d is the default probability (defined in equation C.7), r is
the interest rate, F is the fixed rate period and mcg, is the marginal cost of lending.

For convenience, we denote bank b’s gross margin when menu M is offered in the

market as:

¢ic
Z Y E o[Pr(i chooses cb M, (D);, 0, 87 Lia[(1 — dics)res — mea)|M, (Dy);]
i=1cePy

(1.28)

To simplify the notation, we drop the borrower-specific menus (Pj;) in the gross mar-
gin function notation.?* The gross margin is composed of the probability of borrower
i choosing contract ¢ (denoted Pr(i chooses cb|M, (D;);,©,8F)), multiplied by the

present value of lending to that borrower (denoted Ljgp - [(1 — dieh)Teb — mcCep))-

Model-implied marginal costs: Given the demand and default parameters
and the observed bank contract menus, we recover the model-implied marginal costs
for each bank b and contract ¢ ((mce)ep) by solving the system of equations derived
from banks’ first-order conditions with respect to prices. This approach is traditional
in the IO literature (see, for instance, Berry, Levinsohn, and Pakes (1995)). It yields

the following expression:
]\/be = (mcyp, ...,TﬁCCbb)/ = B;lAb, Vb (1.29)

where A, is a column vector composed of elements (ab),, a® := 31" | Egp ga [25:1 Or oy (Diap) (1—
dizb) b+ Gi160ry, (1 — dich)Teh) |IE ] is the impact of a marginal increase in the interest
rate of contract ¢ on bank b revenues, ¢;, := Prob(i chooses cb |Z5, 0P 0% 5F). Ly,
is the probability of borrower i choosing contract ¢ at bank b multiplied by the loan
demand of borrower i if they choose contract ¢ at bank b (defined in equations (1.14)

and (1.15)), and d;e is the default probability of borrower i if they were to choose

33. A more precise notation would replace M by (M, (P;);) in the gross margin definition.
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contract ¢ at bank b. It is defined in equation (1.23). Given the demand and default
parameters and the observed bank menus, alé is known.

B’ is a matrix of the size of bank b’s menu. It is composed of the elements
Bb, =37 Egp ga[0r,, (diys)|T¥]. The scalar (BY, ..., BY) - MCy is the impact of
changes in the rate of contract ¢ on bank b costs. Given the demand and default
parameters and the observed bank menus, Bgy is known.

Equation (1.29), can thus be interpreted in the following way. Given the esti-
mated level of demand and default elasticities, the banking model implies that —
given competitors’ menus — lender b should apply a certain markup level for each
contract ¢. The model-implied optimal markup is a function of estimated or observ-
able objects. It allows us to recover the marginal costs by scaling down the observed

contract c interest rate.

Fixed cost equation: As discussed in section 1.4.2, the following equations
are derived from the model-implied best-response function of bank b. Using hat
superscripts to denote the mathematical objects that are known given a value of the

demand, the default parameters (67, ©%) and the marginal costs (1ic), we have

Profits
Pr(My|M_y, ©) = : Fy(m)  p g
r(My|M_p, ©) = Pr(My € argmax,,. r p, {IIp((m, M_p)) — gF * B em} | M_p, ©)

(1.30)

FIL (M) — Fy(M,
_ exp(f1L, (M) b(Ms)) , when el iid and EV distributed

S mer exp(BFIL((m, M_y)) — Fy(m))

(1.31)

We use the notation M_;, to refer to the menus of contracts offered by banks
other than bank b (i.e., M_j := (My),ep\(p)) Where

Fy(My) is the cost of designing menu M;. The fixed costs are needed to rationalize
the fact that banks do not offer a continuum of products despite the large heterogene-
ity in preferences. Formally, we consider that only changes in product characteristics

are costly, so Fp = > 0 Xep[leep,, c¢p,y_y + Aeep,, . c¢p, |, where X is the cost

Inclusion FExclusion
of introducing a new contract with characteristics X, A is a scaling parameter that

CEPbt

captures the cost or benefits of withdrawing a contract from the menu, and F is the
set of potential menus a bank can offer.

Equation (1.31) has a logit form. However, the denominator contains simulated
dependent variables (i.e., the gross margins ﬂ(m, M_p) for all possible bank b M

menus) rather than observed ones.
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The product introduction game: Since ﬂ(m,M_b) are simulated, we need
to take a stance on whether (i) banks are playing a two-stage game in which they
first select product design and then choose rates to clear markets or (ii) interest rates
equilibrate simultaneously with other products’ characteristics.

In the context of our model, this translates into two considerations: (i) the interest
rates of other banks’ menus (M_;) react to bank b’s menu offering (m) when we
calculate the function (II(m, M_y)), or (ii) the interest rates of other contracts do not
react with m.

Using a two-stage game timing may be more compelling as it captures the fact
that banks’ interest rates change more frequently than products’ characteristics.

The two-stage game timing is as follows. In the first phase, banks choose the
number of products as well as their characteristics (LTV, fixed rate period, fees).
We consider that banks also fix their acceptance and rejection rules in that stage.
Banks pay fixed costs when introducing or withdrawing a product, not when changing
acceptance and rejection rules.

In a second step, banks compete on rates given their product offering. Given the
logit form assumption, the equilibrium prices can be calculated using a fixed point
approach similar to (Morrow and Skerlos (2011)). Given our model assumptions,
there are unique equilibrium profits as a function of a product being offered.

The timing assumption does not affect the estimation of the marginal costs. Con-
trary to the marginal costs estimation, the timing assumption will matter for the
fixed cost as it affects the NPV of product introduction or withdrawal. As the fixed
cost is not at the center of our analysis, this is not an issue. Furthermore, our re-

sults on the product and interest rate distortions are robust to the timing assumption.

Identification: The fixed costs parameters (6, \) are identified by the model op-
timality condition. Given that the gross margin function is increasing and concave in
the number of products, the fixed cost is identified by the fact that, given the menus
offered in the data, any additional revenue created by the product introduction is
lower than the fixed cost of introducing the said product. Using this condition for all
banks, we can point-identify the fixed cost parameters using a standard logit model
argument. Similarly, the fact that any product withdrawal is not optimal allows us
to identify (A).

Identification challenges: As in the demand estimation, two potential identi-
fication issues arise with the product choice equation. The first one is the omitted
variable bias. This can happen if, for instance, high LTV products are often associ-

ated with higher marketing expenses. This would tend to upwardly bias the cost of
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high LTV products. The use of the residual from the loan demand regression to con-
trol for unobserved product characteristics can be use to mitigate this in the spirit of
the control function approach. The second type of issue is the consideration set bias.
This bias would occur if, for instance, a highly profitable product is not being offered
because of regulations that constrain banks’ product offerings or that are wrongly not
considered by the banks. To mitigate that issue, we do the estimation only at product
introduction and product exclusion periods and calculate counterfactual profits in the
equation using the menu from the previous period. As a robustness check, we also
do the estimation considering as a set of potential products the combinations of the
most common values for the characteristics of the existing products in the market.
As discussed in section C.1.3, we consider a static problem and thus use the gross
margin IT in lieu of a more general value function Vi (M'). We show in Appendix

C.13.3 how the parameters could be estimated using a dynamic approach.

1.6 Estimation Results

This section presents the estimation results for the demand, default and supply pa-
rameters. Then, we look at how the coefficient heterogeneity shapes the equilibrium
contract terms and prices using the model. In particular, we provide a measure of

the price and product distortions (section 1.7.1).

1.6.1 Demand results
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F1GURE 1.4: Distribution of WTP for LTV for the full population

Discrete choice: The average point estimate of the coefficient on interest rates

across all income and region groups is significant and equal to -1.9. This implies
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that borrowers dislike more expensive mortgages. There is substantial heterogeneity,
mainly based on income (see Table B.5).** Indeed, people shopping for 70%-85 %
LTV loans on the first, second and third quartile on the income distribution have
an interest rate coefficient of, respectively, -2.3, -1.9 and -1.5 on average (see Table
B.6). This result implies that borrowers with higher income are more sensitive to
rates. It can be rationalized by, for instance, search costs as in Agarwal et al. (2020).
Borrowers with higher income are more likely to be accepted into any loan contract
and thus have more incentives to search intensively. The correlation between income
and price elasticity can also be related to the fact that income could be a proxy for
other variables such as financial sophistication. Alternatively, this correlation can
be rationalized by the direct effect of default probabilities: borrowers who are more
likely to default are also less likely to repay the full face value of the debt and thus
end up being less price elastic. As shown in the motivating evidence and in the next
section, default is indeed correlated with income.

The corresponding average own-product demand elasticity is equal to 2.6, 3.6 and
5.1 for the average borrower — borrowers in the first, second and third quartile of the
income distribution of 70-85% LTV shoppers (see Table B.7). Those results imply
that, on average, a 1% increase in the interest rate decreases the market share of
the mortgage by 3.6% for 70-85% LTV shoppers. Looking at the market share of
low-income borrowers only (the first quartile of the distribution), we see that a 1%
increase in the interest rate decreases the market share by 2.6%. Figure 77 represents

34. The other source of heterogeneity coming from the observable heterogeneity and the random
coefficients term are non-significant (statistically and economically).
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the distribution of WTP for LTV for the whole borrower population.

These results imply that average borrowers like high LTV loans. The average
coefficient is 0.17. Contrary to the interest rate case, the heterogeneity comes from
the random coefficient term. This coefficient is significant at the 0.1 level®®. Indeed,
the first quartile of the distribution is 0.13 while the third quartile is 0.21. However,
when considering only the observable heterogeneity, we find that the lower quartile
of the distribution has an average of 0.16 and the third quartile’s average is 0.18.
One interpretation for the positive coefficient results is that borrowers do not like
to make down payments as they may be credit constrained. Combining the two
coefficients’ estimates, we find that 70-85% LTV shoppers in the first, second and
third quantile are, respectively, willing to pay (g) up to 7, 10 and 14 bps for a 1
percent LTV increase. Figure 1.5 represents the distribution of WTP for LTV for the
whole population.

We also find substantial heterogeneity for the teaser rate parameter. The hetero-
geneity comes from the random coefficient term rather than income and is significant.
This is the only parameter for which there is a sign change. Fixing rates for a longer
period provides a hedge against interest rate increases when borrowers refinance their
loan. The interest rate risk, and thus the benefit of fixing rates, can be a result of
future changes in borrowers’ credit risk or variation in lenders’ cost of lending. Conse-
quently, the teaser rate coefficients can be rationalized by borrowers having different
degrees of risk aversion or expectations about the future economic path. This implies
that some borrowers prefer a fixed rate while others prefer a flexible rate. Borrowers
in the first, second and third quantile have a coefficient of -0.4, 0.1 and 0.9. Those
coeflicients imply a willingness to pay of -30, 8 and 50 bps for a one-year increase in
the teaser rate.

The average borrower dislikes fees. There is no observable and unobservable het-
erogeneity for that coefficient given the other coefficient heterogeneity. Borrowers
have an average coefficient of —7-107%. Those coefficients imply a willingness to pay
of 32, 43 and 60 bps for a 1,000-pound decrease in fees.

Loan demand: The loan coefficients are all significant and reported in Table
(B.8). The use of a model allowing for a correlation between the product choice
and loan borrowed parameters allow us to correct the selection bias mentioned in
the identification section. Comparing the models with and without the correlation
term, we find that the LTV and the fixed rate parameters are the most affected.
We find that high LTV increases the amount borrowed by 7.6 percent in the non-
correlated case and by 15 percent in the correlated model. For the teaser rate, we

find that increasing the teaser rate by 1 year decreases the amount borrowed by 0.1

35. The income interaction term is not significant and has almost no impact on the parameter
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percent under the non-correlated model and by 0.8 percent in the correlated model.
We further document that borrowers with a high unobserved preference for LTV or
a fixed rate also have a higher propensity to borrow. Indeed, borrowers with an
unobserved preference for a fixed rate that is one standard deviation higher borrow,
on average, 20 percent more. Borrowers with a unobserved preference for an LTV
that is one standard deviation higher borrow, on average, 1.3 percent more. If those
borrowers are also profitable, this creates incentives for banks to create a menu to

extract more surplus from them.

1.6.2 Default results

For a given level of income and other observable characteristics, borrowers that have
an unobserved propensity to choose high LTV products (high érry) that are one
standard deviation above the average of the é;py distribution also have a baseline
default probability that is twice as low relative to the average borrower (assuming
the average is 1.2%). As high LTV loans are more expensive, this effect goes in the
other direction relative to the income effect. Indeed, low-income borrowers are more
likely to default and are also more likely to choose a high LTV loan. The positive
selection along the é;7y dimension can be the result of borrowers that are less likely
to default are more likely to stay in the house they bought and are thus more willing
to take a larger loan for a fixed level of down payment.

As mentioned in the demand section, longer teaser rates hedge borrowers against
changes in interest rates. Variation in future rates can be a result of, for instance,
general economic conditions or borrower-specific credit risk changes. Borrowers pre-
ferring higher teaser rates are thus likely to be more risk averse or see their credit
score decrease (and thus their refinancing rate goes up). Those two channels imply
opposite predictions regarding adverse or advantageous selection. Indeed, theoret-
ically, borrowers who are highly risk averse are less likely to default. In contrast,
private information about a credit risk interpretation will likely lead to adverse se-
lection along the teaser rate dimension. Indeed, borrowers with private information
about their credit risk being likely to go up over time are more likely to fix their
contract terms. Those borrowers are also more likely to default.

Our estimates imply mild positive selection along the teaser rate dimension. In-
deed, borrowers who are one standard deviation above the mean are 2 percent less
likely to default. The results suggest that the risk aversion channel dominates. This
interpretation is also consistent with the loan regression results showing that those
customers tend to borrow more. Indeed, those borrowers are less likely to lose their
house and thus benefit more from each extra unit of house bought. However, the
fact that the teaser rate coefficients are low may be a result of both channels being

present.
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1.6.3 Marginal costs and fixed cost results

Marginal costs: We find that the average marginal cost is 220 bps. Scaled up by a
default probability between 0 and 5 percent, this implies an average fair price of be-
tween 220 and 231 bps. The marginal costs are increasing in LTV in a convex fashion.
While the average marginal cost increases by 10 bps between 70 and 80% LTV loans,
it increases by 110 bps between 90 and 95% LTV loans. Longer teaser rate products
are more expensive to produce. One year longer costs 4 bps at a low level but 14 bps
per year above the fifth one. Finally, higher fee products are associated with lower
marginal costs. A 500 fee increase is associated with a marginal costs decrease of
10 bps starting from a zero fee product. This decrease is even bigger for higher fee

products.

Fixed costs: we find that the average fixed costs of introducing a new product are
about (£ 16 M) per product or 2% of current profits. Around 30% of the fixed cost is
recovered after the withdrawal of an existing product. Those numbers are comparable
to Wollmann (2018), who analyses the car industry. The estimates are the ones
implied by the model to justify that banks offer a discrete number of products. The
sunk cost includes monetary costs such as marketing expenses, updates of the menu
on all lending platforms, and changes in risk weights calculations. They also include
non-monetary costs such as within-firm managing frictions. Their large magnitude
suggests that analysing their drivers is an essential force of the lending market and

should thus be included in theoretical models or analysed empirically in future work.

1.7 Counterfactual Analysis

In section 1.7.1, we use simulations to provide a measure of product distortions relative
to the perfect information benchmark. We show that contract characteristics are
distorted compared to the first best. We provide a decomposition of the interest rate
into three components: a perfect information perfect competition price, a perfect
information markup, and an asymmetric information discount or premium. Those
components are functions of the model parameters and the data and do not require
simulations.

In section 1.7.2, we calculate the cost of the screening externality (see Appendix
C.9 for intuition or Taburet (2022) for an in-depth theoretical analysis).

In section 1.7.3, we simulate the impact of a ban on high LTV contracts.
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1.7.1 Product and interest rate distortions
Graphical intuition from Rothschild and Stiglitz (1976)

Let us start by providing intuition on how borrowers’ private information about de-
fault probabilities and preferences can distort product characteristics and interest
rates.

To simplify the analysis and make our model similar to Rothschild and Stiglitz
(1976) (see Appendix C.11 for a formal description of the assumptions), we consider a
perfectly competitive world with two borrower types in which lenders are all identical.

In Figure 1.6, we plot on the LTV-interest rate plane the perfect information
contracts (ci, c2), borrowers’ indifference curves, and the break-even rates. We focus
on the case in which the perfect information contracts are not incentive compatible:
the high-default borrower would prefer the low-rate contract (c2) designed for the low-
default borrower. As in our empirical application, the break-even rate (i.e., the cost
of lending) is increasing in LTV. This can be rationalized by the cost given default
being an increasing function of leverage.

In Figure 1.7, we illustrate how lenders can lower the LTV of the low WTP
borrower to maintain borrowers’ incentives to self-select.

In Figure 1.8, we illustrate how lenders can also cross-subsidize borrowers to

maintain incentives to self-select.

Break even rate
High defaultborn

Break even rate
Low default borr

] \Increasingutilitylevel

Low Leverage Average Leverage High Leverage

FIGURE 1.6: The perfect information, perfect competition contracts
(c1, c2) are not incentive compatible. The high default borrower prefers
co to cq.
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FIGURE 1.7: The perfect information, perfect competition contracts
are not incentive compatible. Solution (i): Leverage distortions.

Break even rate
High defaultborr|

Break even rate
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FIGURE 1.8: The perfect information, perfect competition contracts
are not incentive compatible. Solution (ii): Interest rate distortions.

Product distortions: conceptual framework

In our model, product characteristics are distorted as a result of two frictions: market
power and imperfect information about borrowers’ preferences or default probabili-
ties. Solving for the counterfactuals in which the degree of competition or the level
of information arbitrarily changes is, however, too computationally demanding (see
Einav, Finkelstein, and Mahoney (2021) for a survey). Consequently, we assess the
amount of product distortions by comparing the contract in the data to the perfect
information benchmark. See Appendix C.14 for a formal analysis of the benchmark.

The perfect information benchmark is based on our structural model with the
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assumption that lenders can observe borrowers’ preferences and demand shocks. We
ignore the fixed costs of designing a product (F) and allow contract characteristics
to be continuous instead of discrete. Neglecting the fixed cost and allowing for a
continuum of products makes the problem tractable. Abstracting from the fixed
cost is not an issue for our exercise as it does not change the underlying economic
mechanisms under perfect information: for each borrower, lenders design the contract
that maximizes the surplus generated by the trade and then use the interest rate to
split the surplus between lenders and borrowers. How the surplus is split is driven
by the constraint that lender b needs to offer borrower i a contract that provides
them at least a certain utility level (denoted @;) for hem to accept the contract. The
utility level can be set arbitrarily or estimated in the data and captures the degree
of competition. For instance, the situation in which the promised utility level is such
that the bank breaks even on borrowers represents the perfect competition case.
Under perfect competition, the model implies that it is optimal to increase the
contract LTV when the increase in borrower i utility generated by a higher LTV

LTV
(@T) is greater than the lender marginal cost of increasing the contract LTV (

;)

The cost is the marginal cost scalled up by the survival probability (1—d;). Formally:

BETV me

o 1.32
o > drrv(y _dic) (1.32)

—— —_—

Willingness to pay cost of increasing LTV
Product distortions: results

Our results imply that maintaining borrowers’ incentives to self-select requires distort-
ing contract terms away from their perfect information value. Because high default-
low price elastic borrowers have a high willingness to pay for LTV, low default-high
price elastic borrowers get a lower LTV, and thus a lower house size, under imperfect
information.

Using equation (1.32), we find that more than 90 percent of borrowers shopping
between 70 and 95% LTV would get a 85-95% LTV product under perfect information-
perfect competition (see figure 1.9 or table B.12). This finding suggests that products
below 85% LTV are introduced to screen rather than to cater to borrowers’ heteroge-
neous preferences. We exclude borrowers shopping below 65% LTV as they constitute
less than 10 per cent of the loans originated, and the data quality is lower for that
sub-sample.?¢

Our results are robust to the use of models with observable heterogeneity and
observable heterogeneity and estimating the coefficient separately for each sufficient

36. including them would imply that LTV between 50 and 75 would be introduced but would
account for less than 5 percent of the market shares.
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set.?” As discussed in the Appendix (1.32), the amount of product distortion relative
to the perfect information situation is accentuated when moving away from perfect
competition. Finally, the result is robust to changing the fact that a higher LTV
decreases default. Indeed, one may be worried that this sign results from banks
selecting good borrowers into high LTV loans based on soft information not observable
by the econometrician. However, the LTV coefficient of the default regression would
need to be positive and one hundred times larger in absolute value to imply that 10%
of borrowers get offered lower than 90% LTV products. Given the standard errors of
2.81076 and the average coefficient of —3.9-107° on the LTV coefficient, this situation
is not likely.

As summarized in table B.12 in the appendix, we find that the product distortions
when it comes to fees and teaser rates are milder. Indeed, the model implies that more
products should be offered. In particular, higher fee products (more than £1500), and
longer teaser rate periods (longer than 7 years). The share of the population that
would like to get them is low (below 20 percent of the 80+ LTV borrowers). In
addition, this result highly depends on how the marginal costs of lending vary with
fees and teaser period. As the marginal costs are estimated for products with fees
ranging from 0 to 1500 and teaser rate from 0 to 7, the product introduction results
are highly dependent on our extrapolation of the marginal cost function. We find
that the distribution of borrowers would shift towards lower-fee products and more
flexible rate contracts. This is the result of interest rate distortions. Those distortions

are analyzed in the next section.

Interest rate distortions: conceptual framework

Using the first order condition of the structural model (E.1) with respect to interest
rates, we decompose the interest rates into a fair price, a perfect information imperfect

738 and an asymmetric information discount or premium. The

competition “mark up
asymmetric information premium or discount refers to the increase or decrease in
interest rates relative to the perfect information benchmark. Banks use it in order
to maintain borrowers’ incentives to self-select. For instance, if banks know that
high LTV products are chosen by borrowers that are, on average less price elastic,
they could potentially set a higher markup for these products. However, how high
this markup can be is limited by how high the markups on other products that are
close substitutes are (for instance, lower LTV products that are designed for highly
37. As the unobservable heterogeneity uses a normal random variable, there is always a mass of
borrowers with a very low WTP for any characteristics. However, the borrowers that will choose
lower than 90% LTV in the heterogeneity case account for less than 5 per cent of the population
38. The theoretical literature usually refers to the markup as the output price divided by the

marginal cost. We instead define the markup as the pricing above the marginal costs. The empirical
IO literature sometimes uses the same terminology (Crawford, Pavanini, and Schivardi (2018)).
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price-elastic borrowers). As illustrated by figure 1.7, borrowers’ heterogeneity creates
incentives to decrease the price of the high LTV product and increase the one on the
high LTV products relative to the perfect information situation.

Formally, the decomposition is:

. . PI mark up Al discount/premium
Fair price

e | E[@] 1

[d\bc 4 5d f 71— E[d)b]
(= E[d]be] Z B[ <I>’ = B[’ 1= B[dbe]

(1.33)

re =" Bapa T Bl

Where @, := 3, Zexp u“) 5 Lic is the expected amount lent, 7. := (1— E[d|cb])r.—

exp(u
mec. is the expected proﬁt on each loan unit given that the borrower choose the

contract c at bank b.
The first term #ﬂfllbc] is the pricing at which banks break even given the expected

default probability of borrowers choosing the contract ¢ at bank b (E[d|bc] := B X .+

alr, + p EL[CB ]Z] ). It is the marginal cost scaled up by the survival probability.

. E[®;] ;1-E[d|bc]+82
The second term is E[Eqi;].] ( 1_[E|[§]|I;]BTT
price if they could observe the average default probability of the type of borrowers

choosing each contracts (E[d|bc]Vcb). EJLJE[_q)qu] is the impact of borrowers product
J

) is the pricing set by banks above the fair

d
elasticity (i.e., competition). #{dﬁbd) accounts for the burden of payment: when

increasing r, borrowers are more likely to default (ﬂd < 0), this creates incentives to
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lower the mark-up.
E[(I)’ ]

The last term Z]#C E @’] T[d“)]
textbook principal agent model.

The ratio % in which E[d'|bc] := B¢X. + a’r. + p EL[ B]’] is scale up the

three terms by taking into account the fact that changes in r impact the type of

borrowers choosing a given contract.?’

is the equivalent of the information rent in the

Interest rate distortions: results

The results on the interest rate decomposition are summarized in table B.15, table
B.14 and figure 1.10. Doing this decomposition, we find that the average fair price is
231 bps, the markup is about 116 bps while the average information rent is -70 bps
for high LTV loans (above 80). For loans with LTV between 70 and 80, the average
fair price is 202 bps, the markup is about 60 bps while the average information rent
is -30. These difference across LTV are mainly due to the fact that lower LTV loans
are chosen by borrowers that are more price elastic on average. As a result banks
have less able to apply large interest rate or large information rents. The impact of
default is mild when explaining the interest rate level. For instance the difference
between the effective marginal cost and the marginal cost is on average less than 5
bps (and less than 10 bps when we scale up all default probabilities by 5 to take
into account that the estimated default probabilities may underestimate banks true
default expectations). However, as mentioned in section C.11 even mild difference
is default can lead to big product distortions when the screening device is not very
effective.

Looking at the differences in the average information rent between different prod-
ucts, we find that high LTV products (95% LTV) earn low information rents (5 bps)
compared to 75% LTV products. This is due to the fact that high LTV products
are also more expensive to produce, implying that the information rent need not be
large. This result is also consistent with the fact that banks maintain incentives to
self-select by distorting the LTV rather than rates. Contrarily, we find that lower fee
contracts and longer rate contracts get a substantial information rent. This can be
explained by the fact that high fees products are chosen by more price elastic borrow-
ers. Under perfect information those borrowers would thus get a lower markup (see
mark up columns in tables B.15 and B.14). To be able to extract more surplus from
other borrowers, banks make high fee product relatively more expensive than what
they should be. This is consistent with the product distortion and the shift in the
low fee products category observed under perfect information: banks increase rates

39. When the number of product in the market is large and the loan rate elasticity is low ( Br low),
E[d|bc] and E[d'|bc] are relatively close to each other. Indeed, ® ~ ®(8, + 1)® ~ &.
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in low fee products to extract more surplus from the low price elastic borrowers, as a
result more price elastic borrowers are pushed to high fees products when they exist.
This creates incentives introduce more high fees products relative to the first best in
order to implement the screening.

Longer teaser rate products are more expensive to produce. They are chosen by
less price elastic borrowers. Under perfect information those borrowers would get a

higher markup. Those products also benefits from an information rent.
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FIGURE 1.10: Interest rate decomposition by LTV

Summary of the results and economic interpretation

Our estimates imply that, in the perfect information case, borrowers in the first and
last willingness to pay quartile of the LTV distribution would get contracts with
similar LTVs — respectively, 85 and 95 — and get charged different prices because
of their heterogeneous price elasticity and default probability. As a result, a menu
composed of perfect information contracts cannot be offered under imperfect infor-
mation as high default-low price elastic borrowers would be tempted to choose the
lower rate contracts. This creates incentives to decrease the interest rate on high
LTV contracts (i.e., an asymmetric information discount, also called information rent
in monopoly models) and increase the interest rate on low LTV contracts (i.e., an
asymmetric information premium) relative to the perfect information case. As a com-
plementary incentive, lenders also introduce LTV contracts that are lower than 85.

As high default-low price elastic borrowers are more reluctant to provide higher down
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payments for each loan unit, low LTV contracts attract unobservably safer borrowers
and can be offered at a lower price.

Those results imply that welfare is lower relative to the perfect information-perfect
competition case. The overall loss in borrowers’ utility in the current data is equiv-
alent to the loss in utility following a 100 basis point interest rate increase on all
loans.

The perfect information-imperfect competition case is not a natural benchmark
to study welfare given that asymmetric information and imperfect competition inter-
act. Removing one friction can thus increase the other. For instance, by removing
asymmetric information, lenders are able to set a higher interest rate (70 bps) to high
LTV contracts without the fear of borrowers substituting to a lower LTV contract
designed to attract safer borrowers.

Reducing the level of asymmetric information, or allowing lenders to price borrow-
ers on all observable characteristics such as ethnicity, gender, disability, or religious
beliefs may not be feasible or desirable. As a result, it is also relevant to look at
how far the product offered are from the second best (i.e., the menus offered by
an informationally constrained social planner). This is the purpose of the following

section.

1.7.2 Screening externality
Graphical intuition from Rothschild and Stiglitz (1976)

We use the same stylized model as in the previous section to provide graphical in-
tuition on how we measure the screening externality cost. In Figure (1.11), we start
from a set of contracts (ci,c2) observed in the data. From our estimation, we are
able to back out borrowers’ indifference curves and lenders’ cost of lending to each
borrower. We then check if the lenders can offer menu that would be a Pareto im-
provement over the existing menus (¢}, ;). Figure (1.13) illustrate why the socially
optimal menu (¢}, ¢}) cannot be offered in equilibrium: a competitor could then offer
a menu in the cream-skimming region and make profits by attracting the safer bor-
rowers. The results hold under imperfect competition, the deviation relive on creating

a menu that will attract a large proportion of the most profitable borrowers.

Quantitative analysis

We define social welfare as the sum of firms’ profits plus the sum of borrowers’ utility
expressed in monetary term. We measure the cost of the screening externality by
comparing the utilitarian social welfare level implied by our structural model to one

achievable in a benchmark in which the contractual externality is internalized.
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FIGURE 1.11: Cross-subsidization is a Pareto improvement when the
number of high default borrower is low.
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FIGURE 1.12: Cross-subsidization is not possible because a competitor
can take advantage of the cross-subsidy to attract the most profitable
borrowers (cream-skimming).

We use the following benchmark. We consider the hypothetical case in which
each lender becomes a monopolist and borrowers’ outside option is their utility in the
competitive equilibrium (i.e., the structural model implied utility). The monopoly
assumption gets rid of the externality by preventing borrowers from moving from one
bank to another. It also allows us to focus exclusively on the screening externality by
preventing increase in welfare generated by a better allocation of borrowers to cheaper
banks. The outside option assumption is made to focus on Pareto improvements. A

the focus on Pareto improvements, our measure can be interpreted as a lower bound
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on the screening externality cost.
Formally, lender problem is defined as:
c e
MATc,, \p,,eFObt Py, Z n; Z f’r(i chooses c|i chooses b) NPV;. — F(Mpyt, Mypz—1)
7 c=1
(1.34)
s.t. Vi E[maxc u;c + €] = E[max. u; + €| (PC)

Pr(i chooses c|i chooses b) := —capluic) captures how borrowers i make

Z:ce[[l,c’]] exp(tiz)
their choice of contract when having only access to bank b contracts. We use this
demand instead of the one used in the structural model (M) to shut down
2izep €2P(Uiz)
the intensive margin (i.e., competition) channel.

Pr(i chooses b) := %

E[mazcuic+e] = Elmax ui+e] < Zle exp(uic) = Cexp(u;) < E.[exp(u;)] =
exp(u;) states that borrower i expected utility should be at least as big as what they
got under the competitive equilibrium if they chose bank b.

NPV, is the net present value of lending to borrower i via contract c. It is
formally defined in section C.1.3 as the amount then to borrower i multiplied by the
expected revenues generated by each lending unit minus the cost of lending each unit

via contract c.

Summary of the results and economic interpretation
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FIGURE 1.13: Data and social planner simulation distribution of the
equilibrium interest rate and LTV distribution.

As illustrated by figures 1.13, the counterfactual simulation shows that the social
planner could do a Pareto improvement by pooling more borrowers at higher LTV.
Low-default borrowers are better off because they can buy a larger house. High-
default borrowers benefit from being pooled by getting a lower interest rate. Lenders

are also better off because lower LTV distortions imply that the surplus generated
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by the lending activity is larger, and they are thus able to extract more surplus and
increase their profits.

We find that despite the low spread between defaults, the cost of the screening
externality is quite large. The deadweight loss associated with the externality is
equivalent to the loss in borrowers’ utility following a 32 bps increase in interest rates
for all contracts. As discussed in section C.9, even with low spread between baseline
default probabilities, the cost of the externality can still be large as long as WTP are
relatively flat.

This finding suggests there is room for Pareto improving policy interventions.
As shown in the theoretical companion paper Taburet (2022), lowering competition,
increasing the capital requirement on low LTV in a low-competition environment, or
banning the use of lower LTV products could reduce the impact of the contractual
externality by preventing cream-skimming deviations to occur. However, our model
focuses on asymmetric information distortions and does not explicitly model other
frictions. For instance, deposit insurance could lead banks to underestimate the
risk of lending via higher LTV. This friction would then lead to too much leverage
in the mortgage market instead of too little leverage. As a result, a policy Policy
interventions should consider both frictions before implementing a low LTV ban.

In the following section, we take as given the policy implemented in the market

and focus on quantifying its unintended effect when lender screen.

1.7.3 Ban on High LTV products

Limits on LTV are becoming increasingly popular. Indeed, according to the IMF’s
Global Macroprudential Policy Instruments (GMPI) database, 47 countries have in-
troduced limits on LTVs. While those policies are used as part of the macroprudential
policy toolkit, LTV limits also have an effect on the market equilibrium by restricting
banks’ ability to screen using LTV.

Indeed, by doing so, borrowers shopping at high LTV will be forced to move to
lower LTV loans. Banks thus have to pool borrowers with different price elasticities
and default probabilities or introduce new products in order to sort borrowers. To as-
sess the impact of those policies, we solve for the situation in which the banks cannot

change their menu offers and the situation in which the product offering is endogenous.

Solving the model: Given the difficulties of solving for more than one endoge-
nous characteristic using the first order condition approach (Einav, Finkelstein, and
Mahoney (2021)), the numerical exercise is based on discretizing products’ char-
acteristics and using a contraction mapping to solve for rates using the interest

rate first-order conditions for a given menu offering. Instead of looking at all the
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possible menu offering combinations, which would be too computationally demand-
ing,footnotelndeed, even restricting ourselves to 10 potential products of 6 banks,
the potential equilibriums to compute are greater than 10%. | we use an algorithm
proposed by Lee and Pakes (2009). The idea is to start from a given equilibrium,
change a fundamental parameter and allow a first bank to optimally choose which
products to enter or exit, taking other banks’ offers as given and knowing what the
interest rate equilibrium will be.?Y We compute the new equilibrium prices using a
classic contraction mapping. Then, we allow a second bank to best respond to the
new equilibrium. The program cycles through the banks, continually updating the

offerings until an entire cycle is complete and no firm wishes to deviate.

Fixed products scenario: The average rate for 80-90 products increases from
244 bps to 255 bps. Using the interest rate decomposition we find that the average
markup for 80-90 products goes from 33 bps to 48 bps. This is because borrowers
who previously shopped at 95% LTV are, on average, less price elastic and more
likely to default. After the LTV ban, they substitute for a lower LTV. The average
price elasticity and default probability of borrowers shopping at lower thus increase
leading to a price increase. The average information rent decreases from 66 bps to
58 bps implying either that banks pool more borrowers or that the incentive compat-
ibility constraints are easier to maintain. Using the structural model, we find that
the average cost of the LTV ban is equivalent to a 10 bps interest rate increase for

all borrowers.

Endogenous products scenario:

Allowing for product entry increases the average price from 244 bps to 283 bps and
expands the choice set. This is a 30 bps increase relative to the fixed product scenario.
While allowing for endogenous products could have disciplined prices by increasing
competition in market segments with high markups, we find that the opposite result
holds because that endogenous products allows banks to extract more surplus from
high WTP borrowers. In particular, we find that the products introduced by banks
following the high LTV ban are the ones that are more likely to be chosen by the new
borrowers that are less price elastic: 90% LTV products, low fees, and longer teaser
rates. The number of products increases for two reasons. The first reason is that the
number of borrowers shopping at a given LTV range increases, and the price elasticity
decreases. As a result, the expected profit for any given product increases due to the
market size and the markup effect; thus, it is more likely that the fixed cost becomes
lower than the potential profits. This product introduction effect lowers mark-ups.

However, as discussed in Tirole (1988) and in Appendix ??, the existence of fixed costs

40. We could also consider that other banks do not change their rate
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can lead to too much product being offered. This happens because lenders do not
internalize the business stealing effect (cannibalization) of their product introduction
on competitors. As a result, competitors tend to offer too many products. Including
product introduction and exclusion thus also allows for this effect to be present.

The second effect comes from incentives to screen borrowers. As the preference
heterogeneity of borrowers shopping at lower LTV increases, banks have incentives
to increase the number of products to screen borrowers. As discussed in section C.9,
because of the screening externality, banks may create too many products (i.e., screen
borrowers) even when the social planner would not do so.

The overall effect of product introduction on welfare in thus theoretically ambigu-
ous. Using the structural model, we find that, compared to the situation without
the ban, welfare decreases by 30 bps. This result implies that product introduction
is, in our case, detrimental to borrowers’ welfare as it allows banks to extract more
surplus from high WTP borrowers and pushes other borrowers towards products with
distorted characteristics. Not considering product introduction thus underestimates

the negative impact of an LTV ban by a factor of three.

1.8 Conclusion

The main contribution of this paper is to provide the first analysis of product and
price distortions in the context of credit markets in which menus of contracts are
used. We do so by developing the first structural model of screening with endogenous
menus of contrists.

To identify and estimate the model, we make several technical contributions. First,
we develop a new identification strategy to test whether screening for default proba-
bility is possible. Along the way, we discuss how to adapt classic structural models to
the banking market. Those changes are guided by the fact that financial markets are
not a classic IO market in many regards. For instance, contrary to a traditional 10
market, the quantity (loan size) of products being sold to a given borrower may be
limited by sellers, sellers may not accept to sell borrowers some products (rejection
of loan applications), and the market is likely to feature adverse or positive selection.
The second contribution is to propose a new set of tools to analyse the impact of
screening on product and price distortions. Instead of using the classic counterfac-
tual analysis — for which the technical properties (equilibrium uniqueness) have not
been fully analysed by the literature in the context of multiple endogenous variables
— we propose a new complementary approach. We first use perfect information,
well-behaved model, as a benchmark to analyze product distortions. Second, we use
a “sufficient statistic approach” to decompose the equilibrium interest rates into a

fair price, a perfect information markup and an asymmetric information premium or
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discount. Finally, we propose a social planner benchmark to deliver a measure of the
cost of coordination problems related to screening. The third contribution is to esti-
mate the impact of policies affecting incentives to screen using the classic structural
approach and discuss why their impact on contract terms is theoretically ambiguous.

In addition, our paper touches on several topics that we think are exciting avenues
for future research. First, although not at the centre of our analysis, we document
that the banking market features a large fixed cost of introducing products (30 million
pounds). That results is comparable to the one of Wollmann (2018) for the car
industry. Given that introducing a new product in credit markets does not require
— contrary to the car industry — any new machine or raw material expenses, that
result may imply large managerial frictions or collusion between banks. However,
given the static nature of our supply model, our estimated fixed cost should not be
taken at face value. We believe using a dynamic approach like the one explored in
Appendix (C.13.3) instead of the static one used in this paper could help provide
better estimates of those fixed costs. In turn, this would help in designing better
models and policies in credit markets. Second, although acceptance and rejections
are important drivers of the market equilibrium, those thresholds are unobserved in
most data sets. We deal with this limitation by using a sufficient set approach in
this paper, but, we believe that using a structural approach to back out those rules
is also an interesting avenue for research.*! To that end, we propose in Appendix
(C.13.1), a methodology to recover the acceptance and rejection using an integrating
over approach. This methodology would also allow relaxing the assumptions about

lender risk neutrality and the functional form of the present value of lending.

41. We do not compute it in our estimation due to the computational burden.
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2.1 Introduction

Many markets in which firms screen their customers using a menu of contracts fea-
ture some degree of imperfect competition and adverse selection. Examples includes
the insurance market (Einav, Finkelstein, and Tebaldi (2019)), the mortgage market
(Benetton (2018), Polo, Taburet, and Vo (2022)) and the market for credit cards
(Nelson (2020)). Most of the literature analyses those two frictions in isolation or in
the context of fixed contract terms. Yet, there is growing concern that these assump-
tions lead to welfare decreasing policy recommendations or limited understanding of
market outcomes (Lester et al. (2019)). Indeed, as there usually is a significant inter-
play between market imperfections, policies targeting one imperfection may increase
another (Handel, Kolstad, and Spinnewijn (2019)).

How imperfect competition and adverse selection interact when firms use menus
to learn about their customers’ private information is still an open question. The
shortage of theoretical analysis is due to technical difficulties related to solving adverse
selection models with multiple principals.! Given these limitations, the vast majority
of the theoretical literature has either used monopolistic market structures or assumed
perfect competition (see Lester et al. (2019) for a review). On the one hand, analyzing
a market assuming monopoly can be problematic as they do not reflect the most
common market structure, abstract from the interaction between firms, and are not
suited for welfare analysis. On the other hand, the analysis of perfect competition
models vastly relies on equilibrium concept refinements that exogenously fix contract
terms.” Consequently, not much emphasis has been put on the predictions under
perfect competition as they highly depend on the equilibrium concept used.

In this paper, I develop a screening model covering general imperfect competition
cases. The framework benefits from the equilibrium properties of monopoly models:
it delivers — without any equilibrium refinement — a unique and closed-form pure
strategy equilibrium as long as the demand elasticities are lower than a threshold.
For simplicity of the exposition, I present my framework as a model of credit markets
in which borrowers have private information about their default probability, but the
model components can be relabelled to capture other cases, such as the insurance
market or a trade situation with different quality goods.

1. Those frameworks have to be solved using mixed strategies as long as some degree of competition
is allowed (Dasgupta and Maskin (1986)) to overcome the Rothschild and Stiglitz (1976) results on the
nonexistence of a competitive equilibrium. However, characterizing the mixed strategy equilibrium
is computationally demanding in screening models.

2. For instance Wilson (1980) forces the principals to pool agents in one contract, Riley (1979)
forces principals to screen agents using a menu. Another way to overcome this issue has been to
change the modelling. For instance, Guerrieri, Shimer, and Wright (2010) assumes that the principal

can match at most one borrower. Solving the model using mixed strategies has been done recently
in, for instance, Lester et al. (2019).
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I use my framework to highlight a novel contractual externality. In my setup,
lenders can use menus of contracts to screen borrowers on their private information.
Screening allows lenders to (partially) restore perfect information pricing at the cost
of contract terms distortions relative to the perfect information case. Yet, due to
the contractual externality, the socially optimal menus may not be offered. The
friction emerges because lenders do not internalize how their screening strategies
change the types of borrowers selecting competitors’ products — and thus the cost
of lending via those products. To illustrate this point, let us consider a perfectly
competitive market in which screening is achieved by making high-default borrowers
self-select a high-rate contract because lower-interest-rate contracts contain features
that are relatively more costly to them, such a low maximum loan size. When the
loan size distortions needed to screen borrowers are high, pooling at least some types
of borrowers is a Pareto improvement over screening. This happens because, under
pooling contracts, high-default borrowers get a lower rate and low-default borrowers
are less credit constrained. Yet, if a lender prices their customers using the average
default probability (pooling), a competitor can take advantage of the lender pooling
strategy to introduce contracts that will steal only the low-cost customers (cream
skimming) by offering a low rate-low credit constraint contract.’

I then provide an analysis of the impact of the externality on contract terms. In
particular, I analyze the following welfare trade-off between competition and adverse
selection. A low competition level allows lenders to apply high mark-ups, which re-
duces borrowers’ utilities. Nevertheless, a low competition level can also improve
welfare via two channels. First, by limiting concerns of losing market shares, it gives
lenders more flexibility in using contract terms and prices to sort their customers.
Second, it lowers lenders’ incentives to implement socially inefficient strategies that
rely on taking advantage of their competitors’ menus to attract only the most prof-
itable borrowers. I show that decreasing competition leads to a Pareto improvement

when the externality is high.

My setup builds on a textbook screening model. Borrowers choose the contract
and lender that maximize their utility. In the baseline model version, a contract is
composed of a loan size and an interest rate. Borrowers value loan amounts positively
and have quasi-linear indirect utilities in interest rates. Borrowers are the same across
the following dimensions: savings and their outside option when not borrowing. They
have private information about their willingness to pay (WTP) for each loan unit and

3. While Rothschild and Stiglitz (1976) shows the profitability of cream skimming deviations,
it does not analyse its impact on welfare as the deviations are profitable in the region where the
equilibrium contracts cannot be computed in pure strategy. Most papers, like Rothschild and Stiglitz

(1976), focus on pure strategy equilibrium. Papers that characterized the mixed strategy equilibrium
such as Lester et al. (2019) have not focused yet on the externality.
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their default probabilities. For screening to be possible, I consider that borrowers have
heterogeneous WTP and that their WTP is positively correlated with their default
probabilities. Screening can thus be achieved by offering a menu featuring: a low-
interest rate but small loan size contract, and a larger loan contract with each extra
lending unit being priced above the lowest WTP for loan size. That way, the small
loan size attracts unobservably safer borrowers. In order for screening to be costly, 1
consider that both borrowers want to borrow the same amount in the first best. The
low default probability borrower is thus credit constrained as a result of screening.*
In an extension, I allow for borrowers’ price elasticity to be heterogeneous correlated
with WTP and unobserved by lenders.

The main technical innovation of the paper is to use a discrete choice approach
(McFadden (1981)) to model competition (i.e., borrowers’ product elasticity) within
an otherwise standard principal-agent model. Following the discrete choice literature,
I assume that part of borrowers’ utility contains a borrower-bank-specific random
shock following a continuous probability distribution and entering the utility addi-
tively. This shock can, for instance, be interpreted as borrowers living at a different
distance from the closest bank branch (Hoteling (1929)) or as borrowers being imper-
fectly informed about the contracts offered by each bank (Varian (1980)). I consider
the situation in which the random shock is uncorrelated to borrowers’ preferences for
contract characteristics so that banks cannot use their menus to sort borrowers on
their random shock realization. When the shocks follow an extreme value distribu-
tion, its variance parameterizes the product demand elasticity. In the limit case in
which the variance of the shock tends to infinity, each lender behaves like a monopo-
list. When the variance tends to zero, borrowers’ demand elasticity becomes infinite,
as in the perfect competition case.

The discrete choice modelling makes our framework suitable for empirical works.
First, our demand function is closely related to logit models and can thus be estimated
using traditional empirical tools.” This is done in the companion paper Polo, Tabu-
ret, and Vo (2022). Second, the discrete choice approach yields a continuous demand
function — in contrast to other approaches to model competition (for instance Bur-
dett and Judd (1983)). This property allows decomposing the effect of the frictions
on interest rates as the sum of the pure adverse selection effect, a pure competition
effect, and an interaction term. The formula components can be estimated using
standard industrial organisation tools to decompose the different channels at play
in an empirical setup. Finally, the tractability of the discrete choice approach also

4. The product distortions relative to the first best concern loan size here but could be relabelled
maturity, fixed-rate period, collateral or any other contract term.

5. This allows, for instance, to deal with unobserved product characteristics using Berry, Levin-
sohn, and Pakes (1995) method developed for logit models.
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facilitates the analysis of the impact of the functional form assumptions on the pre-
dictions of the model. This allows checking if a particular functional form assumption
is adapted to a given empirical application.’

The discrete choice approach facilitates the analysis of adverse selection and com-
petition by restoring the ability to solve the model in pure strategy. This feature
allows studying the contractual externality as it is only present for the set of param-
eters for which the pure strategy equilibrium does not exist in competitive models
such as Rothschild and Stiglitz (1976).”

The reason a pure strategy equilibrium does not exist in perfect competition
models used in the literature is the following. When competition is high enough,
offering one contract and pricing it using the average borrower default probability
(i.e. pooling) is not sustainable: each lender has incentives to take advantage of its
competitors’ offers to attract the most profitable borrowers only. This forces lenders
to screen even when both borrowers would benefit from being pooled. However, if
pooling is a Pareto improvement, offering screening contracts is also not sustainable:
a competitor can make profits by offering a pooling contract with a small markup
over the break-even rate. Those deviations from screening exist if the number of
high-default borrowers in the market is low enough so that low-default borrowers are
better off being pooled.

Instead, in my model, deviations from screening are not profitable when the de-
mand elasticities are low enough as they attract too many high default borrowers to
be profitable. This derives from the fact that deviations do not attract the full market
size. Consequently, the relative number of high versus low default borrowers attracted
by pooling deviations not only depends on the relative market sizes but also on how
attractive the deviation from pooling is to each borrower type. Given that pooling
deviations requires increasing a contract loan size — which is relatively more valuable
to the high-default borrower—, the proportion of high-default borrowers it attracts

8 This makes pooling deviations not profitable and restores the existence

is higher.

6. For instance, due to the utility of loan size and interest rate being additively separable, absent
asymmetric information, imperfect competition does not distort loan size away from its first best
value. The reason is that, under perfect information, banks set the contract characteristics that
maximise the lending surplus and use interest rates to split the surplus between borrowers and
lenders. This separability assumption may not be valid when the loan is used to buy a good, such
as housing, that complements consumption.

7. Furthermore characterizing the mixed strategy has only been done recently (Lester et al. (2019))
in competitive models. Those papers do not focus on the externality

8. Formally, denoting the utilities u(L, R;WTP) = WTP - L — R, we have that the high WTP
borrower (denoted WT P1) derives more utility out of the same contract than the low WTP borrower
(denoted WT' Pz): w(L, R;WTP:) = u(L, R, WTP:) + (WTP, — WTP,)L. The revelation principle
imposes that it is optimal for the high WTP to be indiferent between his contract and the contract
chosen by the other borrower u(La, Ro; WT P2) = u(L1, R1; WTP1). Thus, any increase in the loan
size of the contract designed for the low WTP borrower as in the pooling deviation increases the
utility of the high WTP relatively more.
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of a pure strategy equilibrium.” When markets are sufficiently imperfectly compet-
itive, there exists a unique pure strategy equilibrium in which the spread between
contract terms and prices is such that any pooling or screening deviations cannot
attract enough low default borrowers for it to be profitable.

The model implies that lowering competition decreases the contract terms dis-
tortions relative to the first best as long as borrowers’ participation constraints are
not binding. Due to the threat of losing customers to a competitor, a high level of
competition forces banks to screen borrowers to (partially) restore perfect informa-
tion pricing. This implies a high credit constraint. When borrowers’ product demand
elasticities decrease in the same proportion, the level of credit constraint decreases.'’
The rationale behind that result is the following. When competition decreases, banks
can increase interest rates on both contracts without losing too much market share.
However, lenders benefit from applying a higher markup —relative to the one they
would apply under perfect information — for the contracts designed to low default
borrowers. In doing so, they relax the high-default borrowers’ incentives to choose the
contract designed for low-default borrowers. As a result, lenders can reduce the credit
constraint on the contract designed for low-default borrowers, thereby increasing their
profits by lending more. The prediction that a low level of competition always leads
to a low level of credit constraint does not hold in existing monopoly models — which
predict that both situations can arise depending on the parameters.'!

Given the previous paragraph’s discussion, a decrease in competition increases
welfare'? when the participation constraints are not binding. When the contractual
externality level is high, lowering competition is also a Pareto improvement as it limits
incentives to implement ex-post inefficient deviation from pooling. The model allows
analysing when changes in competition lead to a Pareto improvement. Under adverse
selection, a lower level of competition can be beneficial to low-default borrowers as it
lowers their credit constraint at the cost of a higher markup. It is also beneficial to
high-default borrowers as competition can lower the interest rate of their contracts.
The decrease in interest rate is due to the fact that the pure competition effect can

9. When competition is large enough, as the problem becomes convex: the deviation starts attract-
ing bad borrowers in high proportion, however, once most of the bad borrowers have been attracted
the good borrowers become easier to attract relative to the bad borrowers.

10. However, the loan size distortion relative to the first best can increase due to the pure competi-
tion effect only. Indeed, high markups can lead to a lower amount of quantity sold compared to the
first best. As discussed in footnote 6, in my model, due to the quasi-linearity assumption of rates,
the effect of pure competition on loan size if absent.

11. The reason is that low default borrowers are at their participation constraint in monopoly
models, and thus, the bank cannot increase the interest rate of the low loan size contract without
losing all its customers. In my model, when competition is so low enough that borrowers’ outside
option becomes not borrowing instead of going to a competitor bank, the predictions then become

similar to the monopoly case.
12. The amount of credit rationing is the utilitarian welfare measure in our model.
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be compensated by an information rent (i.e. interest rate decrease). The information
rent prevents the high-default borrower from pretending to be a low-default one.
Finally, motivated by policies implemented in screening markets, I analyze the
effect of product-specific lending costs and preferences on contract terms, prices and
welfare. Common real-world examples of such shocks are product-specific capital
requirements in lending markets or product-specific government subsidies in insurance
markets.'® I show that there is an interplay between market imperfections, and
that policies targeting one imperfection may increase another. In particular, when
competition is low, a decrease in the cost of creating contracts designed for borrowers
with high default probability leads to worse contract terms and higher prices for
all borrowers. The reason is that this incentivizes lenders to extract more surplus
from high-default borrowers. Increasing the rate of the high default contract makes
the adverse selection stronger as taking the low default contract price and terms as
fixed, the high default borrowers have more incentives to pretend to select the low
default contract. This negatively impacts the low-default borrowers’ contract terms
and prices. The opposite effect obtains in competitive markets or when the cost
decrease affects contracts designed to be chosen by low default probability borrowers.
When competition is low enough, the lower rate is passed through the high default
contract, this makes the adverse selection weaker and thus benefits the low-default
borrowers. Analyzing the impact of those policies thus requires measuring the degree
of competition and how lenders implement their screening mechanism in practice.
In the rest of the paper, we first describe the model setup in section 2.3. Then, in
section 2.4, I provide intuition about the incentives to screen, I prove the existence
and uniqueness of the equilibrium and solve for the model in closed form. Finally, in
section 2.6, I analyse the theoretical effects of changes in the fundamental parameters
of the model and discuss the potential implications of various widely used policy

interventions.

2.2 Literature Review

This paper is related to the literature studying both adverse selection and competi-
tion, and to the literature studying the role of contract terms and prices as a screening
device.

There is a growing literature on the interaction between adverse selection and
competition. Papers have focused on the situation in which lenders can only choose
interest rates (see Crawford, Pavanini, and Schivardi (2018) for a structural empirical
framework), or the case in which lenders can pay a fixed cost to learn about borrowers

13. See for instance the 2014 BIS report “Basel capital framework national discretions” for the
lending market and Einav, Finkelstein, and Tebaldi (2019) for the insurance market
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type (Yannelis and Zhang (2021)). My paper differs from those two by looking at
a situation in which lenders can screen their customers by designing their menu of
contracts.

Our paper contributes to the literature on adverse selection and on the role of con-
tract terms and prices as screening device. The vast majority of the literature analyses
model using perfect competition (Rothschild and Stiglitz (1976)) or monopoly (a la
Stiglitz (1977)). Recent examples are Farinha Luz (2017) for a characterization of
the mixed strategy contract terms under perfect competition and Guerrieri, Shimer,
and Wright (2010) for a pure strategy characterization based on the assumption that
the principal can match with at most one agent. The closest paper to our is Lester
et al. (2019). It uses a search model & la Burdett and Judd (1983) to model imperfect
competition in and otherwise standard screening model in a goods of different quality
(lemon market). We use a different modelling approach based on a discrete choice (&
la McFadden (1981)) and focus on the lending market. Our discrete choice approach
allows to solve our model in pure strategy and makes our model closely related to
empirical industrial organisation models (see Polo, Taburet, and Vo (2022) for an
empirical application), while Lester et al. (2019) rely on a mixed strategy character-
ization. The reason their model have to be solved in pure strategy comes from their
modeling of demand. By modeling borrowers as some being infinitely price elastic
while other being completely inelastic, Lester et al. (2019) end is a situation similar
to Rothschild and Stiglitz (1976) in which both pooling deviations attract the same
proportion of good and bad borrowers as in the full market. As discussed in the
introduction, this creates in some situation incentives to deviation from both pooling
and screening prevents the model to be solved using pure strategies. Our paper com-
plement Lester et al. (2019) analysis on the interaction of competition and adverse

selection trade-off by highlighting the screening externality.

2.3 Model Set-up

2.3.1 General considerations

I consider a 2-period model with two groups of agents: borrowers and lenders. I also
refer to the second group as banks. There is a finite number of banks B > 1 indexed

by b€ 1, B. Banks offer a menu of contracts. I index a contract by c.

Timing: At the beginning of the first period, each borrower makes a decision to
enter or not the credit market. There is no entry cost, borrowers choose to partici-
pate if the utility they get from borrowing is higher than the one of not borrowing.

Conditional on participation, a borrower chooses one loan contract from one lender.
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Loans mature in the second period. Borrowers may default on their loans.

Heterogeneity: Borrowers have heterogeneous characteristics (age, income, risk
aversion..). This translate into borrowers having different preferences over loan con-
tracts and banks’ characteristics. Borrowers also have heterogeneous default proba-
bilities. There are two types of borrowers indexed by i € {G,B}. The number of

type i borrowers is denoted n;.

Information structure: There is asymmetric information in the economy: lenders
do not perfectly observe borrowers’ type (i.e. their preference and their default prob-
abilities).

Lenders are using the revelation principle: whenever it is profitable and feasible,

they use a menu of contracts to make borrowers self-select.

2.3.2 Borrowers

In this section, I model borrowers’ decision to participate in the credit market as well
as their choice of loan contract and repayment behaviour. I then provide a micro-

foundation of the demand system.

Information structure: All parameters defined in this section are part of bor-

rower i information set at the time they make their choice of contract and bank.

Choice of contract and bank

A loan contracts is composed of the loan size L and the amount the borrowers
promised to pay at maturity R. This is extended in the appendix to any finite

number of contract characteristics X as long as they enter linearly in the utility.

Utility: The utility of type i borrowers when borrowing an amount L. in period

1 via contract ¢ requiring a repayment of (R.) at maturity is specified as:
uz’(LCaRc) = ﬁiF(Lc) — R, 8i>0 (2'1)

BiF'(-) is the borrowers’ willingness to pay for an extra unit of lending.

Without loss of generality, I assume that Sg < Bp. Since the interest rate pref-
erence parameter is normalize to one, a high 8 captures that the borrower derive a
high utility level from housing, or less disutility from having a high interest rate. I
provide in the next section (section 2.3.2) a micro-foundation for this utility form.

Heterogeneous [ coefficient imply that lenders can screen using loan size L and the
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face value of the debt R. Screening is achieved by offering a contract whose pricing
for an extra loan unit is in between the two borrowers’ willingness to pay. That way,
the extra loan units will be purchased only by the high WTP borrowers only.

In an extension, I include down-payment, collateral and loan size to endogenize
the contract Loan-to-Value. This is done as many policy regulations (Capital require-

ments, government guarantee schemes) are based on Loan-to-Values.

Choice of bank b contract c: Borrower i chose the bank that offers him the

best deal:
maze{u;(Le, Re) + 0 Yey), ey iid, EV (2.2)

o ley is the main departure from the classic principal-agent model. o drives the
product elasticity (competition) and can be interpreted as the distance between the
borrower and the closest bank branch as in, for instance, Hoteling (1929). When o
tends to infinity, borrowers only care about the contract features offered by the banks
(i.e perfect competition). When o~! tends to 0, each bank behaves like a monopolist
with their borrowers.'*

In the Appendix (D.2), the model is also solved with a different functional form
for €;;, that yields a CES type of demand function instead of a logit one.

Participation constraint (PC): Borrower i accept a contract if it provides them
a higher level of utility than the one they would get if they do not take any loan.

Formally, borrower i accepts the loan if:
ui(Le, Re) = V;=VeR" (2.3)

The fact that €; is not present here is in favour of the interpretation of €; being
a sunk cost that has to be paid in order to go to the bank. Using a nested logit
approach, one could write a similar condition that would model the entry decision in

the borrowing market.

Survival probability: Borrowers have heterogeneous and exogenous survival

probabilities (6;).
0; =1 — pPi, p>0 (Adverse selection) (2.4)

I consider the case in which the market is adversely selected. That is borrower

with a high willingness to pay fp > fg are more likely to default p < ;). In the

14. when (g;,;); are not all equal



2.3. Model Set-up 73

following micro-foundation, I justify this assumption by the fact that high default
borrowers are more likely to have a high willingness to pay for loan as they do not

expect to repay the full face value of the debt.

Possible micro-foundation borrowers’ indirect utility

This section micro-found the assumption made about adverse selection (p > 0) using
first principles. As I will look at mortgage policies in the last section of the paper, I
use a mortgage micro-foundation. Alternatively, one can assume that the lending is
used for consumption in the first period and get rid of the housing modeling.
Borrowers do not have any income in period 1. They can get a loan (L.) to invest
in a house of size (Hp) yielding the utility F'(H;) in each period as long as they
do not sell it. They can also consume (C1), from which they derive utility (u(C1)).
The function F' and u are increasing and concave with F/(0) = u(0) = 0. Borrowers
discount period 2 utilities with the discount factor §. In the second period, borrowers’
income is either W with probability (#) or 0 with probability (1 — #). Borrowers use
their income W to consume (C3) and to repay the loan (R.). When their income is

equal to zero, they fire sell the house and get (yH) to repay for the loan R..

utility when not defaulting utility when defaulting
A A

~

mazgcy w(Cr) + F(Hy) +660  [u(Ca) + F(Hy)]  +6(1 —0) [u(max{yH1 — R, 0})]

(2.5)
sit. Cy + Hy = L, (2.6)
Co=W — R (2.7)

Assuming for simplicity of the notation that fire selling is costly (y = 0)!° and
that borrowers prefer to invest in the house rather than consuming in the first period
(ie. v/(0) < [1+ B(1 —d)F'(L)], with L being the maximum loan size available),
but that they prefer consuming rather than getting a house in the second period (i.e.

uw' (W) > F’'(0)) the indirect utility can be written:

B
—

[é A F(L) — u(W — RY) (2.8)

15. In that particular case, borrowers would be better off keeping the house (and lender would
be no worse off). Selling the house upon default can be however rationalized by the use of house
as collateral in order to prevent borrower to fill for default even when income is equal to W (see
appendix D.2.1).
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Without loss of generality, I normalized the utility parameter to one in the above
expression. The expression implies that high default borrowers are more likely to have
a high willingness to pay for loan as they do not expect to repay the full face value of
the debt (captured by %). When the utility of consumption is linear, the same indirect
utility as in 2.1 is obtained. This assumption is consistent with Hertzberg, Liberman,
and Paravisini (2018) empirical findings that the self-selection in the consumer lending
market seems to be driven by private information on the income process rather than
risk aversion.

The model can be extended by allowing borrowers to have income (A) in the first

period at contract to allow for down-payments (D). The utility thus become:

1 1
[ + 1]F(Le + D.) + —u(A — D) —u(W — R,) (2.9)
00 00

In that case, we get that high default borrowers are less willing to put their own
wealth into their house. This justifies the fact that, under screening, high LTV loans

will be selected by borrowers with unobservably high default probabilities.

2.3.3 Lenders

Lenders do not observe borrowers’ type (;) but they know its distribution and its
correlation with survival probabilities. They use a menu of contracts to make borrow-
ers self-select on their private information. They use the revelation principle: they
maximize profits subject to incentive compatibility constraints. I assume that e
is independent of contract characteristics so that banks cannot screen borrowers on
their €;;, draw.

The model is thus the classic textbook principal-agent model but with the possi-

bility for borrowers to move to other banks. Each bank maximization problem can

be written:
Demand
;arket size PC?t PC? K Ezxpected profit on loan
—N— e I - ~N
maaj{(LibyRib)E}—}Ee[ 2 Uz . 1ui(Lib7Rib)2‘7ib(€) . 1ui(Lib7Rib)2‘7 P‘/Z
1€{G,B}
(2.10)
s.t. (ICZ) : ui(Lib,Rib) = ui(ij,ij) Vi, j € {G,B} (2.11)

Where PV, is the present value of lending to borrower i via a contract i at bank
b. Following the micro-foundation presented in section 2.3.2, the present value can

be written PVy, := 0; Ry, + (1 — 0;)min{~vH, R;,} — mcLy;, where mc is the marginal

Bi]
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cost of lending via contract c. To focus on risk discrimination, I consider the case in
which the price of house upon default v = 0 is low enough so that the collateral is
not enough to repay for the face value of the debt.

The first constraint (PC!) states that, a borrower comes to bank b if bank b
contract delivers a higher utility level than its competitors. Formally, the utility of
going to another bank is Viy(e) := maxp{ui(L;, R;) + 0i€ — oi€p}-

The second constraint (PC?) states that, given that a borrower comes to bank b,
they accept the contract if it provides a higher utility than not borrowing.

The incentive compatibility constraint (C.41) makes sure that borrower i chooses
the contract designed for them. As the random term (e;) is the same for all the
product of the same bank, lenders cannot screen borrowers on their (¢;;) parameter.
Indeed those two terms cancels each other. Under the assumption that €;, is extreme

value distributed, the probability that borrower i chooses bank b is:

exp(ojui(Lip, Rip))
erBi 6$p(0’i’u,i(Lm7 Rzz))

N7 (ui(Liby Riv)) = Ee[Ly, (L3, Rup)> V(o)1 8i] = (2.12)

B; is the set of banks available to borrower i.

For the problem (2.10) to be well defined when the function F is linear, I assume
that contracts’ characteristics are bounded: F := {(L, R.) : L. € [0,H], R > 0}
with H > 0. H reflects maximum house size availability or the fact that the house
utility function F has a kink. Alternatively, I can write this constraint as a maximum
Loan-to-Value constraint to model existing regulations. I use a constraint on L rather
than a constraint on borrowers second period income (and thus R) as this allow the
house size to be fixed in the first best and independent of competition in order to
focus on the effect on rates. R needs to be positive, I do not put any upper bound
as competition or the participation constraint will naturally impose a bound (i.e. I

assume that W in the second period is high enough).

Assumptions Al: We assume that F is linear on [0, H] and equal to F(L) = L.
We consider that both market segment have positive NPV 3, — Tg—f > 0 Vi. This
assumption is made to make the screening problem interesting. If only the low WTP
borrower had positive NPV, then the model will be similar to Akerlof (1978), in which
only one contract is offered. Similarly, if only the high WTP borrowers have a positive

NPV, then banks will easily exclude the low WTP borrowers.

2.4 Optimal Menu Design

In this section, I analyze how each lender set contract terms under under perfect and

then under imperfect information.
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2.4.1 Contracts when [; observable

Before focusing on the meaning and the impact of the of the incentive compatibility
(IC) constraints, let us first solve the problem without it. That is, let us focus on the
case in which borrowers’ type is observable.

From the problem (2.10) without (I/Cp):

Proposition 1: Banks’ incentives to screen under perfect information
Each bank uses product characteristics (L) to mazimize the surplus of lending (S :=
(Bi — 73—;)), then uses the interest rates to split the surplus between itself and the bor-

rowers.

Formally, from the first order conditions of the problem (2.10) without (ICp) and
dropping the b index for clarity of the notation:

Characteristics:
LPl .= H (2.13)
Pricing:
fair price “markup”
PI/7PI me; LTT N; —
ry (L ') = 91-1 T AN if u; >V (2.14)
BZ-LZP I_v: Otherwise
Utility:
Lending surplus “m(?\"}k up”
u; = S;(LPhy - 6RJZV¢ if u =V (2.15)
Vi Otherwise

with S;(L) := (8; — °)L being the surplus generated by the lending activity.
Equation (2.13) states that the optimal contract allows borrowers to get the

biggest house possible H. This is because we assumed that lending generates positive

NPV (5, — o >0 Vi).
The upper right-hand side of the equation (2.14) reflect the case in which competi-
tion is high enough so that the participation constraint is not binding. This equation

captures the classic extensive and intensive margin channels driving the interest rate

PI
level. The first term (mceL_ i) is the fair price. That is the price at which banks
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would break even. The second term is a “markup” term'®. It is equal to the inverse

price elasticity multiplied by R (5 év](,z =5 (11_ Ni))‘ The numerator of the “markup”

captures the intensive margin: by increasing R, banks earn more on each borrower.
The denominator (0rNV;) captures the impact of the extensive margin on pricing: by
increasing R the bank loses customers. In equilibrium, the right-hand side part of the

equation will not depend on rates as the mark-up agj\,_ will simplifies to ﬁ.w

Due to the utility of loan size and interest rate being additively separable, absent
asymmetric information, imperfect competition does not distort loan size away from
its first best value. The reason is that, under perfect information, banks set the
contract characteristics that maximise the lending surplus and use interest rates to
split the surplus between borrowers and lenders. This separability assumption may
not be valid when the loan is used to buy a good, that complements consumption.
We will not analyze this case in our model as we focus on the distortions related to

the contractual externality only.

2.4.2 Contracts when (; unobservable

Now let us focus on the incentive compatibility constraints and how it impacts banks’
menu offering.

As shown in the previous section, given assumption A2 stated in the previous
section: (i) borrowers would get offered the same product in the first best, but (ii)
banks would like to price them differently due to their different default probability or
price elasticity. Said otherwise, the first best contracts are not incentive compatible
as borrowers will always choose the cheaper product.

As a result, banks have to distort the first best contracts to maintain borrowers’
incentives to self-select. Formally, they do so using a system of incentive compatibil-

ity constraints (IC).

Simplifying the maximization problem

As in the textbook principal-agent model, the system of IC can be simplified. For-

mally, the simplifications are summarized in the following Lemma 1, 2 and 3.

16. The theoretical literature usually refers to the markup as the output price divided by the
marginal cost. I instead define the mark-up as the pricing above the marginal costs. The empirical
IO literature sometimes uses the same terminology (Crawford, Pavanini, and Schivardi (2018)).

17. Indeed, under the logit formulation the r terms cancels each other to become m The
parameter o drives the product elasticity. When sigma is high, a lot of the surplus is given back
to the borrower. (1 — n;N;) captures the fact that the price elasticity under a logit depends on the
number of competitors. In a symmetric equilibrium, this term will be equal to the relative number
of borrowers of type i over the total number of banks.
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Lemma 1: At least one IC is biding. Under the assumption that op < og,

(ICp) is always binding.
Proof: Appendix D.4.

op < og makes sure that the high WTP borrower is always the one that bene-
fits from pretending to be the other type. This is because their perfect information
interest rate is always higher due to their higher default probability and lower price
elasticity. This assumption makes the problem easier to present as one does not have

to track the IC constraint that is binding. This assumption can be relaxed.

Using Lemma 1, we know that (/Cp) will always be binding in problem (2.10).
(ICp) states that borrower B (i.e. the one that wants to pretend to be of the other
type) must be indifferent between his contract and the contract chosen by borrower

G. It can be written:
(ICB): Rp — Rg = Br(Lp — Lg) (2.16)
(ICq) can be written as a monotoniticy constraint:
(ICq): Lp > Lg (2.17)

Equation (2.16) and (2.17) implies that high default will self-select a interest rate
contract because they find the loan size increase Lp — L cheap enough. Equation
(2.16) states that each loan units above L must be priced at he maximum willing-

ness to pay (8 > B¢) so that the G borrower prefer the smaller loan size contract.
Solving for the problem 2.10 using Lemma 1, we get:

Lemma 2: No distortion at the top. The product characteristics of borrowers

B are equal to their first best value.

Proof: Formally, this is shown by solving for the maximization problem in its
promised utility form and noticing that (ICp) does not depend on Lp nor Dpg. Intu-
itively, the self-selection problem comes from the fact that high default (high WTP)
borrowers want to pretend to be low default (low WTP) borrowers to get a cheaper
loan. If the bank offers a contract with distorted product characteristics (Lg < L),
it means that the surplus is not maximized (as g — ?—;). There is thus a Pareto
improvement that leads to either more profits in the B market segment or relaxes the

IC constrain. Indeed, this is the case if the bank increase Lp and changes the rate of
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the B contracts in between the marginal cost of L and the willingness to pay of the

B borrower.

Lemma 3: Banks’ trade-off and product distortions. (i) Only the loan size
of the contract designed for borrower G is distorted. The distortion is proportional to

the interest rate spread:

11 11
RB _RG c ]

(ICg): ALY = LPT — Ll = 5 [0, H] (2.18)
B

(ii) Relative to the first best, the interest rate of the B borrower is lower, the one

of the G borrower is higher. The pricing have the form:

Jair price  “mark up”
LII ? Asymmetric information discount/premium
mel; ; — . _
Rl = Loy 4 Al if u >V,
0; 6RN¢
,BiLiH -V Otherwise

(2.19)

with DJIB and LJIB and the non distorted characteristic of borrower G are equal to
their perfect information values defined in section 2.4.1. The distorted characteristic

of borrower G (found using lemma 3) is given by equation (2.18).

Proof: (i) Use lemma 2 and Lemma 1. (ii) solve for the problem using the La-

grangian.

Equation (2.19) states that the price can be written as in the perfect information
case (fair price and mark up) with an extra additive term. I call this extra term the
asymmetric information discount or premium (AI). The Al term enters positively for
the G borrower (i.e. premium) and negatively for the B borrowers (i.e. discount).
Absent AI, the spread between rates would be higher, implying that banks would
have to distort the Lg characteristic more intensively. Al thus provides information
about the incentives to screen: setting high AI allows to lower the spread between
rates and thus lower the product distortion on the G market segment. In the extreme
case, high Al implies that banks offer just one (pooling) contract.

The modelling of imperfect competition yields a new expression for the loan pric-

I
ing. Indeed, under perfect competition, only the fair price mgiLi would be present.
Under monopoly, the participation constraint will be binding for one borrower, and

the price of the other borrower would be (partially) driven by this outside option.
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“mark up”

—_—— Asymmetric information discount
N; — .
The extra two terms N + Al; are thus specific of the
RIV;

imperfect competition case. They allow studying how different changes in the eco-

nomic environment affect incentives to screen.

Banks’ trade-off: Using Lemma 3, the perfect information solution and the
optimization problem (2.10), we can see that the incentive compatibility constraint
creates the following trade-off. If a bank wants to extract a lot of surplus from market
B (i.e. set a high rate Rp > R¢) as in the perfect information contract, it has to
distort the market G (i.e. lower Lg or higher Rg). If the bank wants to distort less
the market G, it has to provide an information rent to market G (i.e. set a lower rate
Rp < Rg).

Solving Lenders’ Problem

Making use of Lemmas 1-3 of the previous section, I solve for the optimal contract

terms of lender problem (2.10).

Proposition 2: Banks’ incentives to screen Banks have incentives to screen
when the relative profits in the G market segment are low, when screening is costly
and when price elasticities are high. Looking at an interior solution for LIGI (i.e. LIGI €

[0, H] and u; =V, the level of product distortion is:

_ 1 Ng Np
LY = 0H + - + Alp — Al
¢ — MGl 3aNG  aaNg N A ]
No markup no Al risk discrimination incentives
price discrimination incentives
(2.20)
Where
IC cost increase in L Benefits increase in L
MB —~ mc —~ mce
0<O0:= "2 <1, MC = Bp — %, MB = g —
UC BB oo BB o
(2.21)
Asymmetric in formation discount given to type B :
N, 0
Al = ——C¢ _@7CMC - (2.22)
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Asymmetric in formation premium paid by type G :

Ng
—Alg = ———F60>0 2.23
“on.No (2.23)
We will show in the next section (section 2.5) that the conditions for the interior
solution (i.e. Lg € [0, H] and u; = V) are satisfied when competition is high enough.
The general case with multiple characteristics is solved in the in Appendix (D.4).!
The channels at play, however, remain the same. We can thus focus on the interior

solution only to gain intuition about incentives to screen.

The asymmetric Information terms (AI) represent the interest rate distortions
relative to the perfect information pricing. To understand incentives to screen, we
can thus focus on those terms only.

The size of the asymmetric information discount (Alp) captures the incentives
to pool or screen borrowers using the rate on the B contract. Indeed, providing an
information rent (Alp 1) to market B allows to relax the product distortion in market
G (and thus be closer to the pooling contract). Doing so, banks make less profits on
the B market segment but increase it on the G market segment. Banks thus have
incentive to provide and information rent if potential profits in market G are higher.
This is the case when the relative market size Z—g is high or if the probability of
the loan being repaid is the B market segment is higher (z—g high). In addition, the
benefit of providing an information rent (Alp) is higher when the screening device is
effective. That is, when the marginal surplus generated by market B for each extra
loan unit (M B) is high, and the information rent allows to increase loan size a lot

(i.e. (MC)~! high). The term UB(ll_NB) %—g = aRJZC];VB is a feedback effect. It captures

the fact that providing an information rent while maintaining the utility of the other
borrower constant increase the relative market share of market B relative to market
G. As the size of market B increases, the incentives to provide an information rent

decreases. This feedback effect is stronger when the price elasticity is high.

The value of the information rents (Al;) illustrate the different the incentives to
pool or screen borrowers by distorting the rate on the G market segment. Its purpose
is also to relax the incentives compatibility constraint in order to lower the distortion
in characteristic X. Increasing the rate by one unit allows to increase X by ﬁc
while maintaining incentives to self-select and to thus generate and extra surplus of

M B. However this come at the cost of loosing customers. The lost in customers is

18. When the participation constraint of borrowers i is binding the element a}:’ﬁ and Al; will be
replaced by a function of the participation constraint. When the product distortion is equal to zero,
the AI have a value so that the pricing equation 2.19 is equal to the break-even pooling condition

plus a weighted average markup.
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ngNg 1 . Again,

Madrg NG . 0G(I-Ng)

this feedback effect is stronger when the price elasticity is high.

captured by the parameter driving the price elasticity

2.5 Equilibrium

In this section, I solve for the equilibrium contracts. In contracts with other screening
models, my model features a unique pure strategy equilibrium exists. This “ existence
result” is important as it allows the analysis of the impact of screening when banks
interact with each other without the use of equilibrium refinements. In that context,

I show that there is a screening externality.

2.5.1 Existence and Uniqueness

As shown in Rothschild and Stiglitz (1976), an equilibrium may not exist in the
perfect competition setting. This result rests on the existence of profitable pooling
deviations that prevent banks to screen borrowers. Those deviations depend, among
other things, on the relative number of types of agents. To overcome this one can
use another equilibrium concept as in for instance Riley (1979), Bisin and Gottardi
(2006) or Wilson (1980). The two first equilibrium concepts restore the existence
of the screening equilibrium, while the third one restores the pooling equilibrium.
Another way to overcome this issue has been to change the modelling. For instance,
Guerrieri, Shimer, and Wright (2010) assumes that the principal can match at most
one borrower. Finally, allowing banks to play mixed strategies can solve the non-
existence problem (see Dasgupta and Maskin (1986) for a proof that a mixed strategy
equilibrium exists, and Lester et al. (2019) or Farinha Luz (2017) for a numerical
solution to those mixed strategies).

In the model presented in this paper, equilibrium exists in the pure strategy setting
with general utility functions. The logit demand system leads to product elasticities
and equilibrium promised utilities that prevent the pooling deviations from existing
as long as the product elasticity is low enough. The reason is that any pooling de-
viation attracts relatively more costly borrowers so that banks cannot break even.
Said otherwise, the equilibrium under imperfect competition features just enough of
cross-subsidy so that any pooling deviations is not be profitable as they attract a
relative number of types of agents so that the existence condition in Rothschild and
Stiglitz (1976) is satisfied.

Proposition 3: Uniqueness and existence of the equilibrium
Existence: There exist a pure strategy equilibrium as long as the product elasticities

are low enough (see Appendiz D.5 for the conditions). The equilibrium is symmetric
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. : 1 N; 1 : g
and is given by replacing N; by 5 and N, by S0-T) in the formulas (2.19) and
(2.20). B being the number of banks.

Uniqueness: In the spirit of Dixit and Stiglitz (1977), considering the limit case in
which the number of banks is high enough so that the Or Ny = 0;Nipi(1 — Nip;) ~

0;Nipi. The equilibrium is unique.
Proof: See appendix D.5.

The conditions on the level of price elasticity for the equilibrium to exist de-
pends on the strength of the adverse selection. This drives how profitable the cream-

skimming deviations are.

2.6 Analysis of the Equilibrium Contracts

In this section, I do a positive and normative analysis of the equilibrium contracts.
For simplicity, as they do not bring anything to the policy analysis, we assume that

the price elasticity of both borrowers are the same (o := og(1 — 5§) = op(1 = “&)).

2.6.1 Positive Analysis of the Equilibrium Contracts

In Figure 2.1, I summarize the various types of equilibrium and the regions in which
they occur. To focus on risk discrimination, the figure is plotted for the case in which
Z—g = 1 and varies the level of product elasticity (o) while keeping the ratio of product

elasticities constant. I discuss how changes in this assumption affect the shape of the

graph in the following paragraphs.

Level of competition at which the Level of competition at which the
nG Participation constraint of nbis binding Participation constraint of n® is binding
nB
Pooling
Screening Exclusion
0 -1

FIGURE 2.1: Equilibrium regions
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I lay out the general results and explain the mechanisms behind them in the fol-

lowing paragraphs.

Result 1: Banks screen when competition is high enough. Screening hap-

pens even in cases both borrowers type would prefer to be pooled.

To explain why pooling is not feasible, let us consider a close to perfect competition
situation in which banks pool borrows and break even on the lending contract. This
situation implies that banks make losses in the G market segment and profits in the
B market segment. This creates incentives for a competitor to offer a new contracts
(Lg) with lower X and price lower price by any amount in between [(H — Lg)Bq, (H —
L¢)Bg] to attract the G borrower only. The contract is attractive to borrower G (with
lower WTP for X) only as they find the decrease in interest rate more valuable than
the cost of having a lower characteristic L while its the contrary for the other borrower
type. This contract allows the competitor bank to make positive profits. As shown in
Rothschild and Stiglitz (1976), under perfect competition, the screening equilibrium
may not be possible if low default borrowers are numerous enough and both borrowers
prefer to be pooled. In that case, there is a profitable pooling deviation. Indeed, the
bank will attract all borrowers and make profits by offering the first-best contract
characteristics and pricing just above the break-even cost. This situation does not
happen in my model as long as the price elasticity is not infinite. Indeed, in that
case, if banks are in a screening equilibrium, the pooling deviation attracts relatively
more bad borrowers making it impossible to break even with it.

The screening deviation mentioned above implies that there is a screening exter-

nality. I analyze this externality in the net section.

Result 2: Banks tend to pool when competition decreases as long as the
participation constraint are not binding. When op < og, Banks screen when
competition is high enough (o € [g,00)). When the participation constraints are not

binding, the switching point (o) is defined by:

Level of distortion under PC Relative surplus measure
oL ’ Bgs__
1-— _1 ~ n 1
5= o2 51+ 22

“Cost” of screening

( MC )~

0: Product distortion under perfect competition (defined in Proposition 2)
~  Be— gg
- /BB*;—Z?

< 1: Relative surplus measure
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The intuition for why banks tend to pool when competition decreases comes from
the fact that the product distortion is proportional to the spread between contracts
(see. Lemma 3 equation (2.18)). As competition decreases, banks can increase rates
by approximately Ui However, they increase the rate less strongly for high WTP
borrowers as they want to provide an information rent to maintain borrowers incen-
tives to self select. Thus as competition increases, the spread between interest rate
decreases as long as % > L or L < L and the incentive to provide an information

G oB oG oB

rent dominates.'”

As shown in Proposition 2, having 72 > 1 does not change the figure shape. In-

G

deed, in that case, the price discrimination incentives goes in the same direction as
the risk discrimination ones. as it creates incentives to pool as the G market segment
become more profitable since they are relatively more less price elastic. Contrarily,
g—g > 1 creates incentives to screen as competition increases (keeping the ratio of

product elasticities constant).

Result 3: Depending on the level of competition, changes in adverse

selection ( z—g ) can lead to more pooling or more screening.

The result derives from Proposition 2 and proposition 2. Intuitively, under a low
level of competition, the decrease in the default probability of the B borrowers (1 z—g)
increases the potential profits in this market. As shown in Proposition 2, this creates
incentives to distort the market segment G to enable extracting more surplus from
contracts designed for market B. Under a high level of competition, however, the
decrease in the default probability must be passed through to the interest rate of the
contract designed for the B market segment. This, in turn, relaxes the distortion in
the G market segments as the high default borrowers (B) then have fewer incentives
to choose low loan size contracts.

When adverse selection decreases, the equilibrium region moves from the dotted

lines to the solid lines in figure 2.4.

Normative Analysis: Screening Externality and Pareto Improvement

In this subsection, I analyze the screening externality. I show that different policy

interventions, such as a decrease in competition, can mitigate the externality.

Screening externality: The fact that banks must screen when competition

is high enough may be striking as, in some cases, both borrowers would prefer to

1 1
19. Formally, as long as: [ T oo + Alp — Alg 1>0
u risk discrimination incentives(>0)

price discrimination incentives(go)

with AI formulas given by using Proposition 2 and 3.
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. 0%
né When Adverse Selection Decreases (QT; 1)

nB

Pooling

High default

<::| 'b‘orrowers less likely
tocopy

Banks want to extract more
surplus from high default
borrowers

Screening Exclusion

FI1GURE 2.2: Equilibrium regions when adverse selection decreases

be pooled. This result is due to a screening externality: when banks design their
contracts, they do not internalize that their screening behaviour affects other banks’
screening ability. This externality is absent from monopoly models as, by definition,
they abstract from the interaction between the actors creating menus. It has not been
studied in perfect competition models due to the reliance on equilibrium refinements.

To fix ideas on the mechanisms driving the screening externality, let us consider
a situation with two types of borrowers where banks price close to marginal costs.
One borrower type has a higher default probability, and both prefer not to put down
payments (i.e. low X in my model). Let us further assume that screening is possible:
putting more down payment is relatively more costly to the high default borrower.
Let us further assume that using collateral is inefficient in the first best: borrow-
ers value the down-payment more than banks. In that set-up, both borrowers type
may prefer to be pooled (i.e. getting the same contract). Indeed, the high default
borrower is better of being pooled as he gets a lower rate. The low default bor-
rower might be better off as well. This happens when the cost of being pooled (i.e.
getting a higher rate) is lower than the costs of being screened (i.e. having to put
more down payments). However, the pooling equilibrium may not be feasible due to
so-called cream-skimming deviations. Indeed, because both borrowers pay the same
price, banks make more profits on the low default borrowers. This creates incentives
for a competitor bank to offer a low rate, positive but low down payment loan that
will attract the highly profitable borrowers only. The key intuition is that the cost of
screening (i.e. the amount of down payment required to screen borrowers) is low if the
other banks keep offering the same pooling contract at the same rate. In other words,

given that other banks pool borrowers, high default borrowers derive a lot of utility
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from the pooling contract, and thus the amount of collateral required for screening
need not be large. However, as the competitor introduce the screening contracts, the
low default borrowers start choosing the low X loans. Thus, banks that do not screen
have to increase the rate on the pooling contract. In turn, this forces the bank that
screen to ask for even more down payment. At equilibrium, each borrower chooses
a different contract, and there is too much screening in the economy. Under perfect
competition, the pure strategy screening equilibrium may not be feasible (Rothschild
and Stiglitz (1976)) as a competitor can offer a pooling contract that is preferred
by both market segments if the number of high default borrowers is low enough. In
my model, this does not happen as long as the price elasticity is not infinite as the
separating equilibrium feature enough cross-subsidization between borrowers so that
pooling deviation will attract relatively more high default borrowers and end us being

not desirable by banks.

Measuring the screening externality losses: To get a lower bound on the
screening externality impact, one can look at a monopolist framework subject to the
constraint of providing at least as much utility to borrowers as in the one given in a
competitive market with price elasticity o.

Let us denote those set of utility as (u, uf) and use the vector X := (L, D), the

problem is thus:

profits on type i market segment
Market size A

A mc
maLyxe pyenipy ), M [(8; = 5 )Li = uf]

s.t. (ICB) : U*B = U*G + (ﬂB - BG)LG

Proposition 4: Banks should offer and information rent and pool borrowers

together iif:

Ba— 7= 6
PG~ 0 Vana

G5 —Bc) s g (224)

However, except under monopoly, the competitive equilibrium switching point is
different than the social planner one (2.2/). For instance, according to Result 2, when

both participation constraint are not binding, banks pool borrowers iif: o € [0,7]

mcy

/8 ——
The left hand side T ;Big’é )%Z—CB’ is also the rate at which competition increases

the information rent (ef. equation 2.38). It is increasing in the relative profit made in
the G market segment relative to the B one (z—gZ—CB’) and the benefits of relaxing the

contracts (Sp — n;;f ). It is also decreasing in the information rent costs (8 — Bg).
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The right hand side is the rate at which competition increase the interest rate in the

B market segment.

The gain welfare gains are:

AW = ngagAug + npapAup + apAll (2.25)

mc
=npapAup +—  nplp(Sp — Ba)Ac  +ncba(Ba — —

~ Oc
profit decreases default utility Y
profit increases

YAg > 0V(ag,ap,ar) >0

(2.26)

«; is a weight that normalize the utilities into the same unit. For instance, if the loan
is not recourse and borrowers are risk neutral then the weights are 64,05 and 1. It
that case everything is expressed in monetary units. Auwu; is the increase in utility of

borrower of type i Aq is the difference between L and the banking equilibrium.

Back of the envelope calculation: Considering only two types of borrowers
and using the estimates similar ofRobles-Garcia (2019) for the X and price elasticity,
I get:

The perfect competition contracts would be 95 and 87 X. The Information rent
allows to get the imperfect competition contracts at 95 and 92 X. T The equilibrium
contracts rates are 5.5 at 95 X and 4.8 at 90 X. The information rent are 0.26 for B
and 0.25 for G. There is a screening externality, the monetary equivalent cost of the
imperfection is costs 10 basis points per contract. If banks could get this dead-weight
loss it would corresponds to a 30 percents increase in profits. When the surplus is
gave back to borrowers this would lead to 120 £ payments reduction per year on a 30
year mortgage of 180,000£. When the default spread is 0.1 instead of 0.05, the cost
rises to 50 basis points (600£ per year).

Effect of competition, adverse selection, relative profits in each market
segment on the screening externality: We can look at how changes in the eco-
nomic environment affects welfare. 1 define the set of changes leading to an increase

of utility to both borrower type (Pareto set).

Has hinted by Proposition 3, decreasing competition can welfare increasing as long
as some borrowers are credit constrained. Indeed, decreasing competition can restore
banks ability to pool borrowers, low default probability borrowers are happy to be
pooling if the cost of screening is too high (i.e. high credit constraint). High default
borrowers are happy to be pooled since they a lower rate. This is shown formally in

the following result:
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Results 4 The impact of competition on welfare is ambiguous. Decreasing com-
petition is welfare increasing for both borrower type as long as o € [d,00) and the

participation constraint of G is not binding:

Lower L distortion

N Increase mark—up  Cross—Subsidy
N — —
G borrowers: |[Bag — %] [ — %]*10(1413 — Alg) > 1 —  JoAlg
G
(2.27)
Cross—Subsidy Increase mark—up
—
B borrowers : cAlp > 1
(2.28)

The less high default borrowers there are (n?) relative to high default borrower
(n%) or the lower is their default probability relative to low default borrower (g—f;
high), the better decreasing competition is. The reason being that pooling is not
costly for safer borrowers in that case. The results also depends on the difference in
willingness to pay. The mode similar they are, the more effective is the cross-subsidy
to lower the credit constraint since lenders can increase interest rate more without
the treat of high WTP to copy the low WTP contract. Notice that those parameter,
if they affect positively the effectiveness of decreasing competition, they also lower
the threshold at which decreasing competition is not welfare increasing anymore. The

results are summarized in the following graphs.

Level of competition at which the Level of competition at which the

WG Participation constraintof n% is binding Participation constraint of n® is binding

nB

Pooling

Set in which decrease in
competition
isa Pareto improvement

Screening Exclusion

FIGURE 2.3: Pareto set
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FIGURE 2.4: Pareto set when adverse selection decreases

2.6.2 Policy Interventions

In this section, I analyze the positive and normative impact of marginal cost policies
(i.e. capital requirements), preferences and marginal costs policies (i.e. government
guarantee schemes).

For simplicity, as they do not bring anything to the policy analysis, I assume that
the price elasticity of both borrowers are the same (o := og(1 — 5§) = op(1 — %2)).

The key point of those policies is that they are designed differently for each specific
product. For tractability, it will be useful to model those policies as a piecewise
linear function over some product characteristics. As a result, it is convenient to also
introduce discontinuities in the marginal costs at the same thresholds so that the first
best products are different for each borrower. This assumption makes sure that the

demand is continuous. Formally, We consider a situation in which the marginal cost

of lending at high X is higher above a certain threshold T
me(X) = mey + 1y g(mea — mey) (2.29)

Borrowers have preference such that:

c meq

m
Be = TGI’ Ba < b (2.30)
Bp> 2 g > 2 (2.31)
0 0

To enlighten the impact of the poly on the distortions, I will consider that they

are not large enough to change the above ordering.
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Policy experiment 1: Effect of changes in capital requirements

Capital requirements are often based on Loan-to-Values ratios (for instance in Basel
III). For this reason, I model capital requirements base on LTV. I consider that the
marginal cost have now the form:

1
I ool
Mee = MC — W mlLTV<LTV — (W' —w )mlLTV>LTV (2.32)

wﬁ being the capital requirements and w capturing how the capital requirements
vary with the loan leverage. A positive w' (or w”) implies that capital requirements
are increasing in LTV when LTV is below (above) a threshold. Using the fact that
LTV := %, this specific functional form is equivalent to redefining the v parameter

as (1 —6;)(y— (11J79)>H in our our previous model.

Assumptions 5: Let us assume that the increase in capital requirements is not
high enough to make the NPV of lending negative.

For simplicity of the exposition, Let us assume that % < 75 so that the optimal
contract features screening on loan size and a maximum amount of deposit D. This

last assumption do not impact the results.

Using Proposition 2 and Proposition 2, the equilibrium distortions can be written:

~ ~ L h
BL _ mc +4w B B Aln — AJ _
Lg = %(H — D)+ #zﬂil < H — DE" when o high enough
?B - [e] , B~ O0c
Fair prz’Ze ef fect Asymmetric information discount ef fect
(2.33)
Asymmetric information discount given to type B :
~ L l
1 Bo — metw g
[Rp = -~ %a UGNG (2.34)
o (Bp—PBa) 98718
Asymmetric in formation premium paid by type G :
1 BG o thfﬂul
IR =-———f% 59 (2.35)
o (B —Ba)

Proposition 5: (i) And increase in low LTV capital requirements (w') have an
ambiguous effect on contract characteristics distortion. Under high competition the

distortion tend to increases. Under low competition, it decreases.
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(ii) The welfare of the low LTV market segment changes in the same direction as the
low LTV. The welfare in the other market segment is ambiguous; welfare tends to
decrease following the policy intervention when competition is low; it increases other-

wise.
PROOF: Appendix D.7

(i) The ambiguous result is due to two opposing effects. I call the first effect the
“Fair price effect”. Providing a government guarantee to high X loan will lower the
cost of high X lending. Under a high level of competition, the decrease in the cost
of lending must be passed through to the high X interest rate. This, in turn, relaxes
the distortion in the other market segments as borrowers shopping in high X markets
then have fewer incentives to choose low X contracts.

The second effect goes into an opposite direction. I call it the “Asymmetric
information discount effect”. Under a low level of competition, the decrease in the
cost of lending to the high X market segment increases profits in this market. As
shown in Proposition 2, this creates incentives to distort the other market segments
to enable extracting more surplus from high X loans.

(ii) The effect on the high X is ambiguous because, under low level of competition,
the increase in profits makes banks less willing to provide an information rent as they
want to extract more surplus from this market segment.

The same two channels do not appear when changing w”) in my model. This
is because of the kink in the housing utility function. Without this, both channels

would be present as well.

Policy experiment 2: Effect of the UK mortgage guarantee scheme (Guar-
antee of high LTV loans)

As shown in Figure (?7?) the COVID-19 pandemic has led to a reduction in the avail-
ability of high loan-to-value (X) mortgage products. This is particularly true for
mortgage buyer willing to put 5% of deposits. In order to help those borrowers climb
the property ladder, the government has introduced a government guarantee scheme.
This scheme provides a guarantee to lender that compensates them for a portion of
their losses in the event of foreclosure. This scheme was available to any first time
buyers as long as their property value was less that £600,000 and their loan had an
X above 91%.%"

20. Details on the government guarantee scheme is provided at:
“https://assets.publishing.service.gov.uk/government /uploads/system/uploads/attachmentqata/ file/965665/210301 pudg
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Effect on demand: Using the micro-foundation in section 77, we have that the

willingness to pay for loan size is driven by:

Gi=1+ M (2.36)

es is a positive parameter driving how costly it is to default. As defaulting is more
likely to happen for low survival probability borrowers (i.e. low 6;), the government
guarantee is likely to be more beneficial to those borrowers and thus increase the
spread between borrowers’ willingness to pay. As the preferences are now a function
of the policy and thus of the product chosen, we use the notation ﬁf for the preference
of borrower j when choosing contract i. We consider that choosing a non-guaranteed

contract lowers the willingness to pay by . We allow for the effect to differ based on

the contract chosen and denote it ﬁg = fyij Bj.

Effect on supply: Let us consider the following scenario: the government guar-
antee scheme is beneficial to banks I model this as an increase g in the survival

probability for loans:

!
R + gR Lrverrv — (" — ) v lirvsitv

extra profits from government guarantee

With those assumptions, the equilibrium distortion can be written:

vEBE — 72 Alp — AT
Lo = - 792;’ L+ — B mcGL < H- Dgl when o high enough
1658 = Govg 1658 = fovg
S ~ d —_—
Fair price ef fect Asymmetric in formation discount ef fect
(2.37)
Asymmetric information discount given to type B :
G ~ L
1 1686 = gosg 06 + g9c na
IRp == ——5 G — (2.38)
o (BB —&Ba) s + 9B nB
Asymmetric in formation premium paid by type G :
~ L
1 Be— "
IRG = — bs < (2.39)

o (vEBs —188c)
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Proposition 6: (i) An increase in the government guarantee has an ambiguous
effect on contract characteristics distortion. Under high competition, X increases.
Under low competition, X decreases. The bigger is the effect on the relative prefer-
ences, the more likely X increases.

(ii) The welfare of the low X market segment changes in the same direction as the low
X. The welfare in the other market segment is ambiguous; welfare tends to decrease

following the policy intervention when competition is low; it increases otherwise.

PROOF: Appendix D.7

2.7 Conclusion

The main contribution of the paper is to provide a the first analysis of the screen-
ing externality and of policy intervention in a market where principals use menu to
screen agents. The main technical contribution of the paper is to build a well be-
haved screening models in which the equilibrium exist without the use of equilibrium

concepts refinements.
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3.1 Introduction

Prudential regulations in the banking sector have grown increasingly complex. For
example, since 2008, European rules have become more interconnected, longer and
more numerous. As a result, the average number of words a reader has to process
starting from a single rule increased from about 600 words to over 25,000 (Amadxarif
et al. (2019)).

On the one hand, designing comprehensive rules can mitigate market inefficiencies
such as moral hazard by changing market participants’ incentives. On the other
hand, policymakers are growing concerned that fine-tuning regulations also increase
the amount of resources banks need to spend to understand, interpret and implement
the rules. Hence, regulations may increase banks’ operating costs and create a barrier
to entry or growth. This concern is supported by recent surveys' documenting that
the average bank spends the equivalent of a three percent yearly interest rate on their
total asset size to comply with regulations. Consequently, central banks are currently
considering simplifying the prudential regulation regime, especially for small banks
(see for instance Sam Wood (2019) speech).

In this paper, I provide the first formal analysis of the above-mentioned trade-off.
I apply my analysis to the case of heterogeneous capital requirements regimes. To
that end, I build a novel model of banking in which setting individualized capital
requirements allows to better deal with each lender’s excessive lending behaviour.
However, creating different capital requirements also increases lenders’ fixed cost of
understanding and interpreting the regulation. Changes in the fixed cost endoge-
nously affect the market structure and bank interest rate markups. Those changes
feed back into lenders’ incentives to over-lend. Due to this general equilibrium ef-
fect, I show that increasing capital requirement heterogeneity can have a negative
impact on the friction it was designed to reduce. Motivated by this theoretical result,
I develop a sufficient statistic approach to empirically assess the impact of regulation
complexity on welfare.

In my set-up, lenders engage in excessive lending because they do not bear the
full cost of defaulting due to deposit insurance (as in, for instance, Bahaj and Mal-
herbe (2020)). In that context, capital requirements can reduce the deposit insurance
friction by changing banks’ marginal lending cost.

The main novelty of the analysis is to consider the complexity of prudential regula-
tions, defined here as the number of different capital requirements set by the central
bank. I capture the benefit of lender-specific capital by allowing lenders to have
heterogeneous productivity and offer differentiated loan products. As a result, the

level of capital requirement that undo the deposit insurance friction is lender-specific.

1. See the CRD or the BSA surveys on reporting and staff costs from the Bank of England.
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However, individualizing capital requirements increase lenders’ fixed cost of operating
a bank. This cost can be interpreted as a cost of understanding (Becker (1965) on
time allocation), interpreting (Basak and Buffa (2019) on complexity and operational
risk) or implementing the rules. This cost has been generally abstracted from policy
discussions and modelling but has been shown to be substantial (see Sam Woods 2019
speech).

To analyze the general equilibrium effect of capital requirement heterogeneity on
competition through banks’ entry and exit decisions, I adapt the approach developed
in the international trade literature (see Melitz (2003) and Melitz and Ottaviano
(2008)) to the banking sector. More specifically, I use Ottaviano, Tabuchi, and Thisse
(2002) demand system. This demand system captures two dimensions of competition:
(i) how substitutable products from different banks are and (ii) how efficient are
competitors in producing their products. As a result, the interest rate mark-ups
are a function of both the number of operating banks and their productivity. A
key assumption is that each lender offers differentiated loan products so that the
number of banks captures how likely a competitor is to offer a similar or more adapted
product. Overall, a bank operating in a market with numerous and/or very productive
competitors has incentives to lower its interest rates to stay competitive.

In that setup, regulation complexity creates two opposing forces on competition
and banks’ profits through lenders’ entry and exit decisions. The higher cost of
understanding the law creates a barrier to entry. So, all else equal, fewer banks enter
the market. The smaller number of firms means fewer product types are offered,
pushing lenders’ incentives to increase markups. However, the higher complexity cost
tends to also push the less productive banks out of the market. This channel increases
competition as the average competitor becomes more productive. The net effect on
lenders’ markups and profits is thus ambiguous and depends on lenders’ productivity
distribution and the degree of product differentiation.

This market structure effect feeds back into the deposit insurance friction. Stronger
competition lowers the interest rate markup, increasing banks’ default probability
and/or the loss given default. Consequently, the value of deposit insurance is higher
and so is the amount of excessive lending generated by it. Overall, if designing lender-
specific capital requirements increase lenders’ cost of operating due to its complexity,
this can impact positively or negatively mark-ups, changing the value of deposit in-
surance and thus the amount of moral hazard it generates.

Given the ambiguous impact of increasing capital requirement complexity on wel-
fare, I derive a sufficient statistic approach and discuss how it could be implemented
in practice using available data.

This paper is related to the literature on capital requirements, the literature on

complexity and the international trade literature.
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The traditional approach in the literature considers that the role of capital require-
ments is to mitigate the moral hazard problem generated by limited liability.? The
vast majority of the literature abstract away from capital requirement heterogeneity
by using a representative bank approach. We contribute to this literature by devel-
oping a framework which captures the impact of capital requirement heterogeneity
on competition.

Our modelling of the cost and benefits of prudential regulation is related to the
literature on complexity. Most of the existing literature in finance and economics
focused on how firms can use complexity as a means to influence a consumer’s pur-
chasing decisions so that sellers can extract more surplus from their customers.® In
finance, obfuscation through complexity has been studied mainly in the context of
financial securities.? In contrast, my model applies to financial regulation. My ap-
proach to complexity is similar to Oehmke and Zawadowski (2019) as I consider that
complexity can be value-enhancing.

Finally, this paper is related to the international trade literature on firms’ decisions
to engage in international trade (see Melitz (2003) seminal paper). The literature
applies this approach to non-financial firms. I contribute to the literature by adapting
the approach to the specificities of the banking sector to study the interaction between

capital requirements regulations and the market structure.

3.2 Baseline Model

There are three periods, indexed by ¢t € {0,1,2}. The economy is populated with
two types of agents: Borrowers and Investors. There is a continuum of identical
borrowers of mass 1 and a continuum of investors. Both agent types are risk neutral
and maximize their expected profits in period 2. They have access, in all periods, to
a risk-free outside investment opportunity yielding a net return of 0.

Borrowers are penniless, while Investors start with an endowment in period 0.
Each Investor can become an entrepreneur in period 0 by creating a bank to lend to
borrowers in period 1. Banks have heterogeneous productivity and offer differentiated
loan products. Investors observe their productivity draw after deciding to create a
bank and can choose to exit the banking business after observing their productivity
draw at the end of period 0.

Borrowers’ loans are contracted in period 1 and repaid in period 2.

2. See for instance, Keeley (1990), Hellmann, Murdock, and Stiglitz (2000), or Malherbe (2020)
and Bahaj and Malherbe (2020) for recent examples

3. SeeCarlin (2009), Carlin and Manso (2011), Ellison and Wolitzky (2012), Piccione and Spiegler
(2012), Hefti (2018).

4. See for example Carlin, Kogan, and Lowery (2013), Ghent, Torous, and Valkanov (2019), Gan-
glmair and Wardlaw (2017).
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In section 3.5 I introduce a Social Planner that sets capital requirements and

provides deposit insurance.

3.2.1 Borrowers

For illustration, I interpret borrowers as firms, but the functional forms are also
adapted to household borrowers (see section 3.3 for a household borrower micro-
foundation). Firm i borrows an amount x from bank j in period 1 and produce
Z - F(z) in period 2. Z is a random variable whose realization occurs in period 2.
The productivity shock is Z = 1 with probability 6; and 0 with probability 1 — 6;.
When Z=1, the firm repays the face value of the debt R(x). The borrowers maximizes
Ez[Z-(F(x)— R(z))]. The aggregate loan demand for a particular bank j is denoted

¢’ (). T drop the j for simplicity of the notation in the next section.

3.2.2 Investors-Banks

There is a continuum of banks of mass N. The mass of banks will be pinned down by

investors’ entry and exit decisions into the banking business in period 0.

Period 1 and 2 — In the first period, a bank set its interest rate knowing its demand
for loan ¢(-). The total amount lent q is funded with capital (k) and deposits (d) so
that:

g=d+=k (3.1)

Banks face capital regulation. Capital (k) must be bigger than a risk-weighted
(A) share of the amount lent (q):

K=\ (3.2)

In the second period, the bank gets repaid R- X with X being a random variable in
[0,1] with a CDF M(-). X represents the share of the face value R that is repaid. The
bank then uses R - X to repay its debt (d), capital (C(X)) and cost of operating the
bank g& + p. € represents the inverse productivity of the bank. It can be interpreted
as the amount of labour and capital the bank need to manage ¢ loans.

The bank cannot set C(X) smaller than 0 and thus default if d + ¢€ + p > RX,
so the threshold (Z) for X under which the bank default is:

d
QE:ZJ

i +& (3.3)

Deposits and capital are raised from risk-neutral Investors. They can be inter-

preted as Entrepreneurs that did not create a bank in period 0. They have access to
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an investment opportunity with a net return equal to zero. There is deposit insurance.

Capital and debt market are thus priced according to:

1
. C(Xzde(X) )
1 ~
di= W?M(X) (3.5)

with C(X) > 0 with an outside net rate of 0 in period 1 (so the discount rate 0 is

equal to 1) we get that the interest rate paid on debt is 7 = 1.

Banks are risk neutral, in period 1, they maximize their expected profits in the

second period, knowing the demand and the pricing:®

1
MAaT{q R c(X)>0,d} J_ R-X—-d-C(X)—p—q§dM(X) (3.6)

st.q=d+~k

K= A\
K= Jl C(X)dM(X)

¢ = 4R
credit supply credit demand
Denoting the pricing schedule R = ¢ - r, the survival probability p := S; dM(X) ,
using the budget constraint, the collateral requirement and the pricing equation, the

problem in period 1 simplifies to:

Amount lent Economic Surplus
— % ~
mazyy o q(r)  [r-E[X]-(1+8]—p (3.7)

Deposit Insurance Value
A

-

+ (1 =p) a1 =2+ —r-X]+p]

Loss given Default

The first term (q(r)[r- E[X]— (1 +&)] — ) represents the bank’s profits from the
deposit insurance friction. On average, a share E[X] of the clients do not default and

repay the face value of their debt ¢ - 7. The costs of the bank consist of the marginal

5. due to the deposit insurance, deposits are cheaper than collateral so the capital requirement
will be binding
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cost of funding plus the marginal cost of managing ¢ loans (1 + £) multiplied by the
amount lent ¢, and the fixed cost of banking .

The second term ((1 —p)g[(1 — A+ &) —r- X] + ) is the distortion coming from
the deposit insurance. As in Merton (1974), this can be interpreted as the value of a
put option. It is the value of the deposit insurance. The value is the loss given default
(q[(1=A+&)—r- X]+p) multiplied by the probability of default (1—p). The higher is
the capital requirements (\), the more the losses are absorbed by equity holders and
thus the lower is the deposit insurance distortion. For a given amount lent and rate,
low-productive banks lose more upon default as they face a higher cost of lending.
Similarly, a low-interest rate, everything else equal, prevents the non-performing loans
to be paid by gains from borrowers that do not default (rX).

The value of insurance can be negative if capital requirements are too high. To
minimize the interest rate distortion coming from the deposit insurance, one should
set the capital requirements to ((1 4+ &) —r - X). This is different than minimizing
the value of the insurance — which would yield ((1+ &) —r-X) + L) — as the fixed
cost has no impact on the interest rate distortion. This is not a general statement,
as this would not be the case if the default rate were a function of the interest rate.
The fixed cost parameter entering the deposit insurance will, however, impact entry
and exit decisions. The central property needed for this paper’s results is that the
capital requirement minimizing the deposit insurance distortion is a function of the

interest rate or any other variables impacted by the market structure.

Period 0 — Entry decision: Each investor starts with an endowment f. They
maximize their expected profit in period 2 and have a discount rate denoted ¢ and is
equal to 1. They have access to an investment opportunity in periods 0 and 1 with a
net return equal to 0. At the beginning of period 0, before knowing his productivity,
an entrepreneur chose to start a bank and pay the cost f if the expected gross return
of running a bank is higher than his opportunity cost (i.e. f since the net rate is 0).
Denoting 7(¢) the profits when p = 0 for a bank with productivity €1, the expected
profit for an investor investing f in period 0 that does not know the productivity draw

is thus:

Ee[r(§) —p+ 1 —ppu—f]=0 (3.8)

Entrepreneurs are homogeneous when they make their entry choice. With the de-
mand specified in the next section, profits will be a function of the number of banks.

At equilibrium, this condition is binding and entrepreneurs play a mixed strategy.
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Exit decision: At the end of period 0, after knowing his bank’s productivity re-
alization and after having paid the fixed cost f, an entrepreneur chooses to exit the
market a bank if it yields negative expected profits. Formally, an entrepreneur stays

in the market if:

(&) —p+ (1 —pu=0 (3.9)

3.2.3 Introducing Capital Requirement Complexity

Following the Natural Language Processing literature, I link the complexity of pru-
dential regulations to the number of different capital requirements (denoted (\;);)
used by the social planner and how different they are (captured by the variance of
A). This modelling captures the idea that using different regulation tools makes the
rule book lengthier and harder to process (Amadxarif et al. (2019)) as it increases its
lengths, the number of exceptions or cross-references. Overall, it makes it more likely
for a bank to make a mistake in reporting (Basak and Buffa (2019) for sophistication
and operational risk) and increase the time one has to spend to understand the law
or increase the need to hire a specialist to comply to the rules.

Formally, the complexity costs are captured by making the fixed cost f and the
marginal cost of lending p introduced in the previous section increasing functions of
the complexity of capital requirements.

The benefit of having heterogeneous (i.e. complex) capital requirements come
from deposit insurance and banks’ heterogeneity in their lending cost (£). As shown
in equation (3.7), this modelling implies that the value of the deposit insurance dif-
fers across banks. Therefore, the capital regulation (A) that minimizes the deposit
insurance distortion needs to be tailored to each bank’s productivity.

In practice, the need for heterogeneous capital requirements could also result from
banks’ different portfolio riskiness (see Paravisini and Rappoport (2020) for evidence
on banks’ specialization), banks’ different systemic importance, or changes over time
in banks’ moral hazard behaviour. As the paper’s focus is not quantitative, mod-
elling on one channel through which heterogeneous capital requirement is potentially
welfare-improving is enough to illustrate the theoretical trade-off.

In the appendix E.1, I provide a micro-foundation of complexity based on a lim-
ited attention framework as Gabaix (2019). It leads to a fixed cost function that is
increasing in the number of capital requirements and their variance.

All in all, the model captures the following complexity trade-off. On the one hand,
setting very detailed prudential regulations allows mitigating the deposit insurance
friction. On the other hand, implementing a rule book addressing all those specificities
can be counterproductive. Indeed, this creates a cost as banks have to take time to

understand, implement and comply with those rules.



3.3. Functional form assumptions 103

3.3 Functional form assumptions

To solve the model tractable, I make the following functional form assumptions.

Individual and aggregate default— Let us consider that there are two states of
the world (good and bad) that occur with probability p and (1 — p). In each state of
the world, borrowers’ default probability is iid so that a fraction X > 1/2 of borrowers
do not default in the first state (good state), and X < X default in the other state
(bad state). Before the aggregate state is known, the individual default probability
is0:=p(1-X)+(1-p)(1-X).

Thus, from the point of view of the banks, the share of borrowers defaulting is:

¥ { ;_( with probability p (3.10)

with probability 1-p

The deposit insurance subsidy is thus: (1 —p)[(1 — )¢ — XR].

Loan Contracts — The banks offer a linear pricing schedule (z,r - x), x being the
principal and r - = the face value. Borrowers choose x. Banks choose the pricing

schedule r.

Loan demand — As in Melitz and Ottaviano (2008), we consider a representative
borrower that has a quadratic utility for loan quantity (q) coming from various banks.
Each bank (w) produce one variety of loan that cost (r(w)g(w)).

Melitz and Ottaviano (2008) micro-found their demand functional form using the

following consumer maximization problem

mazy @+ a [ aw)do 5 [a@Pdo - vi([a@aw? @)

s.t. Jr(w)q(w)dw +q=F

qo is the numeraire.
Alternatively, I propose the following micro foundation in order to apply the de-
mand for firms. The production function of a firms is defined as F(q) := a § g(w)dw —

73 §q(w)?dw — vi(§ g(w)dw)?. The firm thus maximizes:

mazy) o [ a)do =5 g - vy ([ e@ide? - [r@@ids @12

gl v
Production Cost
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v (> 0) indexes the degree of product differentiation between loan varieties. In
the limit of v = 0, goods become perfectly homogenous, so that consumers only
care about the total amount of differentiated goods they consume, not which specific
variety. As ~ increases, consumers care more and more about the distribution of
consumption over all varieties, so that goods become more and more differentiated.

When interpreting F as a production function, the v parameter can be interpreted
as a preference for dispersed ownership as in Zhong (2020) or a need for different type
of loans. Indeed, this parameter, when high, the cost of having a concentrated creditor
is high. The v parameter can be understood as decreasing return to scale.

a and v (> 0) index the substitution between the differentiated varieties and the
homogenous good. Both parameters shift out the demand for differentiated varieties
relative to the homogenous good.

Both micro-foundations (3.11) and (3.12) yield the following loan demand for (q)

for a particular bank:
r=a—yq—vQ (3.13)

with Q being the aggregate demand ({¢(w)dw). This gives:

o 1 vN 1 1
e - TyF.e=Z — 3.14
q(r) SN 77“—i— 1/N+*yfyT 7[661 7] ( )

with 7 the average interest rate. As the average price 7 goes down, or as the number
of competitors N increases, the environment gets more competitive, and the price

elasticity of demand increases.

Complexity — To simplify the Social planner problem, I restrict its choice to
a uni-dimensional variable C on the [0, 1] real line instead of choosing the number
of different capital requirements as well as their value. By restricting the planner
choice, I take into account, in a reduced form way, contract incompleteness: the
social planner may not have enough information on banks’ productivity and is thus
limited in their regulatory design.

To simplify the formulas, I set X = 0 and define the capital requirements as:

AC):=C-(1+&) or MC) :=(2—0C)- (1 + &), with C e [0,1] (3.15)

When ¢ = 1, the deposit insurance friction is equal to zero, when ¢ = 0 the
deposit insurance friction is maximum. The variance of capital requirements is thus
an increasing function of ¢ and hence so is the complexity cost (f(c)). The first
formulation implies that complexity increases the cost of lending by going from too

low capital requirements. The second formulation implies the opposite: at low level
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of complexity the capital requirements are too high.

3.4 Model Analysis

3.4.1 Banks’ FOC

The bank first order conditions imply that the interest rate is:
N 1
r*(m) = §[cd +m] (3.16)
Banks’ profits after the complexity cost has been paid are:

m™*(c) = ;[maas{cd —m,0}]? (3.17)

¢q is a parameter that captures how competitive is the banking market (¢q =

yoat+vNT
vN 47y

different products that are offered (N). m is a parameter that captures the potential

surplus generated by lending to a given borrower (m := %) It is a function of the

). It depends on how differentiated the products are (v) and the number of

marginal surplus A := EX — (1 — p)X generated by the firm and the marginal cost
of lending C:=14+&— (1 —p)(1 —A+&).

3.4.2 Entry and exit conditions at equilibrium

To determine the general equilibrium of this economy, we need to solve for the total

number of banks (N), and the cost threshold (§). To do so, we use the free entry

condition and the exit conditions.

Let us assume that the regulation cost is non monetary (so it has no subsidy

effect). The entry and exit conditions are thus:

Entry condition: Before knowing its productivity draw, the bank choose to enter
if it is profitable in expectation. Banks are homogeneous ex-ante and play a mixing

strategy on their entering decision. The free entry condition gives us at equilibrium:

Ee[r(§,N,A(C)) - f(C)|E <& N] =0 (3.18)

m(&€, N, \(¢c)) is the profit of a bank with productivity draw £ when operating in a

market of size N and with firms with productivity draws on [0, £] and capital require-

ment policy A(c). 7(&, N, A(c)) is a decreasing function of N and A(c). As a result,

E¢[m(&, N, M(c))|€ < €] also decreases in N. When the cost t increases, all other things
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equal, more firms enter the market.

Proposition 1: Entry All other things equal, an increase in complezity (c) cre-
ates a barrier to entry (increases in f(c))). An increase in complezity also sets capital
requirements closer to their optimal value. This may increase or decrease the cost of
lending depending on whether capital requirements for a particular bank were too high
or too low (decreases or increase in \(c) ). Owerall, everything else equal, complexity
lowers incentives to enter the market if both effects go in the same direction or if
the increase in the fixed cost dominates the impact of the potential decrease in the
marginal cost of lending. An increase in complexity (c) thus directly reduces or in-

creases the market size (N).

Exit condition: After learning its productivity and paying the complexity cost bank
exit the market if its expected profit is negative when it learns its productivity draw.
At equilibrium, banks exit the market if their productivity draw is below ¢ '. This
threshold is given by:

(6,6 N A(Y)) = ;[maw{Cd(N,f(é_)) ~C(& (), 01 =0 (3.19)

with ¢g(N,7) = 28T C(¢,\(c)) = ”i;}}_*@ﬁgfﬂ

Proposition 2 : Exit All other things equal, an increase in complexity may
increase or decrease the cost of lending (decreases or increase in A(C)). If it leads to
an increase, the least productive banks exit the market. This, in turn, decreases the
average price 7, which further amplifies the exit of less productive banks. An increase
in complexity leading to an overall increase in the cost of lending, thus increasing the

average productivity of operating banks for the bank .

3.4.3 Equilibrium

Assuming that £ follows a Pareto distribution: G(c¢) = (i)k on [0, ¢y ], we get:

, Product dif ferentiation ef fect Productivity Threshold ef fect
_ 2 — ° T
&= D - [HA-0-p)ulz } (3.20)

N*:Z’Y(k+1) a—a—D
v [(1=(1-p)udy]k+ D

(3.21)

6. This second effect depends on whether complexity increases or decreases capital requirements
for a given bank
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(S

: : _ 1
D is the product differentiation effect: D := v2[2(k + 1)(k + 2)(cm 5)*[f(C) +

1

p(1 = (1= p))]]F+=.

1-(1-p)(1-X(C))
EX—(1-pX)

p .= 1=0-=p)(1-X())
' EX—(1-pX)

collateral requirement are a linear function of the productivity, we thus denote:

A= A(C) + A\(Q)6).

a:= is the marginal cost of lending common to all bank.

is the bank specific marginal cost of lending (The optimal

Proposition 3 : Interaction An increase in the cost of lending (u, X or f) de-
creases entry (N* ). However, it has an ambiguous effect on the productivity threshold
(€*). The reason is that the channels described on propositions 1 and 2 have opposite
effect on banks’ profits. When the productivity shocks are Pareto distributed, the sign
of the derivative captures the overall effect on competition with respect to complexity

of the average productivity in the market (Gc{gE[ﬂg < E4}).

The ambiguous effect of an increase in the cost of lending comes from two oppo-
site effects on entry and exit mentioned in propositions 1 and 2. First, increasing the
cost of banking lowers the number of entrants. Second, it also forces less productive
banks to leave the market. However, those two effects interact: a smaller number
of banks makes competition less tough, which allows less productive banks to stay
in the market. The overall effect of complexity on the number of banks and average

productivity - and hence on competition - is ambiguous.

General equilibrium effect on productivity and entry— Lower product differ-
entiation or higher marginal cost of lending (%) makes less productive firm leave the
market. Indeed, in that case, having a high productivity draw is very important to
make positive profits as the cost of lending is the main determinant of banks’ market
share and profits.

The term [f + u(1— (1 —p))]]’v%2 represents the impact of the number of entrants
on competition and thus profits. A lower entry cost (f) or fixed cost of banking (u)
creates more incentives for banks to enter, which make the competition tougher so
that less productive firms I}ave to exit the market.

The term w goes into an opposite direction. Indeed, a higher fixed
cost of banking p also makes, keeping the number of bank constant, banking costlier,
which forces bad banks out of the market.

The distribution of productivity as well as the marginal cost of lending b change
the relative force of those two effects [2(k + 1)(k + 2)(cm%)k]k%2 When k or ¢, is
high”, the productivity is more skewed toward bad productivity realizations. That

7. when k is equal to zero, that is, the productivity is uniformly distributed, the two effects cancel
each other
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is, potential entrants are likely to be less productive. The chance of getting a bad
productivity shock and not being profitable enough is high (the fixed cost paid in
period 2 is also more important as bad productivity banks are smaller). The impact
of the fixed cost is thus very high, and less banks enter the market, making it more
profitable for banks to stay. If products are not very differentiated (i.e. low ), the
impact of the number of varieties on the market is less important for profits than
banks’ productivity. Similarly, if the marginal cost of banking is high (high b) banks
have to draw higher productivity to stay in the market, making entry less likely. The
impact of entry on the productivity threshold - captured by [f + u(1 — (1 — p))]]'Tlr2
- have a lower impact on the productivity threshold when the distribution is skewed
toward bad productivity, when the cost of banking is high and when products are

close substitutes. ®

Equilibrium interest rate, quantity and subsidy are thus:

P(€) =0+ by[E +¢] (3.22)
o Tt

g (§) =0 o (3.23)
S(€) = (O~ p)[1 — A+ € — 1X] (3.24)

In my model, an increase in complexity (c) leads to higher entry cost (f), fixed
cost of lending (¢) and marginal cost of lending ().

For banks that stay in the market, complexity has a direct effect through to the
marginal cost of lending (a and b), which in turn affects the interest rate (r*(§) =
a+ b%[g +£]). Tt also has an indirect effect as it changes other entry and exit decision
and cost of lending ().

The indirect effect is ambiguous. An increase in the cost of banking decreases
the number of banks entering the market (N), which in turn increases the profits of
the banks that do enter. The profit increases allow less productive banks to stay in
the market (higher cut-off £€*). The banking market is then less competitive, which
creates upward pressure on the interest rate r. However, the increase in complexity
(c) also increases the cost of banking (A\) and a decrease in profits. In turn, least
productive banks leave the market (i.e. lower cut-off £). As a result, this creates
downward pressure on the interest rate as banks face more productive competitors.
Overall, the effect of complexity on interest rates depends on the relative force of
these effects. In my model, this is captured by the sign of the derivative concerning
the productivity threshold (80{35 *1).

8. Notice that the marginal cost of lending that is independent of the productivity (a) does not
impact the productivity threshold as the effects cancel each other due to the linear demand
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The overall impact of complexity on a bank interest rate is d.(a + g[é +¢&]).

Effect of increasing complexity — Increasing complexity has a positive direct
impact on the friction coming from deposit insurance: However, this policy also
increases the fixed cost of entering into banking: it decreases banks’ profits through
two channels. First, banking becomes costlier as the banks have to pay a bigger fixed
cost. Second, this entry cost impacts the market structure. Indeed, with a higher
entry cost, there are fewer banks (good for profits), but they are more productive
(bad for profits). This effect can increase the deposit insurance friction by increasing

the default probability and/ or the loss given default.

3.5 Welfare

Looking at how complexity impacts the rate offered by banks is not sufficient as one
has to also take into account the diversity of products offered as well as the cost of
deposit insurance. This is captured by the aggregate welfare function. It is composed
of the Total Production F minus the cost of lending. The cost of lending include the
cost of the deposit insurance that has to be paid though taxes creating a dead-weight

loss. This cost is modeled by the variable 7.

£(C)
mazcW (C) := mazc F(q(C)) — N(C) f q(C,£€)dG(&)— TN(C)-NIC  (3.25)
~ 0 Net Insurance Cost
NPV

NIC :=(1—-p) g«:) g(C,H[1=AC)+&—r(C)X)]dG(§) is the average expected cost
of providing deposit insurance.

Using the firm maximization problem, we get the following equation for the NPV:
1N(E)

—52(0) (3.26)

NPV@%=1@+41—YKQ—HQV+2 .

2V T N@©)

With 52(C) := §§(7 — *(€))2dG(8), 7(C) = a + b3[€ + E(27)].

The NPV has the following properties. First, it rises with a decrease in the aver-
age interest rate 7. Second, it also rises with an increase in the price variance, o2, as
consumers reoptimize their consumption across varieties. Finally, as in the CES case,
firms exhibit a ”love for variety”, as welfare increase with the number of varieties

available, N (holding the distribution of prices, p and &2, constant).
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Using the fact that X = 0 and A\(C) := C - (1 + &), with C € [0,1] the insurance

cost can be written:

Marginal Insurance Cost regulationbene fits

TN(C)-NIC(C) := (1 —p)[ T (1—p) (1-0) N(C)
—

prob bank default

(3.27)
with 6? = Sg(ér— £)%dG(€)

The NIC has the following properties. First, the more variety (N high), the bigger
is the aggregate demand as borrowers face a love for variety. Second, the bigger is
the variance of productivity, the lower is competition so the interest rate goes up and
the loss given default goes down. Finally, the higher the cut-off £, the bigger the
distortion is as less productive banks lose more upon default as they face a higher

lending cost.

Proposition 4 : Welfare As shown in proposition 3, an increase in complexity
decreases or increases entry. A decrease is detrimental to welfare as the number of dif-
ferentiated loans decreases. However, this also positively affects the deposit insurance
as the aggregate loan amount decreases. Similarly, depending on how the marginal
and fized cost varies with complexity, the average productivity of banks may decrease
or increase. An increase in average productivity is good for borrowers as they face
lower interest rates. Howewver, it also increases the net insurance cost as the loss given
default increases (banks earn less (o decreases)). This increase in loss given default

is mitigated by the decrease in the average cost of banking (increase in productivity).

3.6 Sufficient Statistic

Given the ambiguous effect of complexity on welfare, I propose a sufficient statistic
approach to estimate the impact of regulation complexity on welfare in practice. The
sufficient statistic approach consists of writing the derivative of the welfare function
as a function of measurable elasticities. For instance, using the theoretical model
presented above and an increase in complexity, is welfare increasing if the derivative
of welfare with respect to complexity % is positive.

One of the benefits of this analysis is that we do not need to calculate all the
primitives of the model or to solve it. In addition, the formula is valid for small
complexity variations, which is likely to hold in the data.

In appendix E.5, I show how to derive a sufficient statistic using a model with

households, firms and banks. As in Chetty (2006), we assume that consumers have

Loss given default
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quasi-linear utilities. This modelling abstracts from changes in the stochastic discount

factor (or assumes that they are negligible). The sufficient statistic formula is:

Prob that banks £ default

Tt PR o v (3.28)
Marginal productivity of firms when bank default

et [ BIXIX < 2 Z2F (4(©)) N (32
. expectfd return on banli §assets - &

I B XB@) —a@MO) N (3.30)

- [ A S 20000239 a1

changes in deposit insurance cost

The sufficient statistic requires estimating five elasticities. The first one is the

impact of the polity on capital requirements (d(IJCAE)).

Capital requirements are
observable by central banks. The second elasticity is the elasticity of loan size to
complexity d‘;—g). Again, data on loan size are typically available in a central bank
credit register. The third and fourth ones are the effect of complexity on the num-
ber of banks in the market (%¥) and the fixed cost (%). The number of banks
is directly observable, and the latter can be recovered using reporting cost surveys.
The last elasticity is the impact on banks’ default probabilities (%ﬁgjg)). Default
probabilities can be measured using, for instance, Credit Default Swaps as in Giglio
(2016).

The first and second lines capture the direct benefits of deposit insurance: it
provides a cheap funding source. The third line is the sufficient statistic for the effect
of complexity on banks’ entry. The last line is the direct cost of deposit insurance.
Its associated sufficient statistic in the marginal effect of complexity on the deposit

insurance cost.

3.7 Conclusion

This paper shows that increasing the complexity of capital requirements to reduce
banks’ moral hazard behaviour can have a positive impact on competition. However,
a more competitive market tends to exacerbate moral hazard distortions by increasing
the implicit subsidy the government has to provide upon banks’ default. To estimate
the ambiguous impact of regulation complexity on welfare, I propose a novel sufficient
statistic approach based on my theoretical model. This approach could be used to
analyse the impact of changes in regulation complexity but can be applied to any

regulation that may impact the marginal cost and the fixed cost of lending.
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Ficure A.1.1: Extract of the Menu of contracts offered by HSBC in

January 2023

Source: HSBC’s website
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Average menu size by LTV buckets
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F1GURE A.1.2: Average number of advertised mortgage products for
BtL, FtB and Remortgage

Source: Moneyfacts and Bank of England’s calculations

Filter your Initial period Deal type Charges
results v 2years v 3years v Fixed v Nofee
v 5years v 7 years v| Tracker/Offset Tracker v Fee
v 10 years
Product fee Annual percentage rate of charge Follow on rate Loan to value (LTV)

1.11% 2 Year Fixed.

£999 3.4% APRC

1.12% 2 Year Fixed London Help to Buy: Equity Loan Scheme.

£749 3.4% APRC
1.30% 3 Year Fixed.
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1.33% 5 Year Fixed London Help to Buy: Equity Loan Scheme.

Em9 2.9% APRC
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FicUreE A.1.3: Extract of the Menu of contracts offered by Barclays
17/01/2022
Source: Barclays’ website
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FIGURE A.1.4: Percentage of mortgages in arrears by LTV at origi-
nation
Source: PSD001-PSD007

Share of borrowers in mortgage payment holiday by LTV

| 70-75LTV
18 9LV

04

0.3

0.2

0.1

0.0

Big Banks Small Banks

FIGURE A.1.5: Share of mortgages that asked for a payment deferral
in 2020
Source: BoE survey, authors’ own calculations
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B.1 Tables

B.1.1 Descriptive statistics

TABLE B.1: Summary Statistics for 2018

125

Variable

Mean

SD Min Max

Loan Characteristics:
Max LTV (percent)
Teaser rate period (years)
Maturity (years)
Fees (£)

Rate (percent)
Loan amount (£ 1000)
Borrower Characteristics:
Household income (£ 1000)
Loan applicants
Age (years)

Loan to Income

82.5
3.3
29.7
503
2.5
164

36
1.56
31
4.6

10.8
1.6
5.7
631
0.8
129

16
0.5
7
1.2

50

1.1
35

25

18
1.1

95

N

279,379
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TABLE B.2: Regression LTV on borrowers’ characteristics

Variable Age Yearly net income Number of borrowers Self employed
intercept 33HH* 39,855 1.35%%* 0.085***
60-70% LTV~ -0.7%** -82 0.04*** 0.01%%*
70-75% LTV~ -1.5%** 3675%** 0.007*** -0.005%***
75-80% LTV~ -1.3%** 1793* 0.11%%* 0.006***
80-85% LTV  -1.7+** 19471°%* 0.16%** 0.007***
85-90% LTV -2.4%** S2716%** 0.22%** -0.024%**
95+ ltv Z2. TR -3842%** 0.28%** -0.06%**
N 1,077,291 1,077,291 1,077,291 1,077,291

*

“p<0.01, "p<0.05 p<0.1

TABLE B.3: Mortgage Holiday take up and arrears. A mortgage
holiday is a payment deferral (up to 6 month)

Mortgage Holiday by 2021  Arrears by 2020 (Origination: 2018)

Interest (in percent) 1.23 107 1#*** 5.8.107 3%
LTV> 90 -3.5 1072 -1.4- 1073 ##*
Fixed rate period (years) -0.9 - 1074
Lender fees 3.7 - 1070
Income -1.2 - 1077
Nb applicants -3.9 . 1073w
Age 6.7 - 107°*
LTI -1.4 - 1073
Time fixed effect No Yes
Bank fixed effect Yes Yes
Region fixed effect No Yes
Mean 26% 1.2%
Observations 53 279,379

E3

Tp<0.01, T p<0.05 p<0.1

TABLE B.4: Most common product characteristics

Variable 2019 2021

high LTV (95)

Average number of products (rounded) 8 0-2
Fixed rate period (years) (5,3,2,0) 5 year more likely
Average lender fees (rounded) (0, 750) high fees more likely

medium LTV (75-85)

Average number of products (rounded) 12 16
Fixed rate period (years) (5,3,2,0) (5,3,2,0) + longer fixed rates
Average lender fees (rounded) (0, 750, 1450) (0, 750, 1450)

Source: PSD001 + Moneyfact
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B.1.2 Estimation Results

TABLE B.5: Mixed logit (Origination: 2018)

85 + LTV loans

70-85% LTV loans

Interest rate (percent) —5.4-107"
(5-1071)
LTV (percent) 2.3- 107 Lxx
(1.2-1072)
Fixed rate period (years) —7.8-1071*
(4-107YH
Lender fees (pounds) -9 . 104
(1.6107%)
Interest rate x Yearly Net Income (pounds) -4.5 . 1075
(1.1-1079)
Standard deviation random coefficient Fixed rate period 2.5k
(4.8-107h)
Standard deviation random coefficient LTV 2.4 - 1071w
(2.7-1072)
Region-Age-Nb applicants interaction terms for all product characteristics Yes
Interest rate- Fixed rate period-fees random coefficient Yes
Observations 279,379

—7.1-1071
(4.4-1071)
2.1. 1071***
(5-1072)
~1.8-107t
(1.9-107Y)
7. 10—4***
(5-1079)
3.2 10—5***
(1.7-1079)
1***
(2.7-107Y)
4.8 - 1072w
(2-107%)

Yes
Yes
230,680

E3

Tp <001, p<0.05 p<0.1

TABLE B.6: Coefficient heterogeneity

Interest rate (per cent) LTV (per cent) Teaser rate (year) Fees (pounds)

85+ loans
Observable heterogeneity only
First quartile -1.1 23107 -7.8107! -8:1074
Second quartile -8.6 107! 2.3 107" -7.8.107! -8.1074
Third quartile -6.3-107! 23107 -7.8-1071 -8-107*
Observable and unobservable heterogeneity
First quartile 1.1 1.5-1071 -2.4 -8-107*
Second quartile -8.6 107! 2.3-1071 -7.81071 -8-10~*
Third quartile -6.3-107! 31071 9.2.10~! -8:10~4
70-85 loans
Observable heterogeneity only
First quartile -2.3 1.6 1071 1.5-107 1 -7-107*
Second quartile -1.9 1.7 1071 1.5:1071 -7.1074
Third quartile -1.5 1.8 107! 1.5:1071 -7.1074
Observable and unobservable heterogeneity
First quartile -2.3 1.3-1071 —4.3-107! -7:1074
Second quartile -1.9 1.7 1071 1.5-107" -7-107*
Third quartile -1.5 211071 9.1-107" -7-107*
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TABLE B.7: WTP and elasticity heterogeneity

Price elasticity WTP LTV (percent) WTP teaser rate (year) WTP fees (pounds)

85+ loans
Observable heterogeneity only
First quartile 2.8 1.1-107! -6.5-1071 -6.6-104
Second quartile 3.9 1.4 107! -4.9-1071 -5-1071
Third quartile 5.4 1.9 -107! -3.7.1071 -3.81074
Observable and unobservable heterogeneity
First quartile 2.8 51072 1.1 6.6-104
Second quartile 3.9 1.3-107! -4.4-1071 51074
Third quartile 5.4 241071 5.3-1071 3.8-1074
70-85 loans
Observable heterogeneity only
First quartile 2.6 81072 7102 61074
Second quartile 3.6 1-107% 91072 4.3-1071
Third quartile 5.1 1.4 1071 1.2.1071 3.2-1071
Observable and unobservable heterogeneity
First quartile 2.6 7-1072 -3-.107! 61071
Second quartile 3.6 1-1071 8-1072 4.3-1071
Third quartile 5.1 1.4 1071 5-1071 3.2-1074

TABLE B.8: Loan Demand (Origination: 2018)

log(Loan size)

log(Loan size)

Interest rate (percent) —5.2-1072%**  _52. 107 2¥*x
(3.9-1073) (3.9-1073)
LTV (percent) 8.9- 1074+ g8 10~ 4#**
(1.9-107%) (3.9-107%)
LTV=95 (percent) 7.6- 1072%%* 1.5 107 b
(7.3-1073) (2.1-1072)
Fixed rate period (years) —1.7-1073%%  —8.5. 1073+
(9-107%) (2.4-1073)
Lender fees (pounds) 6.5 - 1072%* 6.9 . 1075
(1.6 - 1079) (1.6 - 1076)
log(Income) (pounds) 8. 107w 8. 10~ Lk
(4-1073) (4-1073)
unobserved WTP fixed rate:érg (mean 0 sd normalized to 1) PR
(2.3-1072%)
unobserved WTP LTV:é;7ry (mean 0 sd normalized to 1) 8. 107 2##*
(1.3-1072%)
Lender, Region, time fixed effect Yes Yes
Borrowers’ characteristics control Yes Yes
Borrowers’” WTP interaction terms Yes Yes
R? 0.76 0.77
Observations 279,379 279,379

E3

¥p<0.01, p<0.05 p<0.1
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TABLE B.9: Default regression (mortgage originated in 2018)

Arrears by 2020 Arrears by 2020

Interest (in percent) 5.8 . 1073 3.9 - 107 3%
(4.2-107%) (3.4-107%)
LTV -1.8- 107 0*** 1.2- 1074
(2.7-107°) (2.1-1079)
Fixed rate period (years) 9.9 - 1074 -5.7 1074
(2.7-107°) (1.6-107%)
Lender fees 3.7 - 107 G 4 . 10O
(7.5-1077) (6.5-1077)
Income -1.2 107 Te* -2.4 107 Tex
(1.1-1078) (1.6 - 1078)
Nb applicants 3.9 1073 3.1 1073
(2.8 -107%) (2.3-107%)
Age 6.7 -1075* 7.1 -1075%
(1.1-1079) (1.9-1079)
érrv (sd normalized to 1) —5.4 . 107 3%
(9.4-1079)
érr (sd normalized to 1) —2.2 - 10
(5.1-1079)
Time fixed effect Yes Yes
Lender fixed effect Yes Yes
Region fixed effect Yes Yes
Macroeconomics controls (monthly GDP) Yes Yes
Control for loan size Yes Yes
Mean 1.2% 1.2%
Observations 279,379 279,379

E3

“p<0.01, p<0.05 p<O0.1
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TABLE B.10: Marginal costs regression (LTV > 70)

Marginal costs Interest rates

Intercept 8.5 10 LH* 1.2 - 107 2%
(2-1071) (8.69-1073)
1r7v <5 x LTV (percent) 1.2 1072 1.4 - 107 2%%*
(2.8 -1073) (1-107%)
1rrv=85x LTV (percent) 1.8 - 102+ 2. 102
(1.5-1073) (9.7-1079)
95% LTV (dummy) 9.8 - 107w+ 1.2 107 1##*
(9.1-1072) (2.1-1073)
Fixed rate period (years) 4107 2%* 4.4 - 1072
(1-1072) (5.3-107%)
High Fixed rate period (=5) 1.8 107 1#** 2.3 . 107 bewx
(5-1072) (1.6 -1073)
Lender fees (pounds) —2.2 . QA —3.8 . 10w
(1.8-1079) (5.7-1077)
High fees (1000-1500) —1-107t* —1.3 - 107 bewx
(4-1072) (2.7-1073)
Bank fixed effect Yes Yes
Average 2.12 2.42
N 278 647,433
R? 0.88 0.76
p < 0.01, Tp<0.05 p<0.1
TABLE B.11: Fixed cost results
X.=1 (1)
Profits () 447"
(6.37-1072)
Nbr of Product included (6) 7.8 107
(5.04 - 10%)
Nbr of Product excluded (6-)) —2.4-107%**
(5.04 - 10%)
Bank fixed effect No
Time fixed effect No
Observations 61

Note:
*n < 0.1; **p < 0.05; ***p < 0.01

B.1.3 Counterfactual Results
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TABLE B.12: Product distortion (80+ LTV loans)

Ideal LTV (percent) Ideal teaser rate (year) Ideal Fees (pounds)

Observable heterogeneity only (perfect information+perfect competition)

First quartile 95 0 0
Second quartile 5 0 0
Third quartile 95 0 500
Observable and unobservable heterogeneity (perfect information+perfect competition)
First quartile 90 0 0
Second quartile 95 2 0
Third quartile 95 5-7 500
Product choice distribution (data)
First quartile 85 2 0
Second quartile 90 2 500
Third quartile 95 5-7 1000
TABLE B.13: LTV distortion perfect competition perfect information
benchmark (704 LTV loans)
Decile 10%  20% 30% 40% 50% 60% T70% 80% 90%
Product choice distribution (data)
75 75 80 85 90 90 90 90 95
Benchmark implied distribution (observable heterogeneity)
90 90 95 95 95 95 95 95 95
Benchmark implied distribution (observable + unobservable heterogeneity)
85-90 90 90 90 95 95 95 95 95

TABLE B.14: Interest rate decomposition (70-80+ LTV loans)

Fair price (bps) Perfect information mark-up (bps) Asymmetric Information discount/premium (bps)

LTV 2% 1-107t 2.107*

fees (500) -16%* -9 6

fees (1000) -20%* =20 *** 13%**

fees (1500) -35%H* -30 *** 17
teaser rate period (2 years) -40%** -8 0
teaser rate period (5 years) -20 * -4 -10**
teaser rate period (7 years) 7 10 -20**

Average 202 65 -30

*

p < 0.01, "p <0.05 p<0.1

TABLE B.15: Intest rate decomposition (804 LTV loans)

Fair Price (bps) Perfect information mark-up (bps) Asymmetric Information discount/premium (bps)

LTV 12%% 81072 Pl
fees (500) -2k -19 *** 20%**
fees (1000) _g5ee 46 41
fees (1500) prEs 55 45
teaser rate period (2 years) 3 15%* -16
teaser rate period (5 years) 15 Rl =31
teaser rate period (7 years) 27 ** 43% -40%**
Average 231 116 -68

p < 0.01, p < 0.05, p<0.1
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Appendix C

Chapter 1 Appendix

C.1 Model

C.1.1 Borrowers

In this section, we model borrowers’ decision to participate in the mortgage market
and their choice of loan contract (section C.1.1). We also discuss how to extend the
model to allow for the entry decision (section C.1.1). Our modeling yields the sys-
tem of demand equations presented in section 1.4.2. For each equation, we discuss
the interpretation of the parameters and provide possible micro-foundations in the

Appendix.

Information structure: All parameters defined in this section are part of bor-
rower i’s information set at the time she makes her choice of contract and bank. We
denote borrower i’s information set at the time she makes her choice of contract by
75B.

2

Choice of contract and bank

This section models borrowers’ choice of bank and contract and discusses the mech-

anisms driving the demand.

Guided by the micro-foundations in Appendix (??) and the considerations dis-
cussed in the previous paragraph, we parametrize the indirect utility derived at the

optimal borrowing amount given the loan characteristics X and price r as

Ll(X, 7’)

Uz(LZ(X, T);X,T) = AZ(X)W

+ Vi(Y2), (C.1)
where Y; is the income of borrower i, A; is a function of the product characteristics
X, V; is a function of income, and L; is the optimal loan size as a function of product
characteristics X and rate r. LTV is the loan-to-value of the contract, so % is

the house price.
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This parametrization is a generalized version of K. Train (1986). The main de-
parture from K. Train (1986) is that we allow A; to be a general function that varies
with products’ and borrowers’ characteristics instead of a constant.

Using Roys’ identity, the optimal loan size should satisfy L;(X,r) = —%.
In Appendix (C.5.2), we show a parametrization of the function (A) that leads to the
following demand system. We index by ¢ a product (X, 7e) offered by bank b and

relabel L;(c,b) :== L(Xep, Tep):

u;(e,b)
V;(C, b) = BicbXeb — QicpTep + fc; +U;;Eicb (02)
In(Li(c,b)) = BivXep — QietTep + vD; + ey (C.3)

. -1 A ~ L
'LUZth (5icb7 a’idﬂ O—i 9 Bicbv aicb7 ecb) correlated,

where u; is a monotonic transformation of the indirect utility U; defined in equa-
tion (C.1).!

(Bichs Qichs U;C;) drive how borrower i values the contracts’ characteristics. (Bz‘dn Qich)
parameterize the loan size demand elasticity. Since borrowers choose the loan size and
contract jointly, (ﬁicb,aicb,a;c;) and (@Cb,o}icb) derive from the same maximization
problem and are thus potentially correlated. As illustrated in Appendix ??, param-
eters (Bich, Qichs UZ.;;) and (Bicb, &;ep) are potentially a function of borrowers’ default
probability, the cost of defaulting — which depends on the loan being recourse or not
— or how much the borrower values housing relative to consumption and how much
savings the borrower has. For instance, high default may be less sensitive to the face
value of the debt if borrowers expect that they will not have to repay it fully upon
default (for example, if the loan is non-recourse). We formally discuss our modeling
of preference heterogeneity in the default section C.1.2.

The ratio % represents borrower i’s willingness to pay for a characteristic. In-
deed, if a bank proposes a new high LTV contract, borrower i would be happy to take
it (i.e., its utility would increase by taking the contract) as long as the price increase is
below the borrower’s willingness to pay. Formally, borrowers accept the new contracts
itU(L(LTVa);7e, LTV,) = U(L(LTVy);1m1, LTV)) <= %(LT‘/Q—LT‘/]_) > (rg—ry).

&y captures the part of the average indirect utility that comes from unobserved
(by the econometrician) contract characteristics. Borrowers’ preference heterogeneity
is captured by the variable o; Leich-

1. Vi(Y;) is not present as argmax.U;(L*, Xc,r.) = argmaz.U;(L*, X.,r.) — V;(Yi). For those

that are skeptical about the discrete-continuous approach, one could end up with the same functional
form by assuming that borrower i chooses product ¢ and the optimal loan size L;(Xc,7¢):

1
maZeenr;, Wi(Li(Xev, re), Xeb, Teb) + 05 Eich

and make the assumption that L;(X.,7.) and u;(L¥(Xc,r.), X¢,7c) are linear in contract terms.
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o, e captures demand shocks for a bank-product. o, lis a parameter driving
the variance of the shock (g;4). The shock can be decomposed into deviations from
the average borrower preferences for unobserved contract characteristics, plus an extra
term (let us call it £;5), which can be interpreted as a search cost (see choice of bank
section). Given the use of the variable {4, we consider, without loss of generality,
that Efo; leiw] = 0. We further assume that E [0, 1Eicb’ch,7’cb, Bi, ;] = 0 so that
o; e Tepresents the part of borrowers’ demand that cannot be screened by banks
when they use product characteristics (X, 7.) only (cf. proposition 1). The potential
identification threat caused by this assumption not being valid will be discussed in
the empirical section.

D, are borrower i characteristics, such as income or age, that are observable by the
bank and the econometrician. As shown in C.5.2; the Roy’s identity micro-foundation
of demand imposes a specific functional form for how the income element enters the
loan demand. eich is a loan demand parameter that captures variables that are un-

observable by the econometrician but can be partly observable by the lender.

Choice of contract and bank: A borrower chooses the bank b among the set
of banks B that offer the best contract ¢ within the available menu Pj;,. Formally,

given the specification of borrowers’ preferences:
(ci,bi) = argmaz e, cepyy Uilc,b) + 07;_1€z'cb- (C.4)
{ }

The menu available to each borrower (Pj,) may be different as a result of rejections
of borrowers’ applications for a particular contract. The modeling of the choice of
product in equation (C.4) is general enough to encompass the case in which borrowers
have perfect knowledge of which applications would be successful and which would
not. We favour the perfect information case interpretation as this case can be justified
by the heavy use of brokers in this market. The imperfect information case is discussed
in Appendix (C.4).

Equations (C.4) and (C.3) allow us to derive the product demand for each bank

presented in section 1.4.2.

Distribution of the demand shocks assumption: We assume that individual
i’s preferences over banks and contracts €;. are drawn from an extreme value distri-

bution and are independent across banks and products. The probability of individual
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i choosing contract ¢ at bank j is thus”

exp(ot;(c,b))

Pr((civbi) = (Ca b)|aicbv/8icbaaicvav gcb) = Z { }GZEP(O" bﬂ(y CL'))’
zeB,ye{P;p e\ T

(C.5)

where o € IR captures the product elasticity. As o; scales all the coefficients
(Bichs ticp) by the same amount, we will not be able to separate o from (B;cp, Qicp), SO
we will normalize o, to 1 in the estimation section.

As discussed in Taburet (2022), when studying competition, it is useful to decom-
pose the demand shock (g;4) into a bank shock (o;e;) — representing search costs,
for instance — and a contract shock (e;.) — representing inattention or unobserved
preference heterogeneity, for instance. In that case, the demand shocks (g;p) are
correlated across banks. ¢; can be interpreted as a competition parameter. Indeed,
when o tends to infinity, borrowers only care about the contract features offered by
the banks (i.e., perfect competition). In that limited situation, banks have to price
each loan at its fair price and thus make zero profits. When o~! tends to 0, each bank
behaves as a monopolist with its borrowers.® Taburet (2022) analyzes a contract the-
ory model with this demand form and shows that competition is an important driver
of screening.

In this paper, as changing competition in the counterfactual exercise is not our
focus, we will assume that the random shocks within a given bank are not correlated.
Our approach limits the computational burden of estimating a nested logit with a
random coefficient in a demand and supply setup. For the interested reader, we
provide in Appendix (C.3) an extension of our demand model using a nested logit

formulation that relaxes this assumption.

Choosing to enter the borrowing market

Borrower i chooses to participate in the market if the expected utility of entering the

market and borrowing (V;) is higher than the expected utility of not borrowing (V;):

Vi =

BN

(C.6)

As shown in Andersen et al. (2021) and Benetton, Gavazza, and Surico (2021),
borrowers’ entry decision in the mortgage market is very inelastic to loan prices and

characteristics.* Furthermore, Robles-Garcia (2019) and Benetton (2018) show that

2. As we show in Appendix (D.2), the model is also solved with a different functional form that
yields a CES type of demand function instead of a logit one. This assumption is more common in
theory but is not as empirically tractable.

3. This is the case when (g;,;); are not all equal.

4. They estimate the the entry decision in regular time, as opposed to a financial crisis. But it
seems that even during the COVID-19 crisis, the number of borrowers did not drop on average.
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the level of competition is high in the UK mortgage market, making it unlikely that
banks will be able to extract the full surplus from borrowers. This motivates the
assumption that the outside option V; will be non-binding as well as the use of a
static demand model.

In appendix C.7, we derive a nested logit version of the model in which borrow-
ers actively choose to participate or not participate in the mortgage market. This
extension yields a closed-form formula for the expected utility of participating in the
market V;, which can then be estimated. This modeling is convenient as it makes
the logit coefficient independent of the assumptions on the set of potential mortgage

buyers that did not enter the market.

C.1.2 Default

In this section, we model borrowers’ repayment behaviour. We discuss the impact
of borrowers’ and lenders’ information set on the expected default probabilities and
define our screening test. Our modeling yields the default equations presented in

section 1.4.2.

Default from borrowers’ point of view

From the micro-foundations presented in Appendix (C.5), borrowers’ demand elastic-
ities parameters I'jep 1= (Qich, Bichs Qichs Bichs oicv)’ might be a function of the default
probabilities. Indeed, risky borrowers might be less sensitive to prices if they expect
that they won’t be forced to repay the full face value of the loan upon default. In
that case, a; would be a decreasing function of default. Alternatively, instead of being
a default function directly, “price elasticity” «; and default probability d; might be
influenced by the same fundamental parameter. For instance, a borrower with greater
financial sophistication might find it less time-consuming to compare products and
thus may end up with a cheaper product. The same borrowers might be more likely to
make better financial decisions in general and thus may have a lower baseline default
rate. For those reasons, we model default probabilities® (d;) and preferences I';p
the following way. Borrower i choosing contract ¢ at bank b has a default probability
diep (or equivalently a survival probability 6;4) of

5. The logic behind our approach is as follows. The default probability is a function a of monthly
repayment, the cost of defaulting and losing the house, the borrower’s future income profile and the
borrower’s propensity to save. The loan size is an endogenous variable, so we replace it by its function

defined in C.3. We linearize the expression around the contract and borrowers’ characteristics. Then,
we explicitly acknowledge that the choice of contract and loan size depends on default in equation

(C.8).
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borrower’s private information
d d d d
/
dicb = B (ch,T'Cb) +v Dl + 1Y PI@ + €ic

Ijicb =pn+ VGDi + pGE[dzcb|IzB] + eiG

—
Q
3

S~—

where E[di|ZP] := 84 (Xop, 7o) + D5 + PI¢ + e
——

borrower’s private information

and where Bd(ch, re)  is the causal impact of contract characteristics on default
due to moral hazard or burden of payment, D; is a vector of borrowers’ characteristics
(such as income and age) that are observable by the bank, and (PI%) is a vector of
variables that influence borrower i’s choice of bank-product and that are uncorrelated
with contact characteristics. It captures adverse or advantageous selection. As men-
tioned in the previous paragraph, the impact of PI on default can be direct, as in the
case of financial sophistication, or indirect through borrowers’ private information
about their default process. We assume that cor(eiG, dicp) = 0. This is without loss
of generality, as in the estimation, we will not be able to disentangle PI from e©.

The private information, for instance, contains information about the future income

of the borrower or the borrower’s level of risk aversion.
d

e represents, for instance, the characteristics of borrower i (observable by the
lender) that influence default but are not considered by borrowers when they make
their loan decision (i.e., they do not enter I'; and cannot be recovered by banks).

As discussed in the previous section after equation C.5, without loss of generality,

a; has been normalized to one in equation C.8.

Borrowers’ default from lenders’ point of view

Now let us consider the lenders’ point of view. Lenders would like to estimate the

true model (equation C.7):
dich = Bd(chyrcb) + VdDi + IOPIzd + ezdc' (Cg)

However, by definition, banks (and the econometrician) cannot observe borrowers’
private information (PI¢). Nonetheless, if borrowers with different private informa-
tion (PI¢) consistently make different contract choices (i.e., p& # 0), banks gain
extra information about borrowers’ default probabilities using a menu of products.
Formally, using the menu of contracts, banks learn information about the borrowers’

types (I'j, = E[Lili chose cb, ZF]) and use them as a proxy for (PI¢). TF is the
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information set of bank b.% As using f‘icb directly would bias the X estimates because
;e is a function of X, we thus use Pl 1= E[PI%+ P4 +€fi chose cb, TF] instead.

Banks’ forecast of borrowers’ default probability is thus

dicty = B (Xep, rep) + v2D; + p*PIL, + &, (C.10)
where éfc is an error term uncorrelated with the characteristics of products. It can,

for instance, be interpreted as the error term coming from the linearization of the

true forecasting model used by banks.

Definition of a selection market: We denote p,, := prg,y where pg is the
correlation between default and the y* element of the private information compo-
nent PI% and ,O%y is the correlation between the z*" preference parameter of I' and
the y* element of PI?. Given the assumption that the error term of the default
regression is uncorrelated with observables and the private information component
(i.e., Eleip| X, r, PI] = 0), we have p; 1= > pzy # 0, which implies that the mar-
ket is a selection market with respect to the contract characteristic associated with
preference parameter x. That is, borrowers that prefer characteristic (x) tend to be
more (less) likely to default if p, > 0 (p, < 0). We denote p,/, when, instead of
the preference parameter for product x, we use the willingness to pay for product

characteristic x.

Proposition 1: Test of screening and risk discrimination
It is possible to screen borrower a from borrower b with Bag # Bpe V(a # b), with Biy
he " element of vector Biy, using contract characteristics = and rates if and only if
/BG.C ﬁ C
s # (Tbe(a #b).
We call this screening risk discrimination if py # 0, with p, ). defined in the para-

graph above.

PROOF: Screening two borrowers (a, b) with different levels of willingness to pay
Bac > Ppe) works by offering a product (X,r) and (X + 0X,,r + 70X,) such that
Bre < 7 < Bqe. In that case, as shown in Appendix C.6, banks can almost per-
fectly screen the type of borrowers on their 5. characteristics as long as the variance
of €. tends to zero or there are no bounds on X, and r.. That is, it is possible to

construct a menu of contracts such that Vi,3m / Pr(5. = Bic|choose contract m) ~ 1.

6. The banks cannot use their menu to learn about demand shocks (£;,el), search costs e; and
default shocks e as those characteristics are uncorrelated with how borrowers value the characteristics
of contracts.



140 Appendix C. Chapter 1 Appendix

As a result, our empirical strategy aims to identify the distribution of preferences

as well as its correlation with default (p? # 0).

C.1.3 Lenders

This section models how lenders design their product menus and mortgage applica-
tion rejection rules. Our modelling yields the supply equations presented in section
1.4.2. We start by presenting the lenders’ maximization problem. We then informally

and formally discuss lenders’ product design incentives.

Information structure: Lenders know that borrowers behave according to equa-
tions (C.2, C.3, C.4, C.6, C.7). However, while the distribution of borrowers’ parame-
ters is known (T, ¥, (ex)es, €?), lenders cannot associate each draw of the distribution
with a particular borrower. All other elements of the equations (C.2, C.3, C.4, C.6,
C.7) such as the contract and banks’ characteristics (X, &, r) associated with each
loan amount L for all banks and the default parameters (5%,v%, p), are known by

lenders. We denote IbL as the information set of bank b.

Banks’ behaviour

Bank b maximizes its expected profits by designing its menu of products My :=
(Xevts Tebt)e e1,c,,,] @S Well as its acceptance and rejection decision (P < [[1, Cie]])
for each borrower and contract. That is, banks choose the number of products Cy,
they offer at time t, product characteristics X and prices r, and the subset of (indexes
of) products from the menu available to borrower i (P;). As discussed in section
1.4.1, we consider that banks use linear pricing for the loan size conditional on (X,r).
This is optimal when, for instance, the only source of heterogeneity in loan demand

comes from el

or that screening is achieved with product choice rather than quantity.
Banks face a fixed cost of changing their menu of products. They play a static game
and take their competitors’ contracts and pricing as given. In the empirical section,
we also consider a two-stage game in which banks first choose their product and then
compete on prices.

Formally, bank b maximizes:
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Gross margin: H?
A

o Fixed costs

n Cy

I —— -~
Maz(c,, nerun,pyy ELY 25 Uebo—ein L vizvy NPVie \Zy] — F (Myy, My—1)
i=1c=1 ~~ N .
i chooses contract cb et present value of lending
(C.11)

where (ci,bi) = argmazpep, cepy,}{0i(c,b) + 07 ey} Vi

Borrower i optimal choice of bank—product

where V; is the expected utility of participating in the mortgage market and V; is
the outside option of not borrowing. The inequality (V; = V;) conditions on borrower
i’s participation in the mortgage market. As discussed in section C.1.1, the effect of
the contract term and prices on borrowers’ entry and exit is negligible. We can thus
ignore the inequality and take the number of borrowers as given in the estimation
and counterfactual simulations.” Nonetheless, equations (C.17) and (C.18) in the
appendix formally define the expected utility functional form that could be used to
estimate the entry margin in an extension. This extension is important during an
economic crisis when lending to some category of borrowers is a negative net present
value project or when competition is low enough that banks may want to exclude the
less profitable borrowers from the market to extract more surplus from the others.

NPV, is the net present value of lending to borrower i via contract ¢ at bank
b. The derivation of the formula is in Appendix (D.3). As in Benetton (2018) and
Crawford, Pavanini, and Schivardi (2018), we consider that banks are risk neutral and
that all borrowers refinance at the end of the teaser rate period, and we approximate
the NPV by NPV,y := Li(c,b) - [(1 — diep) e — mCep] Fep where L;(c, b) is borrower i’s
loan demand conditional on choosing contract ¢ at bank b (defined in equation C.3),
d is the default probability (defined in equation C.7), r is the interest rate, F is the
fixed rate period and mcg is the marginal cost of lending. The marginal costs are a
function of product characteristics but will be estimated non-parametrically. L;(c,b)-
(1 — dicp)repFep is thus an approximation of the present value of lending to borrower
i via contract ¢ at bank b. An increase in the amount borrowed (L), the interest rate
(r), the survival probability (1-d) or the fixed rate period (Fr) increases the present
value of lending by increasing either the monthly payments or the periods during
which borrower i provides monthly payments. L;(c,b) - Foymee is an approximation
of the present value of the cost of lending via product ¢ at bank b. An increase in
the amount lent (L) increases, for instance, the amount of deposits required and thus
increases the cost of lending by Fiymce. The marginal costs mce, are multiplied by

7. Taburet (2022) shows that this is the case wh_en, for instance, all investments have a positive
net present value, competition is high enough and V; is constant across borrowers.
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the fixed rate period F_ to facilitate the comparison with the interest rate. That
way, the marginal costs are expressed as if the bank funds its lending using debt with
the same maturity as the fixed rate period of the loan. Not including F, would just
lead to a renormalization of the fixed cost mcy, in the estimation.

We introduce a fixed cost function F'(Mpy;, Mp;—1) in order to match the number of
products offered by banks in the empirical analysis. Given our estimates on demand
heterogeneity, the fixed cost function is required to prevent banks from offering a
continuum of contracts. It is a function of a mathematical distance between bank
b’s current menu (M) and its previous menu (Mp—1). Its exact specification is
provided in the overview of the setup section (section 1.4.2) and in the estimation
section (section 1.5.4). The fixed cost prevents the model from being solved using the
revelation principle (i.e., offering one contract per type of borrower).

In the next section (section C.9), we solve for the model without the fixed cost to

provide intuition about the different mechanisms at play.

Feasible contracts: For the problem to be well defined even if the marginal
costs turn out to be non-convex in product characteristics, we assume that contract
characteristics are bounded: F := {(r, X) : X € [0,X] < Rfm(x),r > 0}. This can
reflect regulations — such as the maximum LTV of a contract — or the fact that the
demand has some kinks. In the estimation and counterfactual exercise, we further
assume that the set of possible combinations of product characteristics (X) is finite.
We discuss in the identification and estimation section the conditions under which

this assumption does not bias our results.

Discussion about the supply model assumptions

Any model simplifies the reality of focusing on a given economic phenomenon. In
our structural model, we do not endogenize the house price upon default and do not
model dynamic considerations in order to be able to model screening incentives in
more detail. The counterfactual simulations thus consider that those elements — as
well as unobserved product characteristics — remain constant. In this section, we

discuss how those assumptions affect the interpretation of the supply parameters.

Collateral: In its current formulation, the model is set as if banks do not recover
anything following borrowers’ default. This assumption does not affect the demand
estimation as we do not explicitly model the cost of default and instead rely on a
revealed preference approach. However, it affects the interpretation of the marginal
cost parameter that is recovered in the estimation section. To provide intuition for

how to interpret the results given our assumption about collateral, let us introduce
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the following notation. Upon default, the mortgage originator can seize the lender’s
house and get min{J - ﬁ, rL}. ﬁ is the house value at the origination date, and
0 is the ratio of the house price upon default over the one at origination. Default
happens with probability d. The estimated marginal cost will capture the average
loss given default conditional on LTV E[mec — min{s - 3+, r}d|LTV]. Given our
identification strategy, we cannot identify § and mc separately. However, we discuss
how one could do so using an integrating over approach in Appendix C.13.1.

Finally, although the use of collateral has been taken as given rather than derived
from a first principle, conditions for collateralized debt to be the optimal contract is
in Appendix D.2.1.

Static model of supply: The supply model used in this paper is static, as each
period lenders maximize the expected profits generated by current lending activities
only. This consideration is justified by the demand also being static. Static demand
is heavily used in the literature and is a good approximation for mortgage markets
as recent studies show that borrowers’ entry and exit decisions — and thus their
decisions on when to borrow — are almost never affected by mortgage prices and
product offerings (Andersen et al. 2021 and Benetton, Gavazza, and Surico 2021).
However, the use of the fixed cost function in the lenders’ problem creates a dynamic
relationship between current and past maximization problems and makes the use of
a dynamic model natural.

The static supply approach can nonetheless be justified by the following consider-
ations. First, our static modeling can be written as the hurdle rate approach, which is
a good approximation of firms’ product-offering decisions according to recent surveys
(see Wollmann 2018). The hurdle rate approach assumes that firms choose to offer a
set of products such that, for any other feasible set, the expected ratio of the added
profits to added sunk costs does not exceed a set number (the hurdle rate).

Second, the only parameter affected by a dynamic modeling approach is the fixed
cost function, which is not an object of interest of our analysis. Indeed, the marginal
costs are not affected as they are identified from a model optimality condition that
depends on the number of products being fixed. The counterfactual experiment is
not affected by the use of the static model as long as the relationship between current
and expected profits in the counterfactual experiment remains the same as in the
data. The static estimation affects the economic interpretation of the size of the fixed
cost. As a complementary approach, we show in Appendix C.13.3 how methods used
in the dynamic demand estimation literature could be used in a dynamic version
of our model to estimate the supply parameters. However, the dynamic estimation
increases the computational burden of counterfactual experiments to the point where

the counterfactual model would not be solvable with the current methods available.
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C.2 Demand CES form

C.2.1 1 characteristic

N i= e s0 N = EN,[1- N, e € [0,00)

This can be microfounded by using the functional form:

choice : maz{ue® ¢} <= maz{in(u) +c '}
eln(uf) UE

Z eln(uf) = Zb ui

Pr(choosing) :

As in Dixit-Stiglitz, when the number of firm is large, we can abstract from [1—N,]

in the derivative. In a symmetric equilibrium, %‘; equal to the share of type a versus

)

type b borrowers. Using &; := €[1 — 1], n being the number of banks operating in

the market:
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Distortion:
X¥i=X
Qg — _ _
X; = %[T «~ 7,] X :=0X

Yolaw — ;] + (20 — )
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Under perfect competition (¢ — 0):

X < X, since 0, =0,

As competition decreases (¢ — 0):

IR, e P e L PP
X Ya o wlaw — g+ (20— )
Xp gt Vb 1
e = [—f(l —Ya) + ;(1 - %)T_é]é
R ——

Want to extract more surplus from the high WTP borrower a but can deal better

with the friction by using an information rent.

C.3 Nested logit

The product and bank choice can be written as a nested logit by making the as-
sumption that the variable (;jc := &icj + 0, 152'7]- follows a generalized extreme value
distribution. Indeed, assuming that borrower i draws ((pe)pe follows an extreme value
distribution: F((Gipe)je) := exp(— ZbeJ(ZceMj e~ Gibe) Ao,

Products within the same menu M}, have a correlation of approximately 1 — Ap. In
case in which all )\ are equal to 1, the choice of bank-product has the logit form. In
case all A\, = 0, the random term within a nest are perfectly correlated. The choice of
banks has a logit form, and within a nest, borrowers choose the product giving them

the highest utility.

C.4 Imperfect Information about acceptance and rejec-

tions

When borrowers do not observe acceptance and rejection rules, denoting p;. the

probability of being accepted, the utility they derive from a contract c € C is:

picbu(ch) + (1 — piey) B[E[V (c)] — cost] (C.12)
V(C) = MaT{reC\c} [pzmu(x) + (1 - pix)/BEE [max{xGC\c}V«c? iL‘)) - COSt] (Cl?’)

V(x) is the expected utility after being rejected from the contracts present in vector
x. Since rejections are observed by other banks, the probability of being accepted
in another contract may be lower upon rejections. Assuming that borrowers get a
new extreme value draw after each rejection, once can calculate V in a closed form

manner. To ease computational burden, one can assume that the probability of being
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accepted after the first rejection i 0 and replace V(c¢) by an outside option that is
borrower specific ;.

Assuming that the term p;c[0; 1€ibc) — ;] +@; is extreme value distributed with a
variance o; ! the new model thus become equivalent to the perfect information case

with all utility parameter scaled by p;e:

Picbui(ch) + (1 — picp) s (C.14)

C.5 Micro-foundation borrowers ’ utility mortgage mar-

ket

In this section I micro-found borrowers’ borrowers’ indirect utility function used in
the main section of the paper.
The assumptions about borrowers’ utility function are made for tractability and

do not impact the qualitative results.

C.5.1 Indirect utility functional form micro foundation
Toy Model consume in period 1, default and loose the house in period 2

survival probability

or ¢ L
C* H*) := Ci+ 1—=-=L) [=—— C
u(C* ) immasieny 1Cr o+ (1= 53-0) [+ nCal
L
Ci+(1—-ltv)— =Y
e+ v)ltv !
pCQ = Y2 —rL
gy%% represents the fact that you are more likely to default as you leverage This
implies:
bigger house o1 consumption period 1
—_— lower consumption period 2
¢ Pa—u e
¥ P, —(1—ltv) - Hr
H* - - _ H p
ltv (tbc s
Pg p" Y
| —
Higher default
Thus:

V(Y1,H*) ;= u(C*, H*) = =[Y1 + Ya] + H*{(P—H — ur - ltw)[

SERS
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Without consumption in period 2:

(z)c ,U,

+ 2(1 = Ity

V(Y H?) = u(C* H*) = Py 4 o[22 p; |
p

C.5.2 Derivation of the Demand system

Borrowers maximize:
Lci
maz.u(Le, ¢) mechicF + V(Y)
v
A, captures that default or consumption trade-off depends on contracts c¢ features

maxu(Le, c) =mazxcdn(A;.) + In(L.) — ltv(Itv)
lTL( ) ﬁlX + Oi€ic

From Roy’s Identity (A;. doesn't vary with Y,r):

[ty Wy (Y)

Integrating with respect to DF; (loan discount factor):

In(L.) = In(ltv) + 'y%DFi + cst

with : cst = 3; X, + €;, with (cstr)

=vD; + (1 Xe 4+ Ye + B2 Xi + vi)re

In the regression, allow for some element of A; to be proxied by income. That

DF;
set A,

way the income element of ﬁf need not be equal to the one in B~

exp(ﬂbX —at rc)
Z exp(ﬁbX — o rc)
In(Le) = aiLrC +vD; + BZ- X, + occ (C.16)

Pr(i choose ¢) = (C.15)

with ﬂ a correlated with o ,,BZL

C.6 Proof screening

Let us stat with considering that (8. can take only two values B,. and [y with

Bac < Bpe, the preferences along the other dimensions are continuously distributed
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and independent of the contracts characteristics. We can then generalize the proof
to any number of values.

Using Bayes’ rule:

Pr(choose contract b|fe. = Bic)Pr(Be = Bic)

Pr{Be = Biclchoose contract b) = 2jetap} Pr(choose contract b|Be = Bje) Pr(Be = Bjc)

We start by offering contract A with characteristics (X,r) that would be accepted
by both borrowers and then offer another contract B with characteristic X + AX, r+
wAX, withw > maaj{%}. When AX = 0 contract A have the following market share:
Pr(c&ja > o&jp). Denoting f the pdf of 4 — ¢, By Increasing AX the probability
of contract B being chosen by the high willingness to pay (WTP) borrower increases
by: %cafwf(O) while for the other it decreases by @f@).

We can generalize this proof by starting by separating the lowest WTP from all

others, then the second lowest WTP from all other borrowers. When there are no
bounds on r and on X, or when ¢ — 0, borrowers can be almost perfectly screened
Ve, (A X, win)m : Vi, 3m : Pr(B. = Bic|choose contract m) > 1 — e.

C.7 Nested logit extention

Following the nested logit approach, we use the following timing assumptions. Before
knowing their individual i preferences over banks (£;3)p, borrowers choose to enter
the borrowing market if their expected utility V; is greater than the option of not
borrowing. In the theoretical analysis section, this timing assumption is equivalent
of assuming that borrower will not accept a contract if its utility u;(C}) is lower
than the option of not borrowing. This favours the interpretation that the value ;e
models a search or sunk cost that has to be paid to lean about bank b menu rather

than valuable characteristics of the bank. Formally, Borrowers enter the market if:
Vi i= E.[mazepy{is(Cjh, b) + oigan}] — o ' In(#B) = V; e R (C.17)

#B denotes the number of product available to borrower i. When all the banks offer
the same contracts C;, E:[mazepy{ui(C})}] = o n(#B) + E:[ur,(Cf)]. The fist
term captures the fact that if a lot of products are being offered, then it is more likely
that borrowers find a product that have a high unobserved characteristic £;;. This is
to get rid of this effect that I define V; the entry condition this way.

This equation will not be binding except when competition is low enough.
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Individual i preferences over banks (g;;); is drawn from an extreme value distri-

bution

Ee[maz pepy{ti(Cly, b) + oign}] = Uﬁll”(z exp(oiui(Cly, x))) (C.18)
zeB

C.8 Derivation Present Value of Lending

Given a loan size L, a maturity T and a per period compound interest rate r, the per

period mortgage repayment C is given by the annuity formula:

Lr(1+ T’)T

C=arToa

(C.19)
Similarly, we can express the bank cost of lending an amount L as a constant rate

(mc) and write it as an annuity to make it comparable to the interest rate (r):

~ Lme(1 4+ me)”

1+ mo)T -1 (C-20)

The marginal cost includes, among others, the interest rate banks need to pay on
its deposits.
Using d as the discount rate, the present value of lending the amount L, abstracting

from default, can thus be written:

T—F T—F
LZ(Sk r(r+1)T mc(mc+1 ] 4+ Z 5 R(R+1) _ me(me +1) ]

r+1DT—=1  (mc+1)T — R+1TF 1 (me+1)T-F -1
(C.21)

k=F+1

R is the reset rate and b is the remaining balance at the end of the teaser rate period.
F is the fixed rate period, T is the maturity of the loan, v is the share of people not
refinancing and mc is the marginal cost of lending.

As in Crawford, Pavanini, and Schivardi (2018), assuming that banks consider the
average default instead of the probability of defaulting in each period, for a constant
discount rate (0 < 0), denoting d a dummy equal to 1 if borrower default, the present

value of lending up period F is:

C-

F
Z 1+7') . L (C.22)
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When T and F are large, % ~ 1 and 6% ~ 0, the net present value of

lending is thus:

1— 5T—F

T TEA - dR——

5 1—§T-F

PV ~ L-{E[(1—-d)]r 1_5+7 -3

oF —1 6 me}

(C.23)

With (6 = 1), the expression is instead:
PV ~ L-[E[(1—d)]rF +yRE[(1 — d)|(T — F) — [F + YT — F)]me]  (C.24)

We further assume as in Benetton (2018) that 0,7 = 0 so that it does not enter
inside the FoC of r. and set 7, to 0 (i.e., all borrower remortgage). We can thus also
abstract from the discount rate if § < 1 as it is constant across mortgages, we thus

get:
NPV :=L-[E[(1 —d)]r —mc] when ¢§ < 1 (C.25)

The above expression comes implies that banks do care about fixing the interest rate
except from its impact on the cost of lending (mc), default (d) or on demand (L). This
result comes from the assumption that 6% ~ 0. It may be problematic as for a given
demand, interest rate, default and marginal cost, profits are likely to be increasing in
F as the loan generates annuities for a longer period.

Relaxing the assumption 6 ~ 0 would however require an assumption about
the discount rate used (for instance the bond of or deposit rates) or the use of non
standard approaches like the integrating over one (see C.13.1). This last method is
too computationally demanding for our set-up. We thus go with the first approach

and assume that § = 1. We get:
NPV :=L-[(1 —d)r —mc|F when § =1 (C.26)

Alternative approach:
Without using Crawford, Pavanini, and Schivardi (2018) assumption about de-
fault, the expression for the annuity would be would be, using d as the per period

default probability:

¢
(1+7r)T 1-((1-d))t

C (A =d)d) = Lr((1 - d)9) — (C.27)
= 1+ —=11-((1-d)J)

Using the same approximations as in Benetton (2018), % ~ 1 and 0,y = 0,

the expression for the NPV becomes:
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B 1—((1—=ad))F 1—oF
NPV :=L-[(1—d)d s+ do r mcl_(s]when(5<1 (C.28)
1-(1—d)Ff
NPV :=L-[(1—- d)#r —mec- F]| when § =1 (C.29)

Here again, as the discount rate is not observable, the NPV would require esti-
mating both the discount rate § and the marginal cost mc. In a low rate environment,
the discount factor can be approximated by 1. Changing the definition of the NPV
will impact the interpretation of the mc as discussed in C.1.3. Moreover, when d is
small as in our empirical application and § equal to 1, the expression becomes the

same as in Crawford, Pavanini, and Schivardi (2018):

NPV, o L-[(1—d)r—mc]-F, when§ =1 (C.30)

C.9 Product introduction and exclusion incentives

This section provides an informal analysis of the different mechanisms driving the
product offering and pricing in our setup. In particular, we discuss the impact of
imperfect information on loan contracts. A formal analysis is provided in Appendixes
C.10 and C.11. An in-depth analysis of the incentives to screen in this class of model
is presented in Taburet (2022).

Under perfect information about borrowers’ preferences and default probabilities
(i.e., borrowers’ type), the design of a different contract for each borrower type allows
for catering to their heterogeneous needs (Tirole 1988). Absent a fixed cost of creating
contracts, and as long as the same product can be sold at a different price to different
borrower types, lenders should create as many loan contracts as borrower types. In
that class of model, under classic assumptions, a high demand elasticity (competition)
drives interest rates down and the loan size up.

With imperfect information, lenders may find it optimal to use contract menus
to screen borrowers. As well established in the literature, screening may require
distorting contracts away from their perfect information value to maintain borrowers’
incentives to self-select. It is optimal for banks to distort — relative to the perfect
information case — the contract features (i.e., product characteristics or pricing)
that have the lowest impact on their profits.® In the monopoly case, for instance,
banks have incentives to distort — relative to the perfect information case — the

8. The contract features also need to be heterogeneously valued by borrowers. If contract charac-
teristics are valued similarly by borrowers, changing those terms for one or many contracts affects

the incentives to choose a given contract similarly for all borrowers. Thus, it does not affect the
distribution of borrower types choosing the contract.
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contract designed to be selected by the less numerous borrower type or the one for
which they make fewer profits on each loan. When some degree of competition is
introduced, banks must also consider how contract terms affect the loan demand they
face. When borrower demand elasticity is high and screening is feasible, this second
consideration can force banks to price each borrower according to the borrower’s
own default probability (i.e., to screen) even when all borrower types would benefit
from being pooled (Taburet 2022). Indeed, by failing to do so, a lender could take
advantage of its competitors’ offers to attract the most profitable borrowers only (i.e.,
screen). As a result, a high demand elasticity can drive the price of some contracts
up — when it prevents high-default borrowers from being pooled with low-default
borrowers — and the quantities down — when credit constraints are used to screen.

The above-mentioned considerations can lead to product introduction and exclu-
sion relative to the perfect information case. To illustrate this point, let us consider
a situation in which, under perfect information, banks’ most profitable option is to
offer one product only (e.g. a long-term loan) but price it differently depending on
the customer. This heterogeneous pricing can be a result of, for instance, borrowers’
price elasticity or default probability heterogeneity. However, under imperfect in-
formation about borrowers’ heterogeneity, banks cannot sort borrowers with a menu
composed of the same product priced differently, as each borrower will choose the
cheapest one. Banks can thus choose to price the product using the average borrower
characteristics or introduce one or many new products to make borrowers self-select.
For instance, if high default probability borrowers find it relatively more costly to get
a short-term contract, screening can be achieved by introducing short-term contracts.
Those contracts will attract unobservably safer borrowers and can thus be offered at
a lower price.

Under imperfect information, the impact of product introduction or exclusion on
welfare is ambiguous. On the one hand, banks’ product introduction provides more
tools to screen borrowers. This can increase welfare as it lowers the asymmetric
information level. For instance, under perfect competition, screening can maximize
the sum of borrowers’ utility. This happen when the utility loss caused by the net cost
of screening (i.e., the contract terms’ distortions, relative to the first best, that are
required to sort borrowers) is lower than the utility losses coming from the net cost of
being pooled (i.e., the spread between the fair price of lending to the average borrower
and the perfect information pricing). On the other hand, as shown theoretically in
Taburet (2022) and discussed in the following section, screening may be implemented
even when the informationally constrained social planner would pool borrowers.

Inefficient product introduction or exclusion results from lenders not internalising
that their screening behaviour affects the demand and thus the screening costs of

other banks. This issue is analysed in Taburet (2022) and is called a contractual
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externality. A graphical illustration of this contractual externality is provided in
the following section (C.11) in a simplified version of our setup. The contractual
externality creates the following welfare trade-off between competition and adverse
selection. A low competition level mitigates lenders’ concerns over losing their market
share; this can improve welfare by giving them more flexibility on how to use contract
terms and prices to sort borrowers efficiently. However, a low competition level also
incentivizes lenders to apply high markups, which can reduce welfare. Imperfect
information and adverse selection thus interact: decreasing one imperfection may
increase the other.

Overall, because of the contractual externality, the outcome of screening markets
can be information constrained inefficient. Those markets can thus provide too many
or too few products relative to the second best (i.e., what an imperfectly informed
social planner could achieve). To measure this friction, we need to analyze banks’
screening incentives. This analysis calls for an estimate of which contract feature
distortions — relative to the perfect information case — have the lowest impact on
banks’ profits. The latter requires understanding how borrowers make their choice of
banks and contracts, how borrowers’ choices reveal information about default prob-
abilities, measuring the present value of lending via a given contract and the cost of

changing product characteristics and menu size.

C.10 Formal analysis of the model

Let us assume in a first step that preferences (I';) are observable and solve for the
optimal contracts before considering the case in which they are not. We consider
throughout the exercise that the demand shocks (ailgicb)icb are extreme value dis-
tributed, independent and not observed by banks. This assumption is a tractable way
of modelling competition among banks. It makes the demand function ¢ continuous,
which allows to solve the model using the first order conditions and yields a closed
form solution. As they are not at the center of our analysis, we also consider that
there are no fixed cost of designing a contract.

Indexing contract by ¢ € [1, Cy ]|, the maximization problem (E.1) can be written:

C
MAT((x, 10).eFCC) M0 ) PibeTibe (C.31)
7 c=1
n; is the number of type i borrowers.

oipe the probability that borrower i chooses contract c. Our assumptions about
exp(o(BiXep—airen))

0~ 'e;p being independent implies that ¢, can be written Sen Sy can(o(Bi Xa —aira))

BiXep — a;rep is the average utility of borrower i when they get contract ¢ at bank b.

o drives the product demand elasticity.
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Tibe 18 the expected profit on contract ¢ when borrower i chooses contract ¢ (i.e.,
Li(e,b) - NPV in the problem (E.1)).

Perfect information incentives: Under perfect information, banks offer one
product per type. That is, P;, is a singleton. We index the contracts by the borrower
index i, drop the band index b in the notation and use the notation (Xj,) to denote
the x element of vector (X;). Using the first order conditions, the contract terms and

prices given to borrower i (Xj,7;), must satisfy:

Intensive margin Ezxtensive margin
e

— T r
Pm’cing : n,»qb,ﬁmm —Uozmiqﬁi(l — ¢z) T, = 0 (0.32)

number of lost customers

Intensive margin Ezxtensive margin
Contract Characteristics :  ni¢i0x,,m +oBinidi(1 —¢i)mi =0 (C.33)

Changes in contract terms and price affects profits through an intensive and exten-
sive margin channel. When increasing, for instance, interest rates, the bank increases
profits on each loans (if 0,,m; > 0) but losses some customers (—oa;(1 — ¢;)pinim;).
oa;(1 — ¢;)¢pin; is the number of customers lost. The extensive channel effect is

stronger for highly price elastic borrowers (i.e., high «; borrowers).

Neglecting the impact of contract terms (X) on default probabilities (d) to focus

on adverse selection rather than moral hazard, considering a symmetric equilibrium,

and relabeling o; = o(1 — ﬁ(B)) we get —rearranging the above equations — that

the optimal equilibrium contract for borrower i is:

Fair price mark up
. .. mc ;
Optimal pricing : r; = 4 o
1—4d; o0 + o
~—— ~——
product demand elasticity  loan size demand elasticity
(C.34)
. . 0iBix + Bi 1—d;
Optimal characteristic : Xz = ifia ?m : (C.35)
(o + &) meg

“willingness to pay” ef fective cost

2
For intuition, we set the marginal cost of lending as the function me(X;) := >, mcz%,

with mec, a known number that parameterize the cost of increasing the z** charac-

teristic of a product (i.e., its LTV, fixed rate duration...).”

9. Absent this functional form assumption, the formula would be: dx,, me; = %(1 —d;)
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me(X
)

). The mark up is a function of both product and

Equation (C.34) states that the contract price is the sum of a fair price (
10 ( 1
o0 +Q;

loan size demand elasticities. The interest rate elasticity of product demand depends

plus a “mark up” term

on the variance of the demand shock parameters (o). When competition is high
(o0 — o0), lenders price each contract at their fair price. The number of lenders
(card(B)) increases the product demand elasticity (o;) as it makes it more likely
that the next bank is not too far away so that borrowers are more likely to change
lenders (interpreting the demand shock as a distance from the closest bank branch
like in Hoteling (1929)).

Labeling X;, as the contract maximum loan-to-Value (LTV) for simplicity of the
exposition, equation (C.35) states that banks provide high maximum LTV when:
borrower i value positively this contract characteristic (i.e., 08z + Bix high) and is
not sensitive to a price increases (o;; + &4, low), and when the cost of increasing
the maximum LTV is low.'! The cost is low when borrower i default probability (d)
is low and when an increase in the maximum LTV of the contract is cheap to provide
(low mey).

Banks thus have incentives to provide different products when borrowers’ default
probabilities and preferences are heterogeneous. Including fixed cost in the analysis
would requires the heterogeneity to be larger (and the market size to be large enough)

for new product to be offered.

Imperfect information incentives: Let us now consider the case where banks
cannot observe borrowers’ type. To focus on screening, we consider the situation in
which all borrowers are observationally equivalent from banks’ point of view. Using

the first order condition of problem (C.31) and dropping the b index, we get:

Extensive margin

Intensive margin A ~

—_——— C
Pricing : Eniﬁbicarcﬂ'ic _Eniai¢ic(ﬂic — 2 ¢ijﬂij> =0 (C.36)
A 7 7=1

FExtensive margin
Intensive margin -

—— C
Contract characteristics : Zm(bicﬁxmmc +Zni6im¢ic(7ric — Z ¢ijmij) =0
i i j=1

(C.37)

10. The theoretical literature usually refers to the markup as the output price divided by the
marginal cost. I instead define the mark up as the pricing above the marginal costs. The empirical
IO literature sometimes uses the same terminology (Crawford, Pavanini, and Schivardi (2018)).

11. The ratio % can be thought as a willingness to pay measure. Setting the loan demand
parameters to 0, the fraction becomes borrowers’ the willingness to pay for the x characteristic (i.e.,

%) Setting the product choice parameters to zero we get (ﬁ 2*) which is the marginal loan demand

increase following a change in X over minus the marginal increase in rates.
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The intensive margin channel is the same as before, the extensive channel is dif-
ferent as banks must now consider the fact that they offer menus. The first order
conditions with respect to contract c terms and pricing thus have an extra element
capturing the probability that borrowers of type i choose another contract than con-
tract ¢ (¢ ).

The extensive margin channel captures the effect of a marginal increase in, for
instance, contract term X., on the number of borrowers choosing contract c. The
increase primarily attracts borrowers that value this characteristics relatively more
(i.e., those with a high B;;). The increase in product ¢ demand can come from
borrowers that would have shopped in another bank absent the contract term in-
crease (Bizdic(l — ¢ic)), or borrowers that would have chosen another contracts at
the same bank (8;¢i.(—¢i) < 0). The net effect on profits can be rewritten with the
term ;. — Zx QixTiz, Where Zz ¢ixTiz 18 the expected profits on borrower i prior to
the change in X.. This enlightens the fact that attracting borrowers i into contract

c is valuable when the bank makes more profit on contract ¢ than its others contracts.

Rewriting the above system of equation as in the perfect information case and
assuming that cov((ca+@&),d) = 0 for simplicity of the notation (the general formulas

are in the appendix (?77)), we get:

Average fair price Average markup Asymmetric information discount/premit
—_— ~ - N .
Optimal pricing : r. = me(Xe) + 1 4 By [oia; Elm;|ic]]
e Ei|c[1 — dz] Ei\c[(giai + dz)] Ei|c[(0iai + &i)(l — dz)]
(C.38)

Byl (0iBia + Biz) (1 — d;)] PD
Ei|c[0-iai + dz]mcw R/ib/

~ / Product distortion
optimal characteristics average type

Optimal characteristic : X., =

(C.39)

E¢|c[5z‘] = % is the average value of 8 of borrowers choosing contract c.
E[mlij] = 25:1 e Pic” chzl et ﬁﬂ'ic is the probability of choosing an-
) ’ c=1,c#j ic
other contract than contract j (i.e., ZCC:LC# ®ic), multiplied by the expected profit on

borrower i if they choose another contract than contract j (i.e., ch=1 oy ﬁmd'
’ c=1,c#j Pic

PD are the product distortions, its formula is in the in the appendix (?7).

The above first order conditions are useful for our empirical exercise as — in
the spirit of the sufficient statistic literature — the right hand side variables can
be replaced by their empirical estimates to decompose the equilibrium interest rates

or product characteristics. This exercise is done in section 1.6 for the interest rate
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without neglecting the effect of product characteristics on default as we did here.
However, as the right-hand side elements are equilibrium objects, those equations
cannot be used to analyse the properties of the asymmetric information term at
equilibrium and the screening externality. The complete theoretical analysis of the
model is outside the scope of this paper; we thus refer to Taburet (2022) studies for a
formal analysis of the incentives driving the number of contracts and the asymmetric
information term. We discuss how to solve the model and interpret the results in
the counterfactual section (section 1.7). In the next paragraph, we discuss how these
formulas are related to the ones in classic screening models.

The pricing equation (C.38) has three terms. The first two terms are the equiv-
alent of the perfect information pricing. The only difference is that banks consider
the average default probability and the average price elasticity of borrowers choosing
the contract. The last term of the pricing equation captures the pricing distortion
that appears in classic screening models in order to sort borrowers. In the textbook
monopoly model of screening this term only appears for the high willingness to pay
borrower as other borrowers are at their participation constraints. In monopoly mod-
els, this term is called the information rent. The asymmetric information discount in
our model plays the same role. Let us consider that contract c is designed for borrower
of type i. Equation (C.38) states that, for a given menu, if i borrowers are likely to
choose a contract that is not designed for them, and that this choice is costly for the
bank (i.e., E[m;|iz] negative), then banks provide a high discount compared to the
perfect information situation in order to lower the probability of borrower i choosing
the wrong contract. Alternatively, the bank can increase the rate of other contracts,
in order to make the mistake less costly and less likely (increasing (E[m;.|ix]).

Similarly, the optimal characteristic equation (C.39) contains a term that is the
mirror of the perfect information case plus another one to maintains borrowers in-
centive to self-select. The last term of the pricing equation captures the product
distortion that also appears in classic screening models.

As discussed in Proposition 1, screening two borrowers (a,b) with different will-
ingness to pay for characteristic x 84, > Bp;) works by offering a product (X, r) and
(X + 0X,,r +70X,) such that Bp. < 7 < Bqc and 0 > 0. We formally test this in the
empirical section. Theoretically, the price distortions of equations (C.38) has those
characteristics for at least some special cases. For instance, when banks price close to
marginal cost and preferences are positively correlated with default, the asymmetric
12

information term is positive for contracts that attract high default borrowers™* and

negative for others. Similarly, we can show that contracts that attract high WTP

12. Indeed the expected profits if high default borrowers choose the low default contract is
Elmicliz] <0
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borrower and high default borrowers are more likely to feature high X characteristics
in some special cases.'?
As discussed in the informal discussion of the model, the asymmetric information

distortions create new incentives for product introduction and exclusion. Indeed, even

(ﬂXz'JrﬁXi)(l*di)

when the perfect information term is the same for all borrowers (i.e., Bora

constant across borrowers), banks have incentives to introduce a new product to sort
borrowers on their price elasticity or on their default probability (i.e., PD, hetero-

geneous).

C.11 Screening Externality

In this section, we provide an analysis of the screening externality. In order to focus
on a case in which the equilibrium properties (existence and uniqueness) of the model
have been analyzed (Taburet (2022)), we make the following additional simplifying

assumptions:

Simplifying assumptions with respect to the structural model:

A1: Two types of borrowers (i.e., (f;, a, Bi, &, 0;) takes two values)

A2: Demand shocks ¢;., are perfectly correlated across product of the same bank
A3: Unitary demand for loan (ie., § = & = 0)

A4: No moral hazard (i.e., 8% = 0)

A5: Banks are identical (i.e., mce, = mcey and Eep = Eey, Yo,y € B)

The above set of assumptions makes the screening model similar to a textbook
one. The main departure from a classic model of screening is the introduction of the
parameter o that drives the competition level (i.e., the demand elasticities). It allows
to get around technical issues related to characterizing the equilibrium of perfect
competition screening models (see Taburet (2022)).

When demand shocks are perfectly correlated across product of the same bank,

lenders can perfectly screen borrowers on their preferences. In this situation, the

13. When competition is high enough and under adverse selection, the product distortion term is

Ejcloa; E[m;clic]]
ilel(oai+a;)(1—d;)] tend to
EjjcloBxiElmiclil]
By ol(eBxi+Bxq) tends
to (14 90) By [Emic|i]]/Eijc[(1 —d:)] with 6 > 1 the overall effect is thus of the sign of —E;.[E[m;c|4]]
and when banks price close to marginal cost E[m.|i]] is positive for low default borrowers and
negative for high default borrowers.

positive for high WTP borrowers and negative for low WTP borrowers

Ej[E[miclic]]/Eic[(1 — di)] when normalizing the alpha parameters to 1 and
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market share of product ¢ at bank b of type i borrowers ¢;. can be written:

617p(0ﬂi (Ca b))l{ﬁl (c,b)=0;(x,b), VzeP;p}
erB ZyePiz 6:L’p(0’l~Li (yv l’)) 1{&¢(y,z)>ﬂ¢(z,x), VzeP;;}

(C.40)

Lidii ()it (a,b), VaeP;,} 15 @ dummy equal to one if the product c offered by bank b
is the product in bank b menu that delivers the highest level of utility to borrowers
i. This set of inequalities become the incentive compatibility constraints of a classic

screening model when lenders use the revelation principle.

Optimal contracts under perfect competition, two borrower type,

imperfect information
Interestrate (r)

Cs1
Break even condition Cp _.-
Lz
,’
;"‘
-
Cs 2/ /_,«
¢“
-
f”’
/”
0 LTv*

=——High WTP indiference curve Low WTP indiference curve

Cost of lending to high WTP —— Cost of lending to low WTP2

FicUure C.11.1: Screening externality

Graphical analysis: For simplicity of the exposition, we present the results
graphically for the extreme case in which the product demand elasticity parameter
(0; = 0 Vi,j) tends to infinity (i.e., perfect competition). We use figure C.11.1 to
illustrate that the contractual externality can lead to a sub-optimal equilibrium —in
the second best sense — for all borrowers types. A formal analysis for any elasticity
parameter value is provided in Taburet (2022).

In the limit case in which o tend to infinity, the model tends to the seminal Roth-
schild and Stiglitz (1976) perfect competition screening model. This allows discussing
the model behaviour using traditional tools developed by the literature. Yet, the fact
that the demand function is continuous and that there is always a mass of borrowers
with a low demand elasticity in our model as long as o is finite (i.e., o~! # 0) implies
that the model solution exist in pure strategy unlike in Rothschild and Stiglitz (1976).
This feature allows to characterize the equilibrium and to show the existence of the
screening externality.

In our set-up, it is optimal to screen using rates and only one other product
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characteristic (see Taburet (2022)).!* We label this characteristic LTV and set the
other ones to their first best value.

In Figure C.11.1, we plot on the (LTV, interest rate) plan the key elements of
the model: borrowers’ indifference curves (in orange and blue), the cost of lending to
each borrower (in grey and yellow) and the set of pooling contracts such that banks
would break even in a symmetric pooling equilibrium (the black line). Borrowers’
indifference curves are upward slopping, meaning that borrowers like high LTV and
dislike high rate (i.e., g > (). The closer to the bottom right corner of figure C.11.1
the indifference curve is located, the higher the borrower utility level is. The blue
borrower indifference curve is steeper, meaning they have a higher WTP for LTV.
This assumption implies that screening is possible: putting more down payment (i.e.,
decreasing the contract LTV) is relatively more costly to the high default borrower.
The cost curves are upward sloping: providing high LTV loans is costlier for lenders.'®
The cost curve of the high default borrower type is above the one of the low default
borrower type. There is thus adverse selection: lending to high WTP borrowers is
more costly as they have a higher baseline default probability. The indifference curves
slopes are steeper than the cost of lending slopes meaning that lending generates
positive NPV.

Under perfect information, given that lending generates positive NPV, the optimal
LTV level of each contract is equal to the maximum feasible LTV amount (denoted
LTV#*).!5 LTV units are priced at the borrower’s specific marginal cost (i.e., using
the borrower’s default probability) so that banks break even on each contract. Under
imperfect information, offering a menu with the perfect information contracts would
lead to negative profits for lenders as all borrowers would choose the cheapest contract.
Lenders thus have to distort the first best contracts.

There is two potential (pure strategy) symmetric equilibriums in which banks
make zero profits. In the first one, banks offer the pooling contract CP. In the pooling
equilibrium candidate, borrowers get the first best LTV level (denoted LTV*), but
LTV units are priced using the average borrower default probability. In the second
potential equilibrium, banks offer the screening contracts (C7, C§). Screening restores
perfect information pricing. However, maintaining borrowers’ incentives to self-select
requires the contract designed for the low default borrower to have a lower LTV level
than in the first best. Screening is achieved as getting a low LTV is relatively more

14. This is because, in a linear set-up, the characteristic that allows sorting borrowers while having
the lowest negative impact on profits is the same no matter the characteristic levels.

15. This holds in the data and can be due to the expected loss given default being higher for high
LTV loans as the probability of not being able to repay the debt even after selling the house increases
in the loan leverage.

16. In this model, each bank set the contract terms to maximizes the surplus generated by lending.

Then it uses the interest rate to share the surplus between itself and the borrower. Product demand
elasticities drive how much of the surplus borrowers can keep.
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costly to high default borrowers. How low the LTV must be relative to the perfect
information case depends on the spread between unobserved default probability (grey
and yellow lines). When borrowers’ default probability spread is large, the spread
between interest rate must be is large as well, the high default borrower thus benefits
more from pretending to be the other type. Thus, the LTV distortion must be high
as well. The distortion is also decreasing in the WTP of the high WTP borrower
(i.e., the slope of the blue indifference curve). Indeed, when the WTP for LTV is low,
getting a lower LTV provides less disutility. The amount of LTV distortion required
to prevent the blue borrower from pretending to be the other type is thus higher.
As a result, even low spread between defaults can lead to a high product distortion
and thus high welfare losses. This insight is important in our empirical application
as default probabilities are low in normal times.

The pooling equilibrium candidate can Pareto dominate the screening one. High
default borrowers are better off under pooling as they get a lower interest rate. Low
default borrowers are better off as well when the cost of being pooled (i.e., getting
higher rate) is lower than the costs of being screened (i.e., getting a lower LTV).
In the figure, this is the case as the screening contracts (C'S1,CSy) are above the
indifference curve passing by the pooling contract (CP).

However, under perfect competition, the pooling equilibrium candidate (C?) can-
not be an equilibrium even when it Pareto dominates the screening one (C'S1,CSs2).
The reason is the following. Under the pooling contract, banks make more profits on
the low default borrowers. This creates incentives for a competitor bank to offer a low
rate, low LTV loan that will only attract highly profitable borrowers (those are called
cream-skimming deviations in the literature). The deviation is profitable because,
since high default borrowers are better off under pooling contracts, a lender can ben-
efit from its competitors’ pooling menus to screen the low default borrowers at a low
cost. The orange triangular area in Figure C.11.1 represents this set of profitable
deviations. While the screening deviation benefits both low default borrowers and
the deviating screening bank if everything else stays equal, it also affects the demand
and, thus the cost of screening of other banks (contractual externality). The reaction
from pooling banks losing their low default customers is to increase the interest rate
on their pooling contract or to start screening as well. High default borrowers utility
decreases, screening them form low default borrowers thus becomes costlier. All in
all, the threat of screening deviations prevents borrowers from being pooled when the
competition level is high.

Under perfect competition and when the number of high default borrowers is low,
the screening equilibrium candidate cannot be an equilibrium in models used in the
literature — such as Rothschild and Stiglitz (1976). The reason is the following.

When lenders screen but pooling Pareto dominates screening, a lender can make
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profits by offering a single contract that is preferred by both borrower types (i.e.,
to pool) and attract the full market size. This is illustrated in figure C.11.2 in the
appendix. This pooling deviation is profitable if the number of high default borrowers
in the market is low enough and that screening is costly (for instance, when pooling
Pareto dominates screening).

Overall, the existence of both pooling and screening deviations prevents from
making an inference about whether the equilibrium of screening market is optimal in
the second best sense in Rothschild and Stiglitz (1976).

In our model, when the demand elasticity is finite, there exists a unique pure
strategy equilibrium as pooling deviation attracts too many high default borrowers
to be profitable (see Taburet (2022) for the proof).!” The intuition is the following.
With logit demands, deviations do not attract the full market size. Indeed, even with
a very low variance of the random utility shock, there is always a mass of borrowers
with low demand elasticity. As a result, in our model, the relative number of high
versus low default borrowers attracted by pooling deviations not only depends on
the relative market sizes but also on how attractive the pooling deviation is to those
borrowers. Given that pooling deviations requires increasing a characteristic (the
LTV in our example) that is relatively more valuable to the high default borrower,
the proportion of those borrowers it attracts is higher. This makes pooling deviations
not profitable.

Formally, the above intuition can be formulated via two equations. The first one
compares how much more utility high WTP borrowers (indexed by B) derive from a

given contract compared to low WTP borrowers (indexed by G):'®
up = ug + (B — Ba) LTV (C.41)

The second equation is the ratio of good versus bad borrowers a pooling deviation

attracts. It can be written:

Relative number of borrowers attracted by any pooling deviation :

Rotchild Stiglitz Demand Logit Demand extra term

— - ~

ng + odugnpg nB N (B — Ba)dLTV)nB - nB (C.42)
ng + odugng nG 1+ odug nG =~ nG '

Pooling deviations imply that the contract LTV and the utility of G borrowers

increase so: dLTV > 0 and dug > 0. Thus, Wg—g > 0. For banks to
dLTV

dic

gain from this deviation, needs to be high enough to increase profits on the G

17. More generally, the existence and uniqueness of a pure strategy Nash equilibrium solution holds
for any finite demand elasticity level.

18. For simplicity of the notation, we set other characteristics than LTV to zero. This is without
loss of generality as pooling deviations implies increasing only the LTV, so the other characteristics
disappear once we use the infinitesimal version of the equation (C.41) in equation (C.42).



C.11. Screening Externality 163

market segment. However, this condition also implies that too many B borrowers are
attracted for it to be profitable.'”

Overall, when competition is high enough (o high enough),?’ banks are forced
to screen even when pooling Pareto dominates screening. In the situation depicted
by figure C.11.1, borrowers would get the screening contract (CS1,CS3) and not
the pooling one (CP?) even when they benefit from being pooled. Graphically (see
figure C.11.3), the demand function we use is such that the break-even condition
(i.e., the black line) when lenders deviate is above the indifference curve of the low
WTP borrower passing by the CSy contract. That is, the pooling deviation is not
profitable as it does not attract enough low default borrowers. This property carries

through in our numerical simulation.

Optimal contracts under perfect competition, two borrower type,

imperfect information
Interest rate (r)
Cs1

Profitable poolingdeviation set

/

Break even condition (full market)

cs 2/

0 Lv=

=——High WTP indiference curve Low WTP indiference curve

Cost of lending to high WTP Cost of lending to low WTP2

FIGURE C.11.2: Pooling deviation: perfect competition (o~ = 0)

C.11.1 Logit Identification Intuition

In this section, I look at a linearized version of the logit model (similar to Salanié and
Wolak (2019)) and study the identification of the parameters. Contrarily to the mixed

logit model, the estimation is not computationally demanding and can thus support

19. The sketch of the proof is the following. Let us consider that lenders offer the break even pooling

B
rate assuming they will attract “=. The break even condition implies that ddLaTG V. > 0, this makes the

pooling deviation not profitable as lenders B borrower ration is higher than 2—2. Similarly, using the
shares "fg € implies that the pooling deviation attracts € - A with A(0) > 1 and A(e) convex. This
also makes the pooling deviation not profitable.

20. Formally, there is a threshold value above which the pure strategy equilibrium does not exists
(see Taburet (2022)) for a formal analysis. It that case, the model has to be solved using mixed
strategies (see Lester et al. (2019) for a mixed strategy characterisation). The intuition that pooling

is not feasible carries through.
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Optimal contracts under perfect competition, two borrower type,

imperfect information
Interestrate (r)

Cs1

Non Profitable poolingdeviation

Break even condition (pooling deviation) ./

Cs2

—High WTP indiference curve Low WTP indiference curve
Cost of lending to high WTP Cost of lending to low WTP2

F1GURE C.11.3: Pooling deviation: close to perfect competition (o —
)

a lot of unobservable heterogeneity. A proof of identification of the parameters in the

non linearized model is provided in Fox et al. (2012).
Linear approximation of the model
Now let us generalize the utility by including a random preference shock ¢; + €;.; as

well as unobserved (to the econometrician) product characteristics .

Ujet + O€jet = BXct + ﬁgct + oy + Bcht + B@'fct + € + O€ict, €ict ’LZd, EV

exp(o™ [BX e + Bgct])
Yjes exp(o[BX i + BE;])

== Pr(i choose c|3;) = sic(Xet,&ct) ~ (1+ o B X iSer + 071@5@5@) + 1

Zj Xjrexp(c T [BX e +BEjt])
X, Zj exp(o—1[BX;1+BEt])
is assumed to be negligible (higher order approximation terms) and with mean 0.

with 54 1= (1 — ), and v being an approximation error that

Identification of the model:
By construction, we have E[3;|X] = E[5;|X] = 0, and without loss of generality,

o can be normalized to 1 and §y can be normalized to 0, so:

exp(det)
ST, cop(61)

Ec[50t|Xa Y] = /B(Xct - XOt) + Ec[/B(fct - gﬂt)’X7 Y]

Eilsic(Xet, 6ct)| X, Y] = a:= + E;i[viee| X]

‘/i[sic(Xcta gct)‘X7 Y, g] = a(Ug’i\X7Y,§Xct§ct + U%i‘X7Y’£€ct§ct + pfgi’gi|X,y7£0'ﬂi|X,Y,§UBi‘X7Y’£Xct€ct§gt> + Vz[V

d¢t identified from market share of product ¢ at time t
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oy and [ identified from a linear regression of d.¢ on (1, X)
08105, P, ji identified from the variance of product decisions for individuals having

the same observable Y and that got accepted to the same menu J.

Including Loan demand

Loan demand and the choice of banks are joint decisions as they come from the same
maximization problem. They thus share some common parameters. K. Train (1986)
provides a way to formally link the two decisions by specifying the indirect utility
function.
Assuming that the indirect utility function of taking a loan using contract c is:
y;?
Viet = 'uill—igb + exp(Uict)exp(oe€ict)

Y; being the income of borrower i. o€ is a perturbation parameter that is equal to
zero once the borrower chose the bank. It s a scaling parameter that allows for the
product elasticity to be different than the loan elasticity. It can be interpreted as

search costs.

ar‘/ict

_ 21
aY‘/ict t:

Using Roys’identity (L;c; = ), we ge

log(Liet) = wg(%) + $log(Vi) + et

2

This leads to the moment condition:

E[log(Lict)|choose c] = E[log(%) + ¢log(Yi) + wiet|choose c]
= BX e + Bét + au + E[BiXer + Bilet|choose ¢] + E[log(%) + €;|choose ]

E[BiXa + B¢£Ct|choose ¢] can be calculated using the expression from the previous
section. It allows to control for the selection bias by capturing the fact that, for
instance, borrowers with a high propensity to borrow may be more price elastic and
end up choosing a cheaper bank.

Ellog(’3)|choose c] = o

€ :=vD; + e;, with E[e;] = E[e;|choose c] = 0 as the choice of contract does not
reveal information about e; (or it isd captured by the product c fixed effect «.).

21. ideally Y; should be the present value of income coming from the intertemporal budget constraint
while r should be the present value of the loan cost
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This leads to:

Ellog(Lict)|choose c] = BXq + Bfet + o+ E[BiXa + /S’iéct\choose c] +ac + vD; + Elej|choose c]
[ J \— P

~—

£0
= 0ct + E[Bi Xt + Bifct|choose c|l +vD;

Identification of the model:

exp(o ™ 6:)
Eilsie(Xet, §at)| X, Y| = a = o————~ + Ei|viat| X
[S ( t 5 t)| ] a Zj GCITp(O'fl(Sjt) + [V t| ]

=0

%[Sic(Xcta 5ct)|Xa Y, f] = a(agi‘X7Y’§Xct§ct + U%i\x,y,ggctgct + pﬂi,,@i|X,Y,§UB¢|X7Y7§UBZ-\X,Y,{XCthtggt) + Vz[V

Ellog(Lict)|choose c| = 6ot + E[Bi Xt + B@feﬂchoose c] + vD; + Ele;|choose c]
Ec[60t|X7 Y] =0t + Q¢+ /BXct + Ec[Bgct|X7 Y]

2

Thanks to the additional loan demand equation,?? we are able to identify the scaling

1

parameter o~ as well as the time and contract fixed effect of the utility function.

C.12 Unobserved Choice set

When the consideration set of the borrower is unobserved (due to acceptance and
rejections for instance), this can bias the results. Indeed, wrongly including a desir-
able product can bias the results as the model parameter will have to be twisted to
rationalize the fact that the product is never chosen.

In the case of unobserved choice set heterogeneity, the model has to be estimated
using either the integrating over of sufficient set method (see Crawford, Griffith, Iaria,
et al. (2021)).

22. The assumption that ¢ is equal to 0 during the loan demand equation is not necessary for
identification as they will be absorbed in the variance of the €; parameter otherwise
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I will use the sufficient set approach. This relies on restricting the menu offered

(M) to a subset (S) of the real one. This lead to consistent estimates:

Pr(i choose j|\M = M*,S = S5* (1 —d;))
B Pr(i choose j|\M = M*, (1 —d;))

2imes# anrs Pri choose m|M = M*, (1 —d;)) + Xegsars Pr(i choose m|M = M*, (1 — d;))
Pr(i choose j|M = M*, (1 —d;))
Dicsk ~ark Dri choose jIM = M*, (1 —d;))
= Pr(i choose j|\M = M*,S = S* n M*, (1 —d;))
el d)X)  Sege enp((1— d)X,)

Zimes# €xP((L = di) Xom) 2onegn narx xp((1 = di) Xin)
_exp((1 —d;) X — In(m))

- Dmes exp((1 = di) Xim)
= Pr(i choose j|M = S*,S = S* (1—d;)) iif S* < M*

with In(m) := ln(Z’”Zes*gfe’;;‘fg(fz)ﬁgm)) equal to 0 when the subset S* < M*.

That is, the preferences of the mispecified model (Pr(i choose j|M = S*)) coincide

to the one of someone that had access to M but the econometrician restrics it to
S* < M* (Pr(i choose j|M = M*,S = 5%) ).

Random Coefficient The above proof is the same for random coefficient models.
However, the subset S need to be included in ngeM (6), with  being the set of
values that can take the random coefficient . The set M(f) can depend on the
random draw if for instance willingness to pay (6) is a function of default probability
and bank accept and reject some application based on default probabilities.

The distribution of random coefficient identified is he one conditional of being

accepted to the a menu S* that included the sub-menu S.

C.13 Estimation Procedures

C.13.1 Estimation of the marginal costs (Integrating Over approach)

The first approach consist of writing the probability of seeing a given choice of contract
contract as the probability of choosing it given the choice set, times the probability
of being offered the choice set, and estimate the parameters of interests maximizing
the likelihood. The functional form for the probability of being offered the choice set

can comes from a bank maximization problem or not (reduced form approach).
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Formally, the likelihood of the data is:

Pr(i choose ¢;|X,0,7) (C.43)
= Ycs,ecPr(i choose ¢j|X,v,0,CS;) - Pr(Choice set of fered to i is CS;| X, 0,7)

with observables X, borrowers preference # and banks preference v. The main tech-
nical difficulty of this approach is the curse of dimensionality coming from the set C
being large. One can reduce the dimensionality of C by excluding some combination

of contracts that are considered to have a zero probability of being offered.

Possible parameterization for: Pr(Choice set of fered to i is CS;|X,0,7)

As is Gaynor, Propper, and Seiler (2016), one can parametrize the second part
of equation (C.43) in a reduced form way. For instance, Gaynor, Propper, and Seiler
(2016) assumes that the choice k at bank j to borrower i is included in the choice set
if:

;1 = max; {11 ()} — A;

IL; ; being banks preferences for offering a particular contract. While this approach
helps reducing the dimensionality of the problem, it assumes banks preference for a
particular product depends on the the menu that is offers. In the screening context,

this is however the element we are interested about.

Alternatively, the second part of equation (C.43) comes from the following max-
imization problem: the choice set offered by bank j is the one that maximizes its

expected profits given its expectation about how other banks act:
argmazcs, ;yec; {Eci,—;[IL(CS; ; x CS; —j;0,7)] + €cs, ; }
€cs,,; 1s a menu cost shock.

Functional form assumptions: 1t CS;; is a discrete set, and ecg, ; iid gumbel

distributed, the probability of seeing the menu ¢ by bank j is:

Eci,—j[II(c x CS; _4;0,7)]
Yeec; Eci—j[I(z x CS; —j;0,7)]
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The probability of seeing the menu M € C assuming rational expectations (or that

bank offer the offer of other banks) is:

I1;(M;0,7)]
H{ Zzecjl_[j(x x M_j;6,7)] J

The maximum likelihood of the data of borrower i is thus:

exp(Ve, (9)) T IT,;(C'S50,7)] ] (C.44)

Se,ecs,exp(Ve, (0)) 5 Suee, (s, (@ x CS;_530,7)]

mazy Yeosec|

Since the supply side has a logit form, the identification of the parameter ~ is
subject to the same restrictions as the one from demand. This formulation is conve-
nient as we observe the price schedule for each bank so the only unobservables are

the bank preferences ~.

Curse of dimensionality: Since computing this choice set can be computationally
challenging, once can assume that the banks offers all LTV product between a mini-
mum and maximum threshold: the choice set CS thus consist of setting the maximum
and minimum (denoted for bank j LT'Vmax; and LT'Vmin;). The market share for

a particular LTV market segment and unobserved heterogeneity v is thus:

e LLINET) if LTV € CS;;
s;(LTV,v,CS;) = { b Xrrvmin, <p(V(ETV0,0)dLTV ’

0 Otherwise

with v being the unobserved willingness to pay. Let us denote p(C'S; —;) banks
probability of seeing this equilibrium. I denote C_;(C'S; ;) the set of potential menu
offered by other banks when banks j offer the menu CS; ;.

Profit on borrower of unobserved type v is:

Wj(v) = [BRrrv(v) — MCrry] - L(v)

Normalizing by 3, the parameter v to estimate is thus %

C.13.2 Solving for counter rates for the fixed cost estimation

I need to solve the counterfactual equilibrium condition in which the bank stay with
the old contract: The FoC for the interest rate of the LTV contract (R) can be

written (assuming that banks can see other banks offers):
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Eu{s(v, R, c){mp(v, R) + on(v, R)m (C.45)
_ Pg(v,¢) _— s(v, Rprv,c), _
Plo.) L;Vj (v, Rugv) == 0. B0 }=0 (C.46)

The equation (C.46) can be solved by discretizing the integral and using a fixed
point approach on with (X := m(R,v) and T(X) := [A(R)"'T(R)]X —A(R)"'®(R)).

7(R,7) = [A(R)T'T(R)]m(R,7) — A(R) "' ®(R)

T (R, ")

(R, ) is a row vector of size (J;-v). It is composed of .. , with (R, )
(R, )

being a row vector (of size Jr) composed of the profit of bank f on each market seg-

ment j (with j < Jy) individuals with unobserved type v.

A(R) is a diagonal squared matrix of size (J; - v) with w*" AY(R) in its diagonal.

w”L)

is a scalar representing the share of people of type v (discretised), AY(R) is a
squared diagonal matrix of size J; composed of the market share of the J; markets
(DiagS"). This diagonal matrix is multiplied by the derivative of utility matrix. It
is a diagonal matrix with elements V?(j) := dg(;)V (R(j),v) in its diagonal. We thus

have AY(R) = VVDiagS".

I'(R) is a block diagonal squared matrix of size (J¢ - v). Each block w” - I'"(R)
is the product of the market share vectors (®¥(j) := s(R(j),v)) multiplied by the
derivative of utility matrix V¥ defined above. So T'(R) = VV®" .

®(R) is a row vector of size (Jy-v). It is composed of the ® vectors defined
whd!
above
w' P
A(R)~'®(R) is thus a vector composed of m, it is constant if V/(R, v) linear.

Otherwise, we need:d(v,& Ok v.v,%yv)) < kd(X,Y). Using the taylor expension and

using the fact that 1/V’(R,v) is decreasing and concave in R: d(m, W) <
V//(y) ’
e (X —Y)).

In the case of V := exp(a — fR) we need |

exp(vX)
vezrp(a)

| <1 in the region we are

looking for.
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[A(R)~'T'(R)] is a block diagonal matrix with elements: (DiagS?)~t(VV)" 1V dvdY =
DiagSV~'®V®Y in its diagonal. Since it is composed of the market shares or the prod-

uct of market shares, it is strictly smaller than 1.

C.13.3 Menu Adjustment Costs: Dynamic approach

I want to estimate:

PT(djt(M, M)), with djt(M, M) = 1{Vjt(M)—SC(M,M))ZVjt(M)-FEMtj—GMU-}

and V (M1, (e;)) = mazpyem; l:Ij(M) —sey + BE[V (M, (€t+1))J +entj

’U(M,Mtfl)
With (en; — eyyy;) are iid and EVD T get:

- exp(u (M1, My))

Pr(dj (M, M)) = T Zm;éj\;[ exp(uy, (M1, m)) (C.A47)

with:

(M, My_y) := TI(M) — TI(M) — [sc(M, My_1) — sc(M, My_1)]
— Bllog(Pr(M|M)) — log(Pr(M|M))] (C.48)

v

Observable in data

The last term (log(Pr(M|M)) — log(Pr(M|M))) comes from using the EV as-
sumption and rewriting the value function as in Arcidiacono and Miller (2011) (cf.
Proof)

I parametrize:

se(M', M) = >20'X[Loenrcens + Meent,cenr] (C.49)
—_— —/
Inclusion FExclusion

Proof:
v(M, M) =II(M) — se(M, My_1) + B[log(z exp(v(m, M))) + cst]

=TI(M) — sc(M, M;_1) + Bllog(v(M, M)) — log(Pr(M|M)) + cst]
(C.50)
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and noting that, as in (Arcidiacono and Miller (2011)):

(M, My—1) := v(M, My_1) — (M, M;_1)
— II(M) — TI(M) — [se(M, M;_1) — sc(M, M;_1)]
- B[{og(PT(MIM)) - log(Pr(MlM)z] (C.51)

Observable in data

C.14 Perfect information Benchmark

Replacing the interest rate offered to borrower i for contract X; using the promised

utility constraint r; = % — u;, we get:
NPV;
Bi _
Mar{(x;) an il(1—di) (in—uz') —me;)] (C.52)
7

with the loan demand L being expressed as a function of the promised utility
Li = exp(—ai;)exp((8 — d%)Xi). The marginal cost of lending, denoted mc;, is a
continuous function of contract terms.

To provide intuition about the model’s behaviour, let us consider that X; is a
vector in R with ¢ being the number of contract characteristics. Using the first order
conditions with respect to characteristic z € X, the perfect information contract

feature should satisfy:

~ - _ od; ; _
LB — 6210 = ) (Bt = 1) = meid + (1= ) 2] = Ll S (Cxe - )+
Increas:lending rate i;zrcrease Increas:ardefault

(C.53)

Equation (C.53) illustrate that increasing product characteristic x (LTV, teaser
rate...) affects profits though an intensive and extensive margin channel. Indeed by
increasing a valuable characteristic x, the bank increases the amount borrowed by

i (Biz — aﬁ”) making (1 — djc)r — me. = [(1 — d;c) - (%XC — ;) — mc.] additional
proﬁts on each extra unit sold. When the characteristic x is valued positively by
borrowers (3;. > 0, increasing it also raises the surplus (and thus the rate) generated
by each unit lent by (1— dw) . Two right hand side terms model the cost of increasing
product characteristic x. Flrst it increases default probability —l, which decrease
(?mcl

the profits by Lw[ az’ ]. Second, it increases the marginal cost of lending by

The assumption about the promised utility level u affects the equilibrium contract

characteristics through the intensive margin channel ((3;, — /2 )1 = dic) - (%XC -

u;) —mcc]) and through the default channel (%(%Xc —u;)). Given our parameters

ome;

ox
—

increase marginal c
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estimates, the intensive margin channel so that decreasing the promised utility level
@ (i.e., decreasing competition) leads to an increase in the net benefits of increasing a
valuable characteristic such as LTV. The LTV level is thus minimized under perfect
competition. As a result, we report the perfect competition perfect information in
Table B.13 to provide a lower bound on the amount of product distortion relative to

the perfect information benchmark.

C.15 Empirical model

consume in period 1, default and loose the house in period 2

survival probability

0] or L
C+— (1-=-=L) —
mazc,y pC+ 5o (L5 L) 3
L
C+ (1—-l1ltv)— =Y
pC+( U)ltv !
gy%% represents the fact that you are more likely to default as you leverage This
implies:
)
a a bc
ltv PH(;Y%
Thus:

G _ L(] — Ity
p

The mortgage guarantee scheme, launched on 1 April 2021, involves the govern-
ment ‘guaranteeing’ 95% mortgages for buyers with 5% deposits.

The scheme was announced in the March 2021 Budget and is designed to encour-
age banks to start offering 95% mortgages again, after nearly every single one was
withdrawn during the pandemic.

Under the terms of the scheme, the government guarantees the portion of the
mortgage over 80% (so, with a 95% mortgage, the remaining 15%). This might sound
complicated, but in practice it just means the government will partially compensate
the lender if a homeowner defaults on (fails to pay) their mortgage.

The scheme is quite similar to the Help to Buy mortgage guarantee scheme, which
ran from 2013 to 2016 and was used by 105,000 buyers.

This scheme works for home with a value below 600,000 pounds.
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Chapter 2 Appendix

D.1 Micro foundation demand

At time t=0, a borrower living T periods, with income Y; and savings sg choose how
much to consume (C), how much to borrow (L) to buy a house of size H at price pH,
using a contract with a given X (X), interest rate rate (r) and maturity (M). Assuming

that the borrower looses its house upon default, the problem can be written:

U=maLrx Y, 0[Ci+H]+0" ) (H+ E[Y;|Ya =Y])
o<t<M M<t<T

st. Co+L(1—X)=Y + s
Cy+rL=Y;, te[l,M],if Y; #0
Cy=Y;, te[M+1,T]

L

H="

PRI
Co = 0 (positive consumption constraint)

0
L <~Y (LTI constraint)

. { Y with probability 6 <1 if V;_1 =Y
A

0 Otherwise

C,=0,H=0, te[l,M],if Y; =0.

Solution (when U*(X,r, M) > E[Y;|Yy =Y]):
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Y _
L*zlj;)orL*zny
prob keep house during loan
— prob keep house at maturity
1 1—oM - p N
U*(X,r,M) = cst + L*[——— 1-0M(T-M
(M) —est+ g (=) + (1-0"@=) ]
house utility
11— oM
- =X - ]
S

down payment .
lower future consumption

Using a first order approximation, we can get an indirect utility that is linear in
X.

D.2 Demand CES form

N := ZLZS SO N(Iz = %Na[]- - Na]7 g€ [O’OO)

This can be microfounded by using the functional form:

choice : maz{ueg_le} — maz{ln(u) + e e}
eln(u®) U

el N ug

Pr(choosing) :

As in Dixit-Stiglitz, when the number of firm is large, we can abstract from [1—N,]
in the derivative. In a symmetric equilibrium, %‘; equal to the share of type a versus
type b borrowers. Using &; := ¢[1 — %], n being the number of banks operating in

the market:

Uq = Sa (X:zkc)'Ya
€a

Ya := b
0,1, 190 5,]

o+ 1= 5,N. Gea=acn)

Up = SCL(X:C)’YI)

o b
= [z *%]
&+ 1+ (aza—agp)

withS;(X) := B;X — "7~ is the surplus generated by lending
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Pricing;:
Te
Ra = (1 - ﬁ)/a)aa + Vagi
a
r
Ry =(1—)ay + ’ngc
b
Distortion:
L: =X
g — o _ _
Li = el ~ ,] X :=6X

Mlow — ;1 + (a0 — ap)

Under perfect competition (¢ — o0):
Ly:=—7-X < X, since 0, =6

As competition decreases (¢ — 0):

Ly  —0-% Ol — -]
—0r—= = + b 0s0
5 ST e pry e L
Ly Ya Vb 1
O =0 =7) + Z(1=m) — 10
€ € b7y,
R a——

Want to extract more surplus from the high WTP borrower a but can deal better

with the friction by using an information rent.

D.2.1 Conditions for collateralized debt to be the optimal contract

Up to now, I assumed that the contract offered by the bank is a debt contract. This
can be micro founded by assuming that the wage realization is not costlessly ob-
servable as in Townsend (1979). For the optimal contract to be collateralized, an
additional assumption (assumption 2 bellow) is needed. This assumption is an adap-
tion to the mortgage market of the one used in Lacker (2001). It states that the bank
can use collateral and seize it upon default if this is more efficient than spending the
verification cost. For the collateral to be seized upon default only, the bank needs to

value it less than the borrower.

To summarize, the assumptions are:



178 Appendix D. Chapter 2 Appendix

ASSUMPTION 1: Ez post Private information. In this paper, I model this
assuming that banks cannot observe the second period cash flow (W) of the bor-
rower,! borrowers can thus lie about their income and hide it from the bank. The

bank can spend some amount to verify it.

ASSUMPTION 2: The house can be used as collateral (i.e. housing is observ-
able). Using collateral to deal with ex post private information is less costly than
verifying cash flows. The borrowers values the house more than the bank. This as-
sumption makes sure that in the optimal mortgage contract, the bank ask for cash
instead of housing when possible. In this paper, the reason for the borrower to prefer
the house more than the bank, is that borrowers value house more than its selling

price and that banks have a utility over cash rather than house.

At t=2, borrowers observe privately their income realization (W) and choose
whether to fill for default or not. Borrowers default when they cannot repay ( i.e.
dH +W — R < 0) or when its better for them to strategically default (i.e. H +u(W —
R) <u(K+W)oru(dH—-R+W) <u(K+W). Kis the amount that the bank give
back (or ask) after seizing the house and selling it. K has thus to be lower or equal to
0H — R so that all inequalities are satisfied. In our model, since borrower value more
cash upon default than banks (« > 1), the constraint is binding K = 6 H — R. Notice
that, the bank wants to prevent strategic default when the borrowers is in negative
equity (0H < R) it has to punish the the borrower by seizing more than the house (
i.,e. K = 0H — R can be negative).

D.3 Derivation Present Value of lending

Given a loan size L, a maturity T and a per period compound interest rate r, the per

period mortgage repayment C is given by the annuity formula:

Lr(l+r)T
C=—1—7"— D.1
(1+7r)7T -1 (D-1)
Similarly, we can express the bank cost of lending an amount L as a constant rate

(mc) and write it as an annuity to make it comparable to the interest rate (r):

_ Lme(1 +me)”

D= w1 (D.2)

1. or it is costly to do so
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The marginal cost includes, among others, the interest rate banks need to pay on
its deposits.
Using ¢ as the discount rate, the present value of lending the amount L, abstracting

from default, can thus be written:

I Z 55 rir+1)T ~ me(me + nr 4 b Z 5k R +1)T=F ~ me(me + nHT=r ]
r+1)T-=1  (mc+1)T W DT-F—-1  (me+1)T-F-1
(D.3)

R is the reset rate and b is the remaining balance at the end of the teaser rate period.
F is the fixed rate period, T is the maturity of the loan, « is the share of people not
refinancing and mc is the marginal cost of lending.

As in Crawford, Pavanini, and Schivardi (2018), assuming that banks consider the
average default instead of the probability of defaulting in each period, for a constant
discount rate (6 < 0), denoting d a dummy equal to 1 if borrower default, the present

value of lending up period F is:

F ., _SF
C.E[(1—d g 1ij)>1.E[(1—d)]-l 5 (D4

When T and F are large, % ~ 1 and 6% ~ 0, the net present value of

lending is thus:

1—¢"F

) 1—o6T-F
7F_
=5 0 L5t

[(1-d)]R 6" Jme}

(D.5)

Pme.{E[(l—d)]rlfé

With (6 = 1), the expression is instead:
PV ~L-[E[(1-d)]rF+~RE[(1—-d)|(T —F)—[F +~(T — F)]mc] (D.6)

We further assume as in Benetton (2018) that ¢,y = 0 so that it does not enter
inside the FoC of r. and set 7. to 0 (i.e. all borrower remortgage). We can thus also
abstract from the discount rate if § < 1 as it is constant across mortgages, we thus

get:
NPV :=L-[E[(1 —d)]r —mc] when § < 1 (D.7)

The above expression comes implies that banks do care about fixing the interest rate
except from its impact on the cost of lending (mc), default (d) or on demand (L). This

result comes from the assumption that 6% ~ 0. It may be problematic as for a given
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demand, interest rate, default and marginal cost, profits are likely to be increasing in
F as the loan generates annuities for a longer period.

In empirical applications, relaxing the assumption 67 ~ 0 would however require
an assumption about the discount rate used (for instance the bond of or deposit
rates) or the use of non standard approaches like the integrating over one (see Polo,
Taburet, and Vo 2022). We thus go with the first approach and assume that 6 = 1.
We get:

NPV :=L-[(1 —d)r —mc|F when § =1 (D.g)

Alternative approach:
Without using Crawford, Pavanini, and Schivardi (2018) assumption about de-
fault, the expression for the annuity would be would be, using d as the per period

default probability:

14+7rT 1—((1—ad)d)
1+rT—-11-((1-d)J)

C Y (1 —=d)d)" = Lr((1 - d)é) (D.9)
k=1

Using the same approximations as in Benetton (2018), (1(5;7)7}); ~ 1 and 0,y =0,

the expression for the NPV becomes:

B 1—((1-d))* 1—6F
NPV :=L-[(1—d)o —s5ds r—mcl_é]when5<1 (D.10)
1—(1-a)f
NPV, :=L-[(1 —d)Tr—mc-F] when 6 =1 (D.11)

When d is small and § equal to 1, the expression becomes the same as in Crawford,
Pavanini, and Schivardi (2018):

NPV o L-[(1—=d)r—mc]-F, whend =1 (D.12)

D.4 Lemmas

Lemma H1: At least one IC constraint is binding. Given the assump-
tion that the sets NPV; := {f : By > Tr;if }, NPV, = {f : Biy < n;jf} and
NPV, ={f:Biy = me—ff} = (J are the same for all borrower i, the first best contracts
are not incentive compatible except on the sets {(0,6,V) : r;(X*) = r;(X™*),V(i,4)},

X* defined in equation (?77). One incentive compatibility contraint at least is thus
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binding.

Proof Lemma 1: The two ICC can be written (8, — 8p) Lo = g — 1y = (8a—Bp) Lo
when L, = L; as in the FB, this implies that @, — @, = (8, — )’ X* which is the

case when 74 (X) = rp(X)

Lemma 1 bis: When both borrowers have a positive NPV, there is

always at least one contract with X = X.

Proof Lemma H1 bis: if it is not binding, then the other one is binding from

Lemma 1. If that is the case the FoC on Lg of the promised utility problem gives

that Lg = Lg = @%g In that case both constraints are binding. However, if
Lg = g%g < X the banks can do a Pareto improvement by setting Lp = X.

Lemma 2: When both IC constraints are binding, bank pool borrowers.

Proof Lemma H2: for a given w; the IC implies: (Bqc — Bbc)Lg = (Bac — Boe) LY,
this equation is satisfied for L2 = Lz. Since the surplus of the profit of the bank is
> Si(Li) — 1; and the maximum surplus is generated by L; = X then the profit is
maximized when L% = L? = X. This is the unique maximum under the conditions of

Lemma 1.

Lemma 3: Which characteristics X are used to screen. Bank use interest
rate and the characteristics (Ly)s to screen. In order to screen, the bank will favor

the non binding characteristics ¢ that have the lowest A value. \. is defined as:

Surplus Increases

mc
Ae = —Bbe O (D.13)
< (Bac - /Bbc) .
—_—

IR Increases

Proof Lemma H3: solve for the optimization problem using the lagrangian. As
long as the lower bound X on banks preferred characteristics for screening is low
enough, banks screen using only one product characteristics and rates. When this
condition is not satisfied, Banks use their preferred screening device until it reach the

bound, then it moves to the second preferred and so on.

Simplification: That o > op, (IC) is always binding and (ICg) can be

written as a (non-binding) monotonicity constraint Lp > Lg. When borrowers have
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the same outside option of not borrowing (i.e. Vg = V), the participation constraint
of borrower B (up = V) is redundant.

The mazimization problem defined in (2.10) can thus be written:

expected profit on each loan: 6 R—mc' X
A

Demand .
- mel;
maLip o Ramery D, M NP(W) - 1gsp Qi[fﬁ'Li—TZ—ui]
1€{G,B} %/_Z/

surplus: S;(L;)
(D.14)

s.t. (ICB) rup = ug + (BB - ﬂG’) Lg
-

>0

Proof: Lemmas appendix (D.4). Lemma H3 in the appendix (D.4) shows how to
select f. The maximization problem () derives from the problem (problemPU1). 1
use the fact that ICB is binding and write the problem in terms of promised utility

@ to make it similar to the monopoly case as in Stiglitz(1977).

I postpone the discussion of how screening works to section (2.4.1) and (2.4.2).

Here I discuss the role of the assumptions used in Lemma, 1.

Assumption (ii) allows banks to screen perfectly borrower’s type, assumptions
(i)-(ili) makes the problem similar to the textbfook model of screening in which at
least one participation constraint is binding. Assumptions (v)-(vi) and o > op
insure that the binding IC is the high default borrower. (v)-(vi) are made in order
to simplify the exposition. It makes sure that the borrower type that benefits from
pretending to be the other type is always the B type. Indeed, under high level of
competition, borrower B benefits from the lower price due to low default. Under
low level of competition, he benefits from the lower price due to the lower WTP and
higher price elasticity of the other borrower. This is done to simplify the analysis,
drivers behind the screening incentives do not depends on this assumption.

As shown in Lemma H3 in Appendix (D.4), banks screen using only one product
characteristics (L, € X) and rate to screen. I index this characteristic by f. As
explained in the section (2.4.2), this characteristic must satisfies (8 — fg) > 0. 1
provide in the appendix the conditions to determine which characteristic is used to
screen. This conditions depends on how good is the screening device (i.e. borrowers’
willingness to pay for the screening characteristics is very different) and costly it is
to distort the product characteristic used to screen (i.e. how much surplus is lost by

unit of characteristic distortion).
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D.5 Existence and Uniqueness

The maximization problem of bank b is:

MAT 4y ue Lo Loy VG (Ue) [0 (Bc F(La) — ug) — meLg] + Np(up)[0p(BpF (L) —up) — meLp]
(D.15)
st.up =ug + (B — Ba)La (D.16)
ug = up — (BB — Ba)LB (D.17)
where N;(u;) :=n; exp(au)i%’izgxp(guu). n; is the number of type i borrower in the
market. exp(au)i:’%’jizz)xp(guij) is the probability of attracting those borrowers given
what the competitors offer (u;;, jneb).
When assuming that F is piece wise linear and denoting A; = 5; — Tg—f the surplus
generated by the loan in that on L € [0, H] and the loan size positive, we use the the
additional constraint instead of (D.17)0 < ZE=5¢ <H=1L"
The Hessian of the maximization problem is:
(UNB( o M)93[<A —u)(1— 2%)‘7 — 2] oNg(1 - NG)A 5G9G53
oNG (1 — 89)Aq 0o 00N (1 = T2 [(AgLg — u)(1 = 28)0 — 0 Ag 515 (1 - 25)
(D.18)

Condition for concavity: The matrix is negative semi definite when sigma is

low enough? (for instance o < maz;{3; — 5°}), u positive and B — Bp large enough
L Na
(for instance, when A; < 1 give the condition: IRp- Ag - %—g 171’1,72 < 4, this holds for

the number of bank being large enough to satisfy 1+ (M — l)ex;((;io[u‘(’; —ug+ (BB —
Ba)H]) > ﬁ/(ﬁ—l) and IRp-Ag < 4. This bound is found by setting other bank
doing a symmetric equilibrium and differentiating completely the loan from theirs by
setting a maximum or a minimum information rent: u% — ug + (8 — Be)H],ug is
the utility other banks offer to G. need to show that ug is bounded). In that case,

the solution exist and is unique.

Let us abstract from ug = up — (8 — Ba) LB, and replace L using up = ug +
(B — Ba)Lg. The objective function is strictly concave when uB > (Bp— g5 )L =2,
L% is the perfect information loan size, and ug > (g — ) e ﬁa —7 — 2. For a given
competitor strategy, there is thus a unique solution on that satisfy the above utility

2. This assumption prevents lenders to end in a situation in which an equilibrium does not exist
as in RS
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constraints.

L% is such that: SpF’(L%) = mc. Let us set F piece-wise linear or set a bound
on Lp so that L% = H. Let us solve for the problem when ug > up — (85 — Bc)Lp

is not binding. The First order conditions yields:

auGNGwG)[eG(ﬁGF(%) —ug) — mcﬁ] — Ne(ua)[0c + mw%%> —me) L |
(D.19)
Oup N (up)[05(B5F(LY) — up) — meLy] + No(ua)[0a(BeF (oo—rl) — me) -———] = Np(up
Be — Ba Be — Ba
(D.20)

Using dividing (D.19) by 0y, Nc(ug)fc and (D.20) by 0y, Np(up)fp which are

always different than 0 when o # 0, and taking their difference we get:

Ne [1+IRg] — Ng | Ne [IR5]] (D.21)

Lo =6H+a
“ [auGNG 0uy N5 0up N5

Using the notation a := [B¢ — 3 + B — Ba] = [Bs — 451, 6 = [Bs — §,l/a
IRG := (BaF'(52=5%) — <) 5-25- and IRp := (<1 Rg.
Under the logit model, equation (D.21) simplifies to:

Up —uGq _ oq b Ng - Np

By —Ba oH + a[UG(1 ey (1+IRg) + Naon(l = gg)(IRB 7NG)] (D.22)
1

up = (L TR lue + 20—y (D.23)

Existence: If all banks play the same strategy, using expression (D.24) we get

the symmetric equilibrium candidate:

up —uQ 5 ngMp Manp

— ~ —6H +a 1+ IR IR —

BB — Ba [aG(1 — M%)( G)MGnBJB( — M%)( B naMp
(D.24)

M; is the number of banks operating in the market.

We can then check that 5E=5¢ < H (i.e. that u¢ > up—(Bp—Bg)Lp is satisfied).

Ba

This is true when both o parameters are large enough as (6 < 1). In that case, we

also have up > (fp — 2”—;)15] —2 and ug > (Bg — %)m For a given competitor

strategy, there is thus a unique solution. The symmetric equilibrium candidate is

thus indeed and equilibrium.
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Uniqueness: There may exist other equilibrium that are not symmetric. We
proof the uniqueness of the equilibrium comes from the following limit case (as in
Dixit and Stiglitz (1977)):

Under the assumption that the number of banks is large NV; ~ %’g”), M being
the number of banks, with P; = >} exp(ous;) taken a given by the bank (as in Dixit

and Stiglitz (1977)):

UB UG _ spr ol g 4 B crp(Colus ~uc))

85— Ba A

This expression has a unique solution for any given %. Thus, the equilibrium must

be symmetric in that case.

Condition for screening inefficient:

"G IR, .— ”GQG%>1 (D.25)
ng " npbg Bp — Ba .
Equilibrium L amount:

_ 1 ~ 1 QGTLG — 1 S IR = .
Lg=0H+ =6 =J0|H + — + < H for o high enough
0= G e M s = S e Y ol — ) Bh enotie

(D.26)
. BB=5y . s Ba—gg . .
with: § := ﬁﬁc is the strength of the AS problem. ¢ := 5_7&6; is the relative
B oc B 0p

profit measure.

_ _2 _1+.
Wheno’—m,l—R—l .

o Ap 1t _
54 —)] < H For g — B¢ large enough or Ap low enough (this imposes a conditic

Lg=01+—7"2
¢=0l+ g a5t

(D.27)

Given the condition for the function to be well behaved and screening to be
inefficient, there exist a zone where banks screen. We can thus analyse the interior
solution to understand the screening property trade-off. The level of inefficiency

should be low enough so that the bound on the degree of competition is low enough

so that banks to not have enough freedom to pool borrowers.

D.6 Participation constraint binding

When the low WTP participation constraint is binding®

3. it binds first
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0 > 6 and as long as 0 < L*(0) < L* (Screening)

B E* :L*

c<{ _
R=al*—u

c L¥(0) = 12027
BZ@*(U)—ONB

D.6.1 When the low and high WTP participation constraint is bind-

ing: Monopoly case

Under monopoly, we have® :

I:M — L*

0 When S satisfied with a strict inequality:
LM =< (0,L*) When S satisfied with an equality:

L* Otherwise

4. The reason why screening does not arise in the monopoly case is that L* <

maximum amount the borrower can pay in the next period

(D.28)

(D.29)

¥, W being the
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The rate are:

M 0 When S satisfied with a strict inequality:

RY = (D.30)

al, — O Otherwise

al* -0 When S satisfied with a strict inequality:
RM =2 G —0— (@ —a)L Otherwise

—_——
Information Rent
(D.31)

The bank does exclude market participant, When”:

S : N(a— )b > NO(a—)
— ~—

increase lending lowerCC increase lending increases profits

By excluding market participants, the bank is able to charge the high willingness
borrowers a higher price, but it losses the potential profits from lending to low WTP

borrowers.

Under the case in which S is satisfied, we have Pooling until when competition is

high enough so that L*(c) < L* (Pooling)

D.7 Poof propositions

mca

1
Proposition 4 dsLg = %ng - IRg———
BB — 9G2 0 + 0p
—_——

“perfect competition” ef fect “monopoly” competition ef fect

PROOF (ii): w; = S(L;) — 1 — IRG1,_¢ + IRpl,_p. For borrowers G, S(L¢)

increases when Lg increases. In the other market segment: dsup = —dsRp =
1 mcL95
Op+dB [0 5 o IRp ]
B+ 0B N——
~———" Information rent

fair price

5. The general condition when the outside option is no 0 is: N[0(a — a)L* + ONZ — ONB] >
N[0[a — ONP)L* —rL*]]
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E.1 Microfoundation Complexity

Denoting £(i) the function linking bank i to its inverse productivity realization &,
A(&(7)) the right capital requirements for bank i set by the regulator, A the menu of
capital requirements and A(i7) := {A e A : XA # A(£(4))} the subset of A representing
wrong capital requirements for bank i, A; the elements of A(i™).

The cost of complexity for bank i (f(A(£(7))) can be micro-founded by the fol-
lowing problem in which the bank minimizes the expected cost of making a capital
requirement mistake (Pr(R # A(£(2))|(t;);)¢) by hiring some labour L to increase the
attention ((¢;);) that can be allocated to reduce the probability of making a mistake

((Pr(R # AE@)IE);)) -

probability of a mistake cost of a mistake labor cost  fized cost

FONE®D)) == ming, 1y Pr(R# MED(E);) ¢+ wL + " fo

(E.1)

st. Y. 4 <T(L)
JELF#A

fe is a fixed cost that is independent of the complexity of the law. R is the
capital requirement reporting to the central bank. It is a random variable. The
probability of a wrong reporting Pr(R # A(£(7)|(t;);) is a decreasing function of time
spent understanding each regulation ((¢;);). For instance, with Pr(R # A({(i))) :=
et wni—) PR = Ajlt;)] + Pr(R ¢ A[X;c) 4 tj), the probability of reporting the
wrong capital requirement is a decreasing function of the time spend to understand the
law. By assuming a limited budget for bankers as in Oehmke and Zawadowski (2019),
the framework captures that complexity is inherently tied to bounded rationality
(Brunnermeier and Oehmke (2009)) and inattention (Gabaix (2019)). The total time
available T(L), is an increasing function of labour devoted to the task (L). This
captures the idea that more complex rules require more time or more specialized and

costly labour ¢ is the cost of an error in reporting, and w is the cost of labour. As the
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number of different capital requirements increases (#A increases), the more labour
one need to hire in order to maintain a given level of attention (¢;) to each rule j.
The cardinality of A naturally proxies the concept of complexity defined above as
there is a one-to-one mapping between the number of capital requirements regimes
(#A) and the time required to process the rule. Intuitively, this time understanding
the rules is an increasing function of the number of sub-cases, but also an increasing
function of how different the rules are. To capture this idea, I also consider the vari-
ance of capital requirements (Varg[A(£(7))]) to impact mistakes probability. Those
two measures are in line with the Natural Language Processing that uses measures

such as length and lexical diversity.

E.2 Model with period 1 complexity cost

he regulation is costly to implement for banks: it takes some time to understand,
creates operational risks or it creates a need for new investments. We model it by a

a cost (t(k) and £(k)) that has to be incurred in period 0 1 or 2.

1
maz g pocors0a (@ R) f R-X —d— C(X)dM(X)
ao

st.q(r)-z+  #k)  + qlr)-x-&  =qr)-(d+o)
~—— R
complexity cost  inverse productivity
c= Mr)x

c= f 1 C(X)dM(X)

The bank maximization problem in period 1 is:

Deposit Insurance Value
A

mazg, () [ BIX] = 104+ &]+ (1—p) [(1=A(e) + &) —r- X] —(r)]
Number of borrowers Economiz Surplus Loss give‘vrl Default

— (k) = t(k)
——
fized cost

< maxyy q(r)[Ar —C]

with A := EX — (1 — p)X is the benefits of lending, C :=1+& — (1 —p)(1 — A+ &)

represent the cost of lending.
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GR-X —d—C(X)dF(X) < N(R) - f

a

{R-X —ddF(X)—c< N(R)- J SR-X — (1= NzdF(X

a

N(R) - J

a

E.3 Simple model sol

So § = “4-% with ¢q = VS;\ZZFJXF

The average price is:

7= %[cd—ké]
[,
= G fo (a + bE)AG(©)

Assuming that £ follows a Pareto distribution: G(c¢) = (im)k on [0, ¢p,], we get

C

the entry condition:

This gives:

v o —
No -

V cqg—C

¢ is the average cost conditional on survival.

E.4 Solving the model

m = (o= (1= (1= p)i (B.2)
- %(Cd +o) (E.3)

-

7= C—; + ;Ld cdF(c) (E.5)
c=a+tbt (E.6)

1-(1=p)A-A) . 1-(1-p)(1-X)

with a 1= F=77 % b= Fx—(1—px)
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And the entry and exit decision:

Een(&) —t(e)|l¢ <€) =0 (E.7)
(&) =0 (E.8)

Using E.2, E.8, F.6 and E.4, we get:

_ 2ya—c¢q

N

vV cg—¢C

with: ¢g = [(1— (1 — p))#4y]2 + a+ b€ and ¢ = (a + b E[¢|¢ < €])

and:

1
[a=0-pean]? ¢

NI

t+t(1—(1-p))

(0= —p)td]
b2

. 5 + & —2)%dGe(x) = 4y

(E.9)

with & Pareto distributed (G(z) := (i)k) on [0,¢p], equation E.10 simplifies
(using an IPP) to:

N[

5‘* _ [2,7(]{; + 1)(](5 + 2)651(]5 + t(l ;2(1 _p)))]%” . [4(1 B (1b_ p))tq/]

2 o [(1—p)i]? —a—bE

N* = = = -
v [(1—p)tdy]* +b(§ — E[E[€ < €])
Generalization:
N — 21 o — Cil
V Ccqg—C

with: ¢g = [(1— (1 —p)t)4y]> + a + b€ and & = (a + b- E[£|¢ < €]) The exit equation
give the productivity threshold as a function of the number of banks and the average
cost ¢(N), cq(N,A). When N is high, the firm must more productive to operate, so
cqg(N, \) is decreasing in N and increasing in A\. This formula a functional form comes

from the linear demand assumption.
1 Cd(N)\)
po (ca(N,\) — ¢)?dGe(c) =t (E.10)
0

Using an IPP (assuming that G(0) = §G(0) = 0):

e = [ Gl = 120 (E11)

I(cq) := (§ G is the primitive of the primitive of G, it is an increasing function of cg.
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E.5 Sufficient Statistic

E.5.1 Borrowers

Quasi-linear utilities.

Vi i= maxc, my dy () + my + BEVig1] (E.12)

st cg +my + dy + ke = Wy (E13)

dy are deposits, k; are equity.
W, is composed of firms profits I} banks’ profits H? (Z), returns from deposits
dy—1ry and capital Cp_1(Xy)

E.5.2 Firms

Borrowers own firms, I denote ;1 borrowers SDF. Firms choose a loan contract
(¢, R). They use the amount q in the period t to produce Z; ;1 F(q) in period t + 1.
They repay banks R;yq in period t+1. Bank sets a contract so that the firm is
indifferent between accepting or not. This way, the value of q is unaffected by the

limited liability problem. Firms’ profit is:

EyIIf, 1] = Ey[Yi41Zi41F(q) — Risa|Risr < Ziga] (E.14)

When Firms do not have enough money to repay R, they give their whole pro-
duction Z;11F(q). This implies that there exists a random variable X with a cdf M
that models the share of the face value that is repaid.

To simplify, we assume the productivity level Z is either Z or 0 and Z > 7,1q.
There is a continuum of firms of mass N with different Z; that are iid and extreme
value distributed. The probability that a share of firm X default is given by the cdf
M.

The aggregate loan demand is thus:
g (Rev1) := Nt (Resa) (E.15)

E.5.3 Banks

In period t, they finance loans with deposits and capital:

qt = di + Ky (E.IG)
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They have capital requirements:

qt = Akt (E.17)

In period t+1, a fraction X of their loan is repaid; lenders thus get X R, and R is
the face value of their debt.

To get d and &, they need to promise in period 2 the amounts dyr and C(X).
Denoting z, the threshold at which lenders default (z := L]?l when the bank incurs
no other irrepressible cost than deposits) and assuming that there is deposit insurance,

we have:

1
dt = f ¢t+1dtTt+1dM(X) (Elg)
0

Rt = Jl thCHl(X)dM(X) (Elg)

Equation (E.18) implies r = (S(l) Yyi1dpdM (X)) ™! with, 94,1 being the SDF.
Deposit insurance implies that a deposit is cheaper than collateral. As a result,
the inequality in E.17 is binding.

Denoting the demand for loan ¢(R), lenders’ problem is:

1
MAT g R o(X),d,r,c(X) f Yip1[X R — C(X) — dyr]dM (X) (E.20)
st. (E.18), (E.19), (E.17) (E.21)
EI1f,,] = E[X][ZF(q) — R] = O (E.22)

This can be rewritten:

1
mafo Y1 XRAM (X)) — ( A+ (1= X)(1 — M(Z)))q (E.23)

BiII"] = Ey[r1 X][ZF (q) — R] > O (E.24)

The F.O.C yields':

1. The marginal impact on T cancels out
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B¢ 1X|X > Z]ZF (q) =1 — (1 — \)M (%) (E.25)
R=7F(q) + Et[wilX] (E.26)

E.5.4 Equilibrium

The equilibrium values of (R*, m*, ¢;11) are given by the following equations:
For R, given that ¢(R) is defined in eq. (E.15):

BE[X[X > 2] = (A= (1 = A1 - F(7)))q(R) (E.27)
For m:
ZF(q) = v (1) + m + q(R) (E.28)
for i1
Prp1 = Bu'(er) = B (E.29)
Thus r = 5

E.5.5 Welfare

This gives the Welfare function:

W e BB [u(u' (1))] — '~Y(1) + XZF(q) + 1X<x;q(1 SN -T)—g
—_——

deposit insurance friction

(E.30)

The government sets 7'(X) = %q(l — A), the optimal loan demand q would be:

1

1= G

) (E.31)

With the deposit insurance friction, the centralized demand would be:

1—(1=MNM(z)
BZE[X]

q= F’—l( ) (E.32)

. —._ dr _ (1-XN)rq
with z := ®= 0
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The actual decentralized demand is:

1 (1- M)
BZE[X|X > z](1 — M(z))

g=FY ) (E.33)

E.5.6 Sufficient Statistic

Welfare can thus be written:

1

W i=maz {B{E[u(u' 1 (1))] =« 1(1) + 1x2: X ZF(q) + 1X>iBQ(1 - —T-—gqg}
—_———
deposit insurance friction
(E.34)
+ Ey1x<: X ZF(q)] (E.35)

The impact of a policy C affecting capital requirements is thus:

Changes in lending

Prob that bank default Marginal productivity when bank default —_——
dW — d(1—\) J—— dq
— = Pr(X < —_— E|X|X ZF —
i xX<n) 0y [XIX < 2]ZF (q) 2
(E.36)

d(Pr(X < z)q(1 — \))
- - (E.37)

changes in deposit insurance cost

qd(zg’\) captures the fact that an increase in capital requirements qd(zg’\) increases

the bank cost of lending.
The E[X|X < Z|ZF' (q)g—g captures the fact that banks default a distortion in

the optimal amount of lending.
d(PT(Xfiﬂ’é)q(lf)\))

captures the decrease in taxes to fund the deposit insurance.

E.5.7 Extension: add entry and exit of banks

A firm of type & entry condition is:

Byl (€)] =0 (E.38)

The marginal entrant is such that:

Et[wt—&-lHtB-&—l(g)] =0 (E~39)
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Denoting m? the mass of banks, N the cdf and n® the pdf, the number of banks
in the market is:
nP(1 - NB(§)) (E.40)

Assuming that the fixed cost f and the productivity cost € 'q are paid at time
t, lenders offer differentiated products and compete for firms’ loans.” The welfare

function can be written:?

W immaz BB [u(u 1 (1))] — '} (1) — mE(1 = NB(@)f — m® L "N (o)

(E.41)

# L XZF@) +m? | s 5@ - NOWNT©) T —a) (B42)
) deposit insu;;nce friction ]

+ E[1x<: XZF(q)] (E.43)

The impact of a policy C affecting capital requirements now has the extra term:

net impact of C on bank entry

a [ €00 + ElLesaa@( - MO (849
= O B1x2 XRE) ~ a©NO) (5.45)

Using equation (E.39) to get the second line and denoting ‘fl—]g = mBnB(£).
The sufficient statistic is thus:
2. Formally, the probability that a firm comes to the lender is a function ®(E.[II{},]) yields the

same formula for q but a different one for R
3. The representative agent take N as given.
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Prob that bank default

AW 5 (* =T d(1 = A(E))
T PR e e (E.46)
Marginal productivijg when bank default Changes inwat@ lending
+ E[X|X < Z]|ZF'(q) % ] (EA47)
dN _ o
+ o B1x=a X R(E)] — a(©)A(E)} (E.48)
d(Pr(X Z\:f()zqu —A\) (E.49)

changes in deposit insurance cost
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